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ABSTRACT

This thesis investigates a satisfactory stabiliser to damp out low frequency

oscillations which occur in.power systems for different operating
conditions. A fixed gain power system stabiliser is inadequate to provide
acceptable damping characteristics as the operating point changes.
Adaptive stabilisers which are equipped by the identification process to

recognise these changes can then be used to overcome this problem.

In adaptive control, which is a digital control strategy, the parameters of
the discrete-time model of a continuous-time power plant are estimated
through continual sampling of the input and output signals. In this
regard, different methods for obtaining a discrete-time mathematical
model for adaptive control of a single-machine infinite-bus power system
are first presented. The usual approach has been to use the shift operator
q, or its equivalent z transform, but this gives numerical difficulties with
the small sampling periods which are now becoming usual with modern
control hardware. It is shown, by means of the example of the
identification of a generator excitation control system for both single-
machine infinite-bus and multimachine power systems, that these
problems can be avoided by the use of the delta operator instead.
Calculations show that the delta operator formulation also reflects the
frequency and dynamic response of the system more accurately and

conveniently.

The adaptive Pole Assignment controller, which has not been applied to

power systems as a stabiliser, is developed by fixing the poles of the
transfer function G4(s) = A3/AP_, which reflects the effect of the load
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disturbances (AP,) on the power angle (Ad). The development of the

control algorithm has been made using the delta operator rather than the
shift operator as this removes numerical problems at fast sampling rates.
The delta operator also gives transfer functions very similar to those of
the continuous system and, therefore allows simplification of the control
design by reducing the order of the numerator of the discrete-time
transfer function. Comparative results for the adaptive Pole Assignment
controller and a fixed parameter stabiliser show the improvement in
response obtained with the adaptive algorithm as the operaﬁng point

changes for a single-machine infinite bus power system.

In the Pole Assignment adaptive controller, the system response
somewhat varies although the settling time of the system is fixed since the
location of the zeros is not considered. Therefore, this technique is
modified such that the new adaptive power system stabiliser is able to
locate both the poles and the zeros. The control strategy is based on a
new type of model reference adaptive technique in which the transfer
function Gy(s) is modified to a standard form based on explicit system
identification. This avoids having to compare the actual plant output with
a model following the usual model reference adaptive approach.
Controller design is simplified by reducing the number of controller
parameters to be identified and controller performance is improved by
the use of the delta operator rather than the more usual shift operator for
discretization. The similarity between continuous-time and discrete-time
systems using the delta operator also allows the design of the adaptive
controller based on a continuous-time control strategy. Simulation
studies performed on a typical excitation control system model are
presented. Comparative results of the Model Reference Adaptive

controller, the Pole Shifting and the adaptive Pole-Assignment controllers
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and a fixed parameter stabiliser clearly show the benefits of the proposed
adaptive controller for stability enhancement of a single-machine infinite-
bus power system, especially where there are large changes in operating
point. This adaptive controller also provides better damping
characteristics than a fixed parameter stabiliser for a multimachine power

system.



Declaration

This is to certify that the work reported in this thesis was done
by the author, unless specified otherwise, and that no part of it

has been submitted in a thesis to any other university or similar

institution.

Amin Khodabakhshian



Acknowledgments

I am indebted to my supervisor, Associate Professor V.J. Gosbell, for
his constant guidance and encouragement during the preparation of this

thesis.
I would like to express my gratitude to:

The Ministry of Culture and Higher Education of Iran for their
sponsorship, Dr A.L. Shafei for his valuable help, Dr M.A. Magdy for
his guidance in the beginning of this work, and Pacific Power (NSW)

for supplying information on system parameters.

I would also like to express my gratitude to the members of staff of the
Department of Electrical and Computer Engineering, particularly

Professor Chris D. Cook, Ms Maree J. Fryer and Mr. Peter Costigan.

I thank my wife Fereshteh, for her patience, understanding and support

throughout the completion of this work.

Finally, I am greatly indebted to my parents, especially my father
whom I recently lost, brother and sisters for their support and

encouragement.



List of symbols and abbreviations

Power Systems

A(s) denominator of Gy(s)

aj...ay coefficients of denominator of G4(s)

B(s) numerator of G4(s)

bj...bs coefficients of numerator of G4(s)

C(s) numerator of G_(s)

C1.-.C3 coefficients of numerator of G.(s)

D damping factor of synchronous machine

Gy(s) transfer function relating Ad to AP4 (or AP )

G.(s) transfer function relating A6 to AV ¢

H generator constant of inertia

K4 damping factor of synchronous machine

Ke Exciter gain

K, PSS gain

K parameter representing a change in electrical torque
for a change in rotor angle with constant flux linkages
in the d-axis

K, parameter representing a change in electrical torque
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constant rotor angle

K3 parameter representing impedance factor

K4 parameter representing demagnetising effect of a
change in rotor angle



o vz R

o

-]

[ 2

Xd

Xd

Ad
APy
AP,
AVies

A

parameter representing a change in terminal voltage
with change in rotor angle for constant E'q

parameter representing a change in terminal voltage
with change in E'q for constant rotor angle

generator constant of inertia (= 2 H)
real power
reactive power

accelerating power

time variable

time constant of PSS

time constant of PSS

time constant of PSS

field open circuit time constant
terminal voltage

infinite bus voltage

equivalent system reactance

transient reactance, direct axis component
reactance, direct axis component
reactance, qﬁadrature axis component
change in rotor angle

change in tie-line power

change in mechanical power
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Chapter 1

INTRODUCTION

1.1 OVERVIEW

This thesis sets out to provide an adaptive controller able to damp out low
frequency oscillations which appear on an interconnected power system

over a wide range of operating points.

The Pole-Assignment adaptive controller is applied for the first time as a
power system stabiliser, with the modification of the use of the delta
operator rather than the shift operator to give improved performance at
high sampling rates. The performance is shown to be marginally
acceptable when the operating point changes because of shifts in the zeros.
A further modification is given by fixing both poles and zeros using a
new type of Model Reference Adaptive Controller and 1s shown to be
robust against large changes in operating point. The final controller is
tested for both single-machine infinite-bus and multimachine (Two-

machine) power systems.

In this chapter a review of different techniques including classical and
adaptive ones for damping out low frequency oscillations is given. A
brief description of discretization with major contributions of this work

is also presented.

1.2 A REVIEW OF LOW FREQUENCY OSCILLATIONS IN
POWER SYSTEMS

In an interconnected power system, individual or groups of generating
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plants are connected together via tie-lines. In order to maximise the
efficiency of the overall interconnected system, it is desirable that all
generating plants operate and transfer power through transmission and/or

tie-lines without limitation.

However, in practice, sudden changes in load may produce low frequency
oscillations which can severely limit the transfer of power within the
system. Once started, they can decay, or continue to grow such that they
cause two or more parts of power system to be disconnected. These
oscillations that are of concern to the dynamic stability of a power system
typically occur in the frequency range of approximately 0.2 to 2.5 Hz [1]
and are usually recognised as being of two distinct types "local plant
mode" and "inter-area mode". The local mode is associated with units at
a generating station swinging with respect to the rest of the power system.
Typically, this mode of oscillation occurs at the upper end of the
frequency range mentioned above. In an interconnected network, various
groups of synchronous generators are connected over tie-lines.
Oscillations of any one machine group against other groups are reflected
in the power flow over the tie-lines. This gives rise to the inter-area
mode of oscillation. Typically, these oscillations occupy the lower end of

the frequency range of interest [2].

At any given oscillation frequency, the major concern of dynamic
stability is to improve both synchronising and damping torques [3].
Although the automatic excitation regulator (AER) can provide a
significant improvement in the part of synchronising torques as its dc
gain increases, it will increase the magnitude of negative damping torque
causing instability especially for moderate to high system transfer
impedances, and heavy loadings. With more experience, power system

engineers are now convinced that in these circumstances, additional
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damping can be provided by a "fixed" parameter supplementary
excitation control, namely a power system stabiliser (PSS) [3-6]. In
essence, the aim of a power system stabiliser is to produce a component
of electrical torque in phase with speed variations. This causes an
increase in damping torque produced by the generator and this in turn
helps to damp out rotor oscillations. Therefore, a positive damping
signal, derived from either the speed or frequency or accelerating power
[1,7], with adequate gain and phase advance is injected at the summing

junction where AER is connected.

The 'fixed' type of PSS performs well for a medium range of operating
conditions. Where large changes in the parameters of the load and
network configuration occur, the conventional PSS becomes less effective
in providing the required damping signals [8]. One possible way to
overcome this problem is to use adaptive techniques [8]. These types of
controllers are equipped by the identification process to identify these
changes and this in turn helps to change the controller parameters for

increasing the damping.

Owing to the use of different methods for the design of fixed and
adaptive PSSs, a separate review of classical and adaptive techniques will

be given.
1.3 CLASSICAL TECHNIQUES

The dynamic stability study is undertaken to obtain the damping
requirements for a satisfactory system performance. It is used to identify
troublesome modes of oscillations, develops rules for determining which
generators in a system should be equipped with stabilisers, determines the
general characteristics of those stabilisers and decides on tentative

stabiliser and regulator parameter settings [9]. Since in the dynamic
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stability study the stability of a power system is subjected to a relatively
small and sudden disturbance like a small step change in load, the system
can be described by linear differential equations, and the system can be
stabilised by a linear and continuous supplementary controller.
Therefore, different methods of analysis based on linear control have

been used by various investigators.

The Routh-Hurwitz criterion tests stability by examining the sign of the
real part of the denominator polynomial of the closed-loop transfer
function. The system is unstable if any root has a positive real part. This
method has been used by investigators such as Gove [10] and Booth et al
[11]. Whilst it gives a simple means of determining asymptotic stability,
its main disadvantage is that it gives no indication of the degree of
stability of the system, since no information is available on how the poles
of the closed-loop transfer function move with variations in gain

constants.

A method which is capable of indicating how the stability of a system
relates to the variations in gain constants is the Root-Locus method. This
method is quick to implement and involves plotting the poles and zeros of
a transfer function on an Argand diagram. By varying the value of the
gain constants, the migratory paths of the poles and zeros are charted.
Poles tending towards the right-hand plane of the diagram lead to an
unstable system. This method has been employed successfully by
Bollinger et al [12] and Oradat et al [13] in evaluating parameter settings
for PSS design. Stapleton [14] used this method to investigate the effect
of voltage regulator parameter settings on the stability and dynamic
response of an excitation control system. One drawback with this method
is the presence of a large number of poles and zeros, which makes the

establishment of any rules difficult.
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The Nyquist criterion gives a test for the right-half plane poles of a
closed-loop system. Its advantage is that stability considerations can be
performed on a closed-loop system based on open-loop frequency
response data. Given a closed-loop system with forward path transfer
function G(s) and unity negative feedback, a necessary and sufficient
condition for asymptotic stability is that the map of the Nyquist contour
on the G(s)-plane, corresponding to a clockwise traverse, should make a
number of anticlockwise encirclements of the point (-1, 0) equal to the
number of poles possessed by G(s) in the right-half plane. The Nyquist
contour is a path in the s-plane consisting of a segment of the imaginary
axis, from -jR to jR, together with a semicircle of radius R in the right-
half plane to close the contour, where there are poles on the imaginary

axis, the contour is indented so as to avoid them [15].

This method has been used by Ewart et al [16] and Aldred et al [17] for
determining the stability of synchronous machines. It is capable of
assessing the degree of stability in the system and is useful for practical

compensation studies [18]. However, it involves extensive computation.

Heffron et al [19] used the analogue computation approach to determine
stability. This approach is based on the realisation of an electric circuit
using adders, multipliers and integrators or differentiators to represent
the dynamical system under investigation. This hardware set-up
essentially solves a differential equation which reflects the characteristics
of the dynamical system. The coefficients of the equation can be adjusted
for optimum output using potentiometers. With this approach, close to
real system performance can be observed. However, it is a lengthy

process.

A method which is well suited for the selection of the parameter values of

stabilising devices is the domain separation one, which was developed by
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Venikov [20]. The method rests on the establishment of the characteristic
equation of a system and its separation into real and imaginary parts,
explicitly in terms of the parameters under investigation as functions of
frequency and damping. Two parameters are studied at a time. These
are plotted as a function of frequency for particular values of damping in
a coordinate system with the two parameters as axes. It is then possible to
establish the optimum values for these parameters based on curves which
allow a separation of improved damping domain from a domain with
worse damping. Yu et al [21] and Surana et al [22] have applied this

method for selecting optimum values for regulator parameters.

Eigenvalue analysis is, so far, the most common method used for large
interconnected power systems and lends itself readily to digital computer
applications. Eigenvalues are roots of the characteristic polynomial of a
system and as such characterise its performance. They may be real
numbers or more often complex ones for dynamical systems. The real
part conveys information about the amount of damping, while the
imaginary part is related to the natural frequency of oscillation of the
corresponding mode [23]. Eigenvalues are functions of the design and
control parameters of the system so eigenvalue sensitivity analysis,
whereby eigenpatterns are mapped out in the s-domain for small changes
in parameter values, give a good indication of the degree of stability of
the system. Obata et al [24], Martins [25] and Ajjarapu [26] are among
many investigators who have used this approach in studies on power

system dynamic stability.

Both domain separation and eigenvalue analyses are suitable for off-line
stability analysis in system planning. However, it is very difficult to
apply them to on-line stability assessment in system operation because

they require too much computational time.
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The methods of analyses described above aim at establishing relative
stability measures for control purposes. Whilst classical methods rely on
phase and gain margins, modern control design aim at locating the
eigenvalues at well damped positions. A method which is able to locate
the poles of the system at desirable locations is pole placement [27]. In
this technique the unstable mechanical modes, from eigenvalue analysis of
the open-loop power system, are first identified. To find out what these
modes are and to which machines they belong, participation factor
analysis [28] is used for a matrix of the same open-loop system. This
helps to indicate which machine has a dominant effect on the unstable
modes and then the decision for installing PSSs in some sites can be made.
The PSSs are designed according to the desirable eigenvalues. The results
shown in [27] indicate that the unstable modes are well damped as
intended. To improve the damping of the poorly damped modes due to
the dynamic interaction between machines damping factors for individual
subsystems are varied. The results show an improvement in the damping

of such modes [27]. However, this needs an extensive effort and time.

Linear Optimal Control (LOC) was first applied by Yu et al [29,30] to
design a stabiliser for a hydroeletric power plant. The concept behind
this class of regulators is to minimise a linear performance index which
represents the system state variation. One of the main advantage of this
method in comparison with the conventional PSS designs is that both
damping and synchronising torques are being improved. Whereas, the
conventional PSS has been designed with a single input signal using phase
compensation and for a narrow band of oscillating frequencies, the LOC
synthesises the control input from many state variable signals that
themselves have different phases, has no need of compensation blocks,
and is good over a wide band of frequencies. The drawback of this

method is to find a suitable weighting factor Q which is very important in
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LOC design. It is very difficult to find a general rule for the choice of
all elements of the weighting matrix because most state variables are
different physical quantities, like speed, flux linkage, and so on. To solve
this problem Aldeen et al [30a] have tried to obtain a systematic method
based on the Moore's [30b]. In this method the controllable and
observable modes of the state vector in an ordered form are obtained by
calculating the balance transformation matrix. However, their proposed
method regarding the relationship between the state vector modes and the
weighting matrices is not clear and fails to give rigorous systematic
method. They also do not give a clear way how the first m states of the
balanced system are weighted according to their contribution. To obtain
the desirable characteristics a larger computational burden must be taken.

Among other users of this method has been Habibullah et al [31].

The parameters of a power system change with load and operating
conditions, and, therefore, its dynamic behaviour also changes. However,
the conventional stabiliser mentioned above is designed to work most
satisfactorily at a particular operating point, and its performance may
deteriorate as operating point changes [8,32-35]. Therefore, autotuning
stabilisers are required for effective control over a wide range of

operating conditions.

1.4 ADAPTIVE CONTROL

Adaptive control is a subject of control theory which deals with a system
that can modify its behaviour in response to changes in the dynamics of
the process and the disturbances. In recent years, power engineers have
considered employing adaptive control techniques for enhancing dynamic

stability measures [8]. Among these, two main adaptive control schemes,
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namely Model Reference Adaptive Control (MRAC) and Self Tuning
Control (STC), have been well developed in control engineering as
explained in Sections 1.4.1 and 1.4.2 and applied to power systems as
explained in Section 1.4.3 [32-36]. These techniques lead to different

ways of adjusting the controller parameters.

1.4.1 Model Reference Adaptive Control

Among the various types of adaptive control configurations, Model
Reference Adaptive Control is important since it leads to relatively easy-
to-implement systems with a high speed of adaptation which can be used

in a variety of situations.

In MRAC the desired performance is expressed in terms of a reference
model, which gives the desired response to a command signal. The
output of the controlled plant (y(t)) is continually compared to that of the
model (ym(t)). The error signal (e = ym(t) - y(t)) is used to adjust the

parameters of the regulator in such a way that the error becomes zero.

A block diagram of the MRAC method is shown in Figure 1.1 where the
system can be thought of as consisting of two loops: an inner loop

consisting of the plant and the regulator and an adaptive outer loop.

model ynl ?
adaptation <
l mechanism
u

regulator ——— plant ——

—1 »
’

Figure 1.1 Configuration of the usual Model Reference Adaptive Control
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The most important problem in such a control loop is to determine the

adjustment mechanism so that a stable system, which brings the error to

zero, is obtained.

The advantage of this loop-configuration is that, in the event of the
adaptive loop failing, the controller will still function at a sub-optimum

level. The original controller adjustment rule, called the 'MIT rule' [37]

is given by:
de de
a="Te5g (1-1)

where e is the error between the model output and the actual plant output.

de . o
The components of the vector g &€ the sensitivity derivatives of the

error with respect to the adjustable parameters 8. The parameter yis a

design parameter which determines the adaptation rate.

The MIT rule was motivated by the assumption that the parameters 6
change much slower than the other system variables. To make the square
of the error small, the parameters are changed in the direction of the

negative gradient of e2.

Equation (1-1) can be rewritten as:

o = — v ie(s)' 95(5) ds (1-2)

The MRAC method discussed above is called a direct method because the
adjustment rules tell directly how the regulator parameters should be

updated.
1.4.2 Self-Tuning Control

A different scheme is obtained if the process parameters are updated and
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the regulator parameters are obtained from the solution of a design

problem. A controller of this construction is called Self Tuning Control
(STC). It relates to a controller which automatically tunes the controller

to the desired performance according to the changing system conditions.

A block diagram of STC is shown in Figure 1.2. The adaptive regulator
may be regarded as consisting of two loops. The inner loop consists of
the process and an ordinary linear feedback regulator. The parameters of
the regulator are adjusted by the outer loop, which is composed of a

recursive parameter estimator and a design calculation.

process parameters

v

design
estimation

regulator

parameters
u°—> y

u
regulator process —>

—_—

Figure 1.2: General Self-Tuning Control structure

In Figure 1.2 where the parameters of the open-loop transfer function of
the process are estimated from sampled input/output data, an indirect
adaptive algorithm is obtained. The regulator parameters are not updated
directly, but rather indirectly via the estimation of the process model.
This type of STC is called explicit STC. It is possible to calculate the
parameters of the plant model so that it is expressed in terms of the
controller parameters. The controller design step is thus eliminated and
the controller parameters, rather than the plant model ones, are

estimated. This method is known as the implicit STC.
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The identification process in the STC scheme of Figure 1.2 is performed

for an open-loop system where the input signal could be chosen freely
with the exception that at least the condition of persistent excitation has to
be satisfied [38]. This condition is usually performed by superimposing a
pseudorandom noise on the input signal [32]. However, in the proposed
adaptive controller in this work as explained below it is not possible to
select the input signal of the open-loop system freely. Therefore, the
indirect STC scheme of Figure 1.2 is modified and shown in Figure 1.3
where AVyef, AP4, APy, and Ad show the voltage reference, the power

swing disturbances, the change in load and the power angle swings

respectively.
APy
N A

" o £ Gy —j

+ A 5
—
AV, *
i+
z G,
Controller

| Identifier [¢——-

Figure 1.3: The adaptive controller scheme

The aim in this work is to désign an adaptive controller such that the
poles and the zeros of the closed-loop system (G4=A06/AP,, ) are placed at
preselected locations by using explicit system identification. However,
the point A shown in Figure 1.3 corresponding to that summing junction
of the linearized model where the machine mechanical loop is connected
(see Figure 2.1 in Chapter 2) is not accessible. Therefore, the closed-

loop system has to be estimated rather than the open-loop system, which
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includes the generator model and the excitation system, directly. In this

scheme it is not necessary to add any additional noise to the system for

identification.

Indirect STC, based on least squares estimation, was first proposed by
Kalman in 1958 [39]. No analysis was given of the properties of the
closed loop system. A prototype special-purpose computer was built to
implement the controller, but the development was impeded by hardware
problems. A similar cohtroller, based on least-squares estimation and
Minimum Variance (MV) control, in which the uncertainties of the
estimates were considered, was published by Wieslander and Wittenmark
in 1971 [40]. Astrom and Wittenmark [41] made a direct STC using MV
for the control strategy and the RLS parameter estimation. The objective
of this regulator is to minimise the variance of the output, without putting
any constraints on the magnitude of the control signal. Similar Self-
Tuning Controllers were developed by Clarke and Gawthrope [42-43]
using Generalised Minimum Variance (GMV) control. This algorithm
gives a considerable amount of freedom for adjusting the parameters of
the controller but is more complicated than the MVSTC. Pole
Assignment STC was the next development of STC, and was given by
Wellstead et al [44]. In such STCs, the controller parameters are
determined through a Recursive Least Square estimation such that the
closed-loop poles are placed at desired locations. All these techniques
have been developed in control engineering and some of them have been
applied to power system. Now, a review is given of adaptive stabilisers

in which some of these techniques have been used.
1.4.3 Adaptive stabilisers in power system applications

An increase in the damping of the system response is desirable, not only
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because it reduces the fluctuations in the controlled variables and hence

improving the quality of the electricity supply, but mainly because this
damping is translated into an increase in the power transmission stability
limits. Higher stability limits bring significant economic savings as the

need for the expansion of the transmission system can be postponed.

Fixed gain controllers are widely used to improve the damping of power
systems. However, these fixed-parameter controllers have been designed
for a specific operating point and, therefore, they cannot, in general,
maintain the same quality of performance at other operating points. It is
for this reason that adaptive control has so much potential to improve

system performance.

Kanniah, et al [45-46] use an STC approach on the excitation control of a
single-machine infinite-bus (SMIB) model. Their self tuner is of the
implicit type using Minimum Variance technique resulting in simple
calculations to form the adaptive control output. However, STCs based
on MV control concept suffer some serious drawbacks. They cannot
handle non-minimum phase systems without excessive computations.
Their attractive feature of simplicity is based on identifying the power
system with minimum phase models, however, during the recursive
identification process non-minimum phase models may occur which will
result in excessive controls and possibly system instability [47]. They are
also sensitive to the initial values of the parameters of the identifying

model [35].

Xia and Heydt [48] develop an STC approach for a generator connected to
an infinite bus through a long transmission line. Their difference
equation model relates the present terminal voltage of the machine to past

sampled values of that voltage, to past excitation voltages, and to
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disturbance values. They augment the excitation control with Guassian

noise to aid in the Recursive Least Square (RLS) estimation process. The
identified parameters are used to form the control action as a function of
past control actions, current and past terminal voltages, as well as desired
terminal voltages, and a constant disturbance bias. Integral action is built
into the control to eliminate steady-state error. A weighting factor on the
control action is selected to enhance system stability. But their particular

strategy is limited to use on minimum-phase systems.

Generalised Minimum Variance Self-Tuning Regulator (GMV-STR) was
then used by Gu, et al [33] on a SMIB model to solve the difficulties
associated with non-minimum phase situations. However, GMV-STR has
a constrained control structure, in which the suitable values of two
auxiliary polynomials S and Q should be selected to ensure that the
closed-loop stability is achieved [33-35], and in this regard no direct
method is given how to choose these polynomials such that the instability
does not occur. Moreover, this method is more complex than MV
control and requires more computation. Reference [33] has not given the
superiority of this adaptive stabiliser to the fixed gain one as operating
point changes. In [49] Bollinger et al also apply the GMV-STR in a 9-
Machine system. A comparison of rotor damping from the proposed
adaptive controller and a conventional PSS is given in the paper. The
conventional PSS is designed using basic Root-Locus methods described
in [50-52]. The simulation results under different conditions show that
the system damping is improved when the adaptive PSS replaces the
conventional PSS. Norum et al [53] use the same GMV-STR given by

[33] to show the effectiveness of adaptive PSS in a real-time laboratory

test.
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Fan et al [54] use GMV-STR for a multimachine case. They apply this

controller on individual subsystems through excitation control. They use
a trial-and-error method for the selection of the order of the model to be
identified. Using extensive simulations shows that a fourth-order discrete
model is the best choice. The GMV control law is based on an one-step
optimisation method and the control action at each step attempts directly
to drive the system output to its steady-state point. However, this may
result in high control burden and system response overshoots in the
transient period [42,43]. In order to avoid this problem a dynamic
model, which generates an improved trajectory, is obtained for the open-
loop form of the identified model by shifting its open-loop poles by a
factor o towards the origin. The .simulation results show that the
proposed GMV-STR is superior to the conventional PSS. However, as
mentioned above the drawback of GMV technique is that there is no
direct method to find the suitable weighting polynomials Q and R and any

wrong selection of these polynomials causes instability [42,43].

An alternative self-tuning method which looks at the strategy of locating
closed-loop poles to desired locations is the Pole Assignment (PA)
control. Despite this attractive feature of PA controller, it has not been
used as an adaptive stabiliser in power system. This method is dismissed
~in [32] as requiring good insight in selecting the characteristic equation
such that a stable feedback controller is achieved. However, as shown

later in Chapter S, this is not a major problem [55].

Then, Ghosh et al [32] introduce a modified version of Pole Assignment,
called Pole Shifting for supplementary excitation control. In Pole
Shifting control, controller parameters are selected on the basis that

closed-loop poles are moved a short distance from identified open-loop
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poles in a stabilising direction (radially inward away from the unit

circle). The amount of Pole Shifting is controlled by one parameter
which can be adjusted to keep controller gains within a reasonable range.
The exciter system considered in [32] has an automatic voltage regulator
(AVR) with fixed parameters as a primary feedback control system.
Superimposed on this is a secondary adaptive loop. The adaptive
controller provides an auxiliary input to the AVR exciter loop, and a
pseudorandom noise is superimposed on this auxiliary input to aid in the
identification. The output of the difference equation model (and the input
to the adaptive controller) is taken to be electrical power (with DC
component removed). A third-order difference equation model is
identified based on the input and output that are sampled every 100 msec.
Simulation results on a SMIB model given in this work indicate that the
adaptive controller's performance-is superior to that of a fixed gain

stabiliser and the Linear Optimal Controller.

Chandra et al [36] modify a generalised self tuning controller with Pole
Assignment given in control engineering [56] to a self searching Pole
Shifting algorithm which is the same as the method explained above.
They point out that the most suitable sampling rate in this work , where
the shift operator is used, is 100 msec. The simulation results on a
multimachine case show a good improvement in dynamic response of the

power system in comparison with the conventional stabiliser.

Wu et al [57] describe a self tuning PID (proportional-integral-derivative)
power system stabiliser using Pole Shifting technique for a multimachine
case. Due to the communication difficulty between individual generators
decentralised self tuning stabilisers have been used. Each generator is

described by a second-order discrete transfer function and identified by
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RLS estimation using the shift operator. This transfer function, though

based on local signals, includes the effect of other machines in power
system. The PID PSS gain settings are adjusted according to the Pole
Shifting technique with the on-line measured generator speed deviation
A® as the input signal of the adaptive stabiliser. The Pole Shifting
factors are being held constant with different values for each generator.
The simulation results show that the self tuning PID stabiliser provides a

better dynamic response than the conventional stabiliser.

In the Pole Shifting algorithm, shifting the poles excessively towards the
centre of the z-plane increases the likelihood of the control signal
saturation and, as a result, this may cause a poor identification process,
and sometimes greatly affects the closed-loop performance [34]. To
avoid this problem Cheng et al [34] describe a self-searching variable
Pole Shifting algorithm. In this method the Pole Shifting factor o shifts
the closed-loop system poles as close as possible to the centre of the unit
circle without violating the control constraints. Since identifying a high
order system needs a high computational calculation they point out that
the identifying of the system by a lower order (third-order) model gives
good results for the proposed algorithm as used in [32]. The simulation
results on a SMIB model using the shift operator illustrate the good

steady state stability when is compared with a fixed stabiliser.

Cheng et al [58] also expand their method described above to a
multimachine power system. They use a decentralised model to design
the STR. Each generator is identified as a third-order discrete model
using the shift operator. The rotor speed o and the stabilising signals are
used for the identification process as the input and output signals

respectively. The analysis and results given in this. paper show that the
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problem of the stabiliser co-ordination synthesis in a multimachine case is

solved with the advantage of the improvement in dynamic performance of

the power system.

Chen et al [59] propose another Pole Shifting algorithm in which the
shifting factor o is calculated on-line based on an optimisation technique
given in [60]. This scheme simplifies the optimisation procedure and
reduces the optimisation time. In order to reduce the computation time
and enhance the real-time property of the stabiliser, a lower order
discrete model (third-order) using the shift operator and sampling time of
50 msec is used. It is shown that the measured and identified frequencies
obtained from the low order linear approximation are matched nicely and
consistently. The results for various conditions of a SMIB model show
that the proposed adaptive PSS provides better damping than fixed PSS

over a wide frequency range.

In [61,62] Pahalawatha expand the SISO Pole Shifting adaptive controller
algorithm to the MIMO controller. This extension combines and co-
ordinates the action of governor and excitation system. Here they take
the accelerating power and variation in terminal voltage as the input
signals to the controller. They use a 'self-searching’ variable Pole
Shifting algorithm [34,63], as explained above, to avoid having a poor
performance of the controller. The simulation and real-time
implementation results using the shift operator and a sampling time of
150 msec on a SMIB model show that the proposed adaptive controller

performance is better than a fixed PSS.

Pole Shifting techniques had been limited to Single-Input Single-Output
(SISO) systems or Multi-Input Multi-Output (MIMO) systems with equal
number of inputs and outputs. Ghandakly et al [64] then propose a
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Generalised Multivariable Pole Shifting (GMPS) technique which is

capable of handling MIMO systems with arbitrary numbers of inputs and
outputs. In this method the Pole Shifting factor is self adjusted on-line
such that the control constraints will not be violated. The algorithm using
the shift operator is applied to a SMIB power system excitation control.
Both shaft speed and accelerating power are employed as control inputs.
Simulation results show that the system performance obtained by this
method is superior to the conventional PSS and a MVSTR. The studies
presented also reveal the inherent instability of MVSTR when the system

identified model becomes non-minimum phase.

All STR techniques given in the literature, so far, do not guarantee that
the exact desirable response always follows as the operating point
changes. The reason for this is that there is no access to fix the location
of the zeros as well as the poles. A new adaptive controller using a novel
approach will be introduced in Chapter 6 which is able to provide a
specified response by considering the location of both the poles and the
zeros [65].

Among the other controller techniques the optimal control has been used
by [66-69]. In [66-68] Mao et al describe a real-time laboratory scaled
studies using an adaptive optimal excitation control (OEC) and an
adaptive power system stabiliser. Both the proposed OEC and PSS are
implemented on three Intel 8086 single board computers, one for
identification calculation, one for control calculation and one for man-
machine interface. The plant output is taken as the weighted sum of the
deviations of the voltage and active power signals. The test results on a
SMIB model using the shift operator show that the adaptive controllers

improve the damping of the power system in different operating
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conditions. In this controller the stability can always guarantee the

stability of the closed-loop system when the controlled system is
controllable and the output weighting matrix Q>=0 because of the
property of the linear optimal control. However, the system performance
in linear optimal control depends on the action of the output weighting
matrix Q [67] and, in this regard no direct method is given for the

selection of Q.

Lim [69] describes a new self tuning stabiliser based on the minimisation
of a modified version of a conventional quadratic performance index
[70]. This method is so designed that upon minimisation the resulting
optimal stabiliser possesses an additional derivative term which is not
found in the conventional one. A third-order discrete model of a SMIB
power system using the shift operator is used for the identification
process. The simulation results show that the proposed self tuning
stabiliser provides better damping characteristics than the conventional
self tuning stabiliser given in [48] and a fixed PSS. However, no direct

method is given how to select the positive weighting constant g, r, B,

Wu et al [71] introduce a new STR for a multimachine case. A third-
order model of each generator is identified. The controller strategy is
based.on minimising a performance index in which the weighting factors
(Q and R) are to be considered. The simulation results show the
superiority of the proposed STR to an AVR controller. However, they

do not compare this controller with a conventional PSS. There is also no

direct method to determine the weighting factors.

In [72] Ghandakly et al present a decentralised Model Reference Adaptive
Control, in which a combination of the decentralised and MRAC theories

is applied. The decentralised scheme provides means for coordinating the
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generating unit inputs from the excitation and governor control loops in

order to generate adequate damping torques. The reference model is
represented as a linear dynamic system satisfying certain model-following
conditions and also having realistic as well as achievable performance
objectives. Adaptive signals are derived for the exciter and governor
inputs to assure overall system stability as well as desired system
performance. The Liapunouv function method is used to synthesise the
feedback controller. The proposed method is applied to a SMIB power
system and the simulation results show that the system performance is

superior to the digital stabilisers proposed by the same author in [73].

In [32] it is explained that Model Reference Adaptive Controller MRAC)
is not easily applicable in power system because it is not easy to select a
suitable model based on the adaptive controller scheme shown in Figure
1.1. Moreover, in the case of unpredictable control disturbance, the
reference system will not respond immediately while the actual system
will [32,74]. This performance difference will be interpreted as a system
error, and the adaptation of system gains will occur. Irving et al [74]
explore MRAC for generator voltage regulation to maintain an
unconditionally stable adaptive loop using hyperstability theory [75]. In
this theory conditions on each component of a system guarantee the
unconditional stability of the whole system. They use what they call a
'series-parallel' model reference scheme to reduce the effects of sudden
unmeasurable disturbances. Then controllers are analysed in continuous-
time domain only, and thus require accurate high speed analog computers

to perform complex computations.

The problems regarding the usual approach of MRAC can be resolved by

using a new adaptive controller scheme as will be shown in Chapter 6. In
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this scheme by using an explicit system identification a compensator is so

designed that it forces the closed-loop system to be the same as the
reference model without requiring to calculate the error between the
plant and the model outputs. An easy method will be given to select the

reference model.

1.4.4 Fuzzy logic and artificial neural network stabilisers

There have recently been some interest among researchers to use fuzzy
logic and artificial neural network stabilisers rather than using adaptive
techniques. Although these methods propose a promise for a considerable
work to be carried out in power system, the details of such stabilisers are
not given here because they are beyond the scope of this thesis which is
mainly concentrated on adaptive stabilisers. However, it is apt to have a

brief review of the work done so far in this area.

Hsu et al [76] use an artificial neural network (ANN) for tuning the PSS
under different operating conditions. A multilayer feedforward neural
network is employed to adapt PSS parameters according to generator
loading conditions. The inputs to the neural network contain generator
real power output (P) and reactive power (Q) or power factor (PF)
which characterise generator loading conditions. The outputs of the
neural network are the desired PSS parameters. In the training process,
the desired PSS parameters for some typical loading conditions are
computed and stored. These input-output patterns constitute the training
set. The connection weights are then obtained by using the generalised
delta rule [77] with the input-output patterns in the training set as the
training data. Once trained, the neural network provides the PSS

parameters under any measured loading conditions. One of the important
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difficulties in this method is to choose the proper value for the

momentum constant and the learning rate. There is still no consensus as
to what value of these parameters should be used in the learning process
[77]. The simulation results on a SMIB model show the superior
performance of the ANN PSS to the fixed PSS. However, the authors do
not compare their results to another adaptive controller to show their

claim regarding the superiority of this method to adaptive techniques.

Zhang et al [78] describe an artificial neural network (ANN) based
adaptive power system stabiliser (APSS), in which the advantages of the
self-optimising Pole Shifting adaptive control strategy [60] is combined
with the quick response of the ANN. In this method a multi-layer
perception with error back—propagatioh training method is employed.
The ANN, trained by an adaptive PSS, has been applied to a single-
machine infinite-bus (SMIB) power system. During training, the ANN
learns to memorise and simulate the control strategy of APSS in order
that it gives, in practice, the same performance as the APSS. A third-
order discrete model of the generating unit using the shift operator with
time-varying coefficients is used for the study. The speed of generator ®
is used as the PSS input. For ANN, a fourth-order input signal is used
~ for the four inputs of ANN, i.e. ®(n), ®(n-1), ®(n-2), ®(n-3). Since the
main purpose' of the paper is to make the ANN based PSS function as
close to the APSS as possible, they consider a wide range for the
generator output (0.1 to 1.0 p.u), and the power factor ranging for 0.7
lead to 0.1 lag for training the ANN. Simulation results show that there
is not much difference between the performance of ANN PSS and APSS,
but with the advantage that the ANN PSS requires a shorter time to
produce the control signal for the system disturbance. However, as the

authors state, no theory exists on how many neurones are required in a
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specific problem. Researchers determine the number of neurones

according to their experience and extensive simulation studies.

Hiyama [79] proposes a rule-based fuzzy logic power system stabiliser
(FLPSS). The neural network is used to tune the FLPSS parameters
under wide range of operating points. The neural network is composed
of three layers, the input, the hidden, and the output ones. They input the
real and the reactive power, measured in real time, and the external
reactance of a SMIB model to the neural network to be able to set the
FLPSS parameters as operating point changes. The sampled signals are
obtained by using two digital reset filters in which the shift operator is
used. The back propagation method is used for a predetermined learning
set in the learning process of the neural network. The experimental
results show that FLPSS improves the system performance in comparison
with no controllers. However, there is no comparison with the

conventional PSS.

Hsu et al [80] apply a fuzzy PSS to a multimachine system. Two real-time
measurements Aw and Aw (acceleration) are used as the input signals.
These input signals are first described by some linguistic variables such as
LP (large positive), MP (medium positive), SP (small positive) and so on,
using fuzzy set notation to determine stabiliser output. A fuzzy relative
matrix is developed using membership to find the relationships between
stabiliser inputs and stabiliser output. Each generator is equipped with
the stabiliser. The simulation results show a better power system
performance than the conventional stabiliser. They claim this new PSS is
better than a STR PSS since the method does not require real-time model
identification. However, they do not compare their results with an

adaptive PSS. The results also show that the settling time of the system is
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comparatively large (about 10 sec), and in this regard the adaptive PSSs

provide a much better performance.

1.5 A BRIEF REVIEW OF DISCRETIZATION

In all adaptive techniques, both the control algorithm and the
identification scheme are based on a linear discrete-time model. Since a
power system is a continuous-time system, an equivalent discrete-time
model should be calculated. One common way of describing discrete-
time models is to use the shift operator (q). With this operator, which is
often expressed using the z-transform, the linear difference equations
with constant coefficients can be readily manipulated [81]. It allows
systems to be represented by a transfer function which is often a ratio of

polynomials in (q).

Despite its wide use in adaptive control, it is apparent that the transfer
function which is obtained using the shift operator is not at all like the
transfer function in the s-domain. To obtain a better correspondence
between continuous and discrete-time systems, a difference forward
operator (delta operator) has been suggested by Middleton et al [82-83].
This advantage allows the designer to ignore the sampling zeros arising
from the sampling process and, therefore, to simplify the control strategy
[55,65]. This important advantage will be used in Chapters 5 and 6 for

designing adaptive controllers.

When the poles and zeros of a stable continuous-time system are mapped
to the discrete-time model (shift model) they are located inside a unit
circle in the z-plane [81]. For the delta model, those poles and zeros are

'located inside a circle centred on -1/h of radius 1/h where h is the
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sampling time in seconds [83].

One cause of numerical difficulties in the shift operator representation of
discrete-time systems is the clustering of the poles and zeros around the
point (1, 0) in the z-domain at the short sampling periods usually
required to meet high performance controller specifications. A related
problem is that the shift operator transfer function loses consistency with
the continuous case for frequency response calculations. It will be
demonstrated that the delta operator is a simple way of resolving these
problems, giving more accurate and consistent results [84]. The other
advantage of using the delta operator is that at short sampling periods
there is a close resemblance between the continuous and discrete models
as well as improved numerical properties compared with the shift

operator.

The major advantages of the delta operator approach to discretization are

as follows:

~(a) It is possible to use short sampling periods without incurring
numerical difficulties such as a high sensitivity to round-off errors

in coefficient representation.

(b) The coefficients of the discrete-time transfer function of the power
system are closely similar to the corresponding ones in continuous-

time and it becomes easier to tune controller parameters for

improved dynamic performance.

(c) The frequency and transient response of the continuous system can

be accurately estimated from the discretized system.
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1.6 THESIS REVIEW AND ORGANISATION
The thesis is organised as follows;

The thesis first describes the power system model used in this study. The
concepts of discretization of continuous-time systems will be introduced
in Chapter 3. The numerical difficulties associated with the shift operator
when discretizing at small sampling periods are given. Two power
system transfer function examples are used to show the advantages of the
delta operator compared to the shift operator. Chapter 4 presents a
modified method of Recursive Least Square estimation in which the delta

operator is used for identifying the parameters of a power system [85].

Chapter 5 introduces a new adaptive Pole Assignment controller in which
the delta operator is used. In this algorithm, the controller parameters
are adjusted so that the poles of the closed-loop transfer function
G4(s)=Ad/AP,, which shows the effect of the load disturbances (APy;) on
the power angle (Ad), are placed at preselected locations ensuring that the
settling time is satisfactory for a wide range of operating points.
Simulation studies performed on a typical excitation control system
model, demonstrating clearly the benefits of the proposed adaptive

stabiliser, are presented. Results are compared with a fixed gain

stabiliser.

A new adaptive controller using the delta operator is proposed in Chapter
6 which is able to provide a specified syStem response for all operating
points. The control strategy is based on a new type of model reference
adaptive technique in which the transfer function Gy(s) is used as a
reference model. In this model reference adaptive technique there is no

need to calculate the error between the plant output and that of the model.
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The controller parameters are adjusted so that the poles and zeros are

placed at a preselected location using explicit system identification [65].
Comparative results will be given for the adaptive stabiliser based on the
two alternative control algorithms and for a fixed parameter stabiliser
and a Pole Shifting adaptive controller. The last chapter presents the

general conclusions.

1.7 ORIGINAL CONTRIBUTIONS OF THIS THESIS

The major contributions given in this work can be summarised as

follows:

1- A comparison of different techniques for obtaining a discrete-time
mathematical model for digital control design of a power system is given.
It is known that to meet the requirement for high performance of a
digital controller a short sampling time should be used. But this leads to
considerable numerical difficulties in the discretization of power system
transfer functions if the shift operator is used. The delta operator
suggested by Middleton et al in control engineering is then applied for the

first time to power system to avoid these problems.

2- The usual Recursive Least Square estimation is modified by using the
delta operator having the advantage that a short sampling time can be
used without incurring numerical difficulties. This modification and its

advantages have not been previously noted, even in control literature.

3- A new Pole Assignment adaptive controller using the delta operator
improves the dynamic behaviour of a single-machine infinite-bus power
system as operating point changes when compared with a conventional

stabiliser and the Pole Shifting controller.
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4- A new type of Model Reference Adaptive Controller is shown to be

able to provide specified damping characteristics over a wide range of

operating conditions for both single-machine infinite-bus and

multimachine power systems. The major advantages of this adaptive

controller in comparison with the other adaptive techniques are

summarised as follows;

ey

(i1)

(i)

(iv)

(vi)

It does not suffer from non-minimum-phase problem because of

the use of the delta operator.

It gives a better damping characteristics than the Pole Shifting
control which has been the best adaptive controller given so far in

the literature.

Unlike the usual approach of MRAC it is not necessary to calculate

“the error between the model and plant outputs. It uses the same

explicit identification as the Pole Assignment controller to place

both the poles and the zeros of the system at specified locations.

An easy method is given to obtain a reference model for a power

system.

It provides a flat gain characteristics over most of the frequency
range of concern confirming that a desirable damping can be

achieved for both local and inter-area modes [34].

Unlike GMV-STR and adaptive optimal control it does not have a

constrained control structure.
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Chapter 2
POWER SYSTEM MODELLING

2.1 INTRODUCTION

With progress in microprocessor technology, the development of
stabilisers based on adaptive control techniques becomes a feasible way to
track the changes in operating point of a power system [8]. In these
techniques, a model of the system to be controlled is continually identified
in real-time and the control is calculated using a selected strategy. In all
these proposals, the emphasis has been to maintain good damping

characteristics as the operating conditions change.

When the behaviour of a power system using adaptive control is to
accurately simulated, it is essential that a sufficient detail for
mathematical model be chosen. For adaptive feedback control design,
especially for identification part it is most desirable to choose a low order
open-loop model which must be suitable for representing the actual
system. However, after designing the feedback controller computer

simulations should be carried out when a high order model of the actual

open-loop system is used.

In this study where the effect of low frequency oscillations is of concern
there are a limited number of system components important such as the
synchronous generator, the excitation system and supplementary

controllers [4]. For each of them several basic models are recommended

by IEEE, and can be adapted for the studies of specific problems.
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In this chapter a suitable open-loop model for the design of the adaptive
controller is presented. It will be shown that this model sufficiently
represents the actual system. A suitable model is also given for
discretization purpose and is taken up further in Chapter 3 where the
effect of mathematical discrete operators such as the delta operator and

the shift operator introduced in Section 1.5 is discussed.

2.2 GENERAL SYSTEM MODEL

In general, a power plant connected to the rest of the power system is
described by nonlinear equations. Computer simulations using standard
numerical integration algorithms are used to obtain the dynamic
behaviour of such a system. In many cases, however, linearization of the
nonlinear equations is appropriate, and in such cases the valuable insights
into general behaviour over a variety of operating conditions can be

gained by the powerful techniques of linear system analysis.

The phenomena of the dynamic stability and damping of synchronous
machines for the mode of small perturbations around the operating point
can be studied by a linearized block diagram. This is shown in Figure 2.1
for a single-machine infinite-bus (SMIB) [4] where the blocks are.

Kel 1+TaS
1 +Tes 1+ Tps

(i)  Excitation system :

K
(i) field flux decay: T K:T.d -
0

1
(iii) machine mechanical dynamics loop: —r~ 2 g 48 +Kq

The AP4 shown in Figure 2.1 shows the electrical power swings reflected

in the flow of power in transmission and/or tie-lines [6].
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IS
—Ke}-
+ . ; AS
Field Machine
flux Dynamic L?"
- decay

Figure 2.1: Block diagram of transfer functions used for low frequency
oscillation studies without stabiliser for a SMIB model [4] -

Although the design of any supplementary controller on a one machine
system is logically the best place to begin an evaluation of the controller,
it would be more desirable if a more through investigation can be done
with a multimachine model. For a multimachine case the linearized block
diagram which is an extension of Figure 2.1 is shown in Figure 2.2 [4].
Because of the interaction among machines, the state variables become
multiplied, for instance, A3 becomes Adj, i=1,...,n. The branches and

loops also become multiplied; for instance, K1 becomes Kijj, i=1,...,n,

j=1,....n.

K5ii

Field Machine | | 4%
fl Dynamic >

decay

" [..

A8j

Figure 2.2: Basic model of a multimachine case for low frequency

oscillation studies without stabiliser [4]
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The blocks shown in Figure 2.2 are:

Kell 1+Tais
1 +Te;s 1+ This

(i) Excitation system :

. , Kaj
(ii)) field flux decay: I+ Kay
11

T'4oi 8

(iii) machine mechanical dynamics loop: M, s2 + Iidi

S + Klii

The Ade shown in Figure 2.2 represents the electrical power swings due

to dynamic interaction between the ith machine and the other machines
and reflected in the flow of power in transmission and/or tie-lines [6] and

is equivalent to
APdJ = 2 Klij ASJ + 2 K2ij AE'qj 2-1)

where AE'q; is the internal voltage of the stator of a third-order

generator (see Appendix I).

"During low-frequency oscillations, the current induced in a damper
winding is still negligibly small, hence the damper windings can be
completely ignored in system modelling” [4]. However, in the models
given in Figures 2.1 and 2.2 an approximate damping factor Kq= D/wp
has been considered. The effect of the governor is ignored because its
speed is not fast enough in comparison with the modern excitation system

during low frequency oscillations [3,4].

An IEEE excitation system model type AC4 with a high initial response
described in [86] and shown in Figure 2.3 has been used. In this model
which represents the modern exciters overall equivalent gain and the time
constant associated with the regulator and/or firing of the thyristors are

represented by Ke and Te respectively.
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K 1+s T |_Efd
¢l a
Tes T, 5Ty [ >
TGR

Figure 2.3: IEEE excitation system type AC4

For well-damped performance of the regulating loop, as shown in [3,87],
it is desirable to maintain the crossover frequency less than 1/(2Te) which
would mean that the steady-state gain Ke is limited to a value less than
T'4,/(2T,). However, this imposes a restriction on exciter performance
because the steady-state gain is directly related to the exciter regulation.
To have a desirable voltage regulation (say, less than 1%), the exciter
gain may be selected as a considerably higher value than Ty /(2 T,) [87].
Transient gain reduction (TGR) is then widely used in industry to resolve
this conflicts of objectives between a stable well-damped voltage-
regulating loop, and a low value of exciter regulation. TGR is usually

implemented as a lead-lag filter [(1 + Ta s) /1 + Tp s)].

By selecting 1 / T, as considerably lower than the crossover frequency
(e.g., Ta=1), as described in [3], the effects of concern during low

frequency oscillations are not significantly different if the assumption is
made that the regulator is represented by [Ke/(1+Tes)] rather than
[(Ke1/(1+Tes)) (1+Ta s)/(1+Tps)], where Ke=Kei (Ta/ Tb) is the transient
gain. Therefore, it is assumed that the equivalent gain of the excitation

system can be represented by a dc gain Ke and Ta=Tp=0.

2.3 A PARTICULAR MODEL FOR DESIGN OF THE ADAPTIVE
CONTROLLER

The problem under study is the stability of the torque angle loop, i.e., the
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behaviour of the rotor angle (Ad) (not to be confused with the delta
operator) and speed following a small disturbance such as a sudden
change in load, which can be represented equivalently by a sudden change
in mechanical power (AP.,) and power swing disturbances (APy) [3-6].
Dynamic stability can be investigated by considering the location of the

poles of the closed-loop transfer function including the stabiliser which
relates AP, to Ad:

Ad
Gy(s) = AP_ (2-2)

The fixed parameter stabiliser is usually designed either through
eigenvalue analysis for a particular dominant frequency usually associated
with the local mode [1,4,6,27,35,73] or using other methods such as pole
placement [27] and Linear Optimal Control [29]. Although it has been
shown by [88] that static var compensator (SVC) may improve system
stability, it must be kept in mind that the most inexpensive 'fixed'
parameter controller to damp low frequency oscillations is a well located
and tuned power system stabiliser [89]. The possibility of damping these
oscillations through static compensators should be only considered once
the PSS option has been exhausted [89]. However, if in a power system
the SVC has been included to control the voltage at a particular bus,
computer simulations should consider the effect of the SVC in system

stability performance.

The parameters of the power system change with operating point,
yielding a different transfer function for each change, while the stabiliser
parameter settings are optimum for only one of these operating points.
Therefore, it is desirable that the system is equipped by an adaptive
controller to identify the changes.
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These changes are not fast and significant changes would not be expected
over a time scale of a few minutes [90]. It would thus be feasible to
identify the operating point in terms of "K" parameters by examination of
- appropriate input and output waveforms such as Ad, AP, and AP [5].
The first signal can be obtained from a rotor encoder on the generator
shaft or measuring the speed (A®) and passing it through an integrator.
The second signal can be obtained by measuring accelerating power
(APp,= P, =P, - P.) [7]. The third signal for both single-machine
infinite-bus and multimachine power systems is included in the

measurement of electrical power reflected in the flow of power in
transmission and/or tie-lines and appears in AP,. These signals could be

used to allow the computer to identify the transfer function G4 and to

adjust the stabiliser parameter settings to match the changing operating
point. The widely used method of identification is Recursive Least

Squares (RLS) estimation described in many control texts [91-92].

In order to identify the parameters of the system a discrete model with a
suitable order must be selected. In practice, the higher the order of the
model is chosen, the closer the model approaches the real power system.
However, in real-time application it is neither practical nor necessary to
use a high order model to identify the system because (i) the least-square
identification technique automatically fits the model parameters to the
actual input-output characteristics [91-92], (ii) a high order model

involves a heavy calculation burden which is undesirable for the on-line

computer control [32,34,54,57,58].

As mentioned earlier the aim of this study is to design an adaptive
controller which is able to damp out low frequency oscillations over a

wide range of operating points. To simplify the analysis it is desirable to
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choose a low order model of the open-loop system in the first step of the
design. Obviously, this depends on the model to be considered being able
to reasonably represent the actual system. To decrease the order of the
model shown in Figures 2.1 and 2.2 it is assumed that the voltage control
system is very fast compared with the dynamics of the rest of the system.
Therefore, the block diagram representation of the excitation system can
be shown simply by its dc gain (i.e., K;) [2,5]. This is a reasonable
assumption as shown below because the time constant of the modern

exciters is very short (say, 0.01sec [34,49]).

Consider, for example the transfer function of the electrical loop (G(s))
between AU and AE'q of Figures 2.1 and 2.2 in the following cases;

(i) Excitation system : including Te

G _ Ke K3
(8) = "1+Te s) (1+K3 T'do 5) +Ke K3 Ko

(ii) Excitation system : neglecting Te

G(s) = Ke K3
(8)= T1+K3 T'ao s) +Ke K3 K¢

It should be noted that since the component of the torque produced by the
K4 branch (see Figure 2.1) is negligible [3] its effect has been ignored for

calculating the electrical loop.

The stabilisers are mainly designed to compensate the phase lag produced
by the electrical loop transfer function G(s). By using an illustrative
example taken from [3] where K3=0.36, K¢=0.417, Ke=25, and T'40=5

(see Appendix II) the transfer function G(s) for two cases is:

' 9
@) G =7(130.015) (1+1.8 5) +3.753
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oo 9
(i)  G()="117.85) +3.753

The Bode diagram of both transfer functions are shown in Figures 2.4
and 2.5. As can be seen from Figures 2.4 and 2.5 there is a negligible
difference between the phase characteristics of two cases in the frequency
range of 13-15 rad/sec and there is no difference between the magnitude
of two cases in the whole frequency range of concern. Consequently, for
the design of the adaptive controller given in Chapters 5 and 6 the

excitation system is considered simply as a dc gain.

20
_— Ke
=== Ke/(14sTc)
=
o
Qo
-20-—'—v-rrmq—|—-l-rrnu|—'—rv-rmJ|

4 1 10 100

Angular frequency (rad/sec)
Figure 2.4: Gain characteristics of transfer function G(s) for two

different cases

90
0 =
)
) Ke
o
A
0 ‘
[~
3]
=
[=7) -90 o
Ke/ (1+s Te)
-180
A 1 10 100

Angular frequency (rad/sec)

Figure 2.5: Phase characteristics of transfer function G(s) for two

different cases
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However, there should be distinction between the model to be used for the
design purpose and identification and the model to be used for

simulations. Computer simulations are carried out for the case where the

excitation system is [Ke/(1+Tes)].

24 DISCRETIZATION MODEL

When a digital control is to be applied in power system it is imperative
that the continuous-time syStem be discretized by using a suitable
mathematical operator such as the delta operator introduced in Section
1.5. The transfer function to be used for discretization will be the closed-
loop transfer function G4. As explained in Section 1.4.2 this transfer
function will be the basic model for the identification and the design of
the adaptive controller. As an example before using the proposed
adaptive controllers it is assumed that the power system is equipped by a
conventional stabiliser to improve the damping characteristics. This

situation is shown in Figure 2.6.

AVier Ke >
14T, s

Tw s 14T1 s Ao
5 1+4Tgs  14T2 S

Conventional PSS
Figure 2.6: Excitation control system with power system stabiliser

The aim in this section is to provide a simple example of a low order
transfer function for discretization purposes given in Chapter 3. This
model should represent the actual system sufficiently. In order to

simplify the analysis and reduce the order of the closed-loop system the
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PSS used by [5] and shown in Figure 2.7 has been considered rather than

using the conventional PSS applied to power utilities [4].

AVref

s Ao
5 14T, s

Simplified PSS

Figure 2.7: Excitation control system with simplified PSS

The question which may arise is that whether this simplified model is
close to the high order power system. An illustrative power system given
in [3] is now used to discuss this point. The high order model includes
the excitation system by [Ke/(1+Tes)] and the conventional PSS
represented in Figure 2.6. The low order model of the excitation control
system is a dc gain K¢ and simplified PSS shown in Figure 2.7. The

parameters of both models are given in Appendices II and III. Then
G (s) can be determined as:

(1) high order model:

Ga(s) = 12554 + 1893253 + 66699352 +1730372s + 166386
A7 66 4 15265 + 562454 + 12092753 + 77450652 +1896218s + 182730
(2-3)

(ii) low order model

_ 12552 + 2830s + 6601
Gy(s) = 4 1723.8953 + 59552 +2953s + 7226

(2-4)

The gain and phase characteristics and transient response to a 5% step

change in load for both models are shown in Figures 2.8, 2.9, and 2.10

respectively.
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Figure 2.8: Gain characteristics of high and low order models
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Figure 2.9: Phase characteristics of high and low order models

As can be seen from Figures 2.8 to 2.10 the characteristics of both
systems are close to each other confirming that the low order model can

be used as an example to show the robustness of the delta operator for

discretization.
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Figure 2.10: Transient response of high and low order models to a 5%

step change in load

2.5 CONCLUSIONS

Linearized models of single-machine infinite-bus and multimachine
power systems have been presented. The synchronous generator is
represented by a third-order model. For modern exciters it was shown
that considering the excitation system as a dc gain could sufficiently
represent the actual open-loop system. This reduces the order of the
model for the design of the adaptive controller and identification.
However, computer simulations will be carried out for the system where
the excitation system is fully represented. A simplified PSS was given
rather than the full PSS used in industry for discretization purposes. This
allows a reduction in the order of the closed-loop system transfer
function. A transfer function (Gg(s)) was introduced for dynamic

stability study. This will be the basic transfer function for further study

in this thesis.






Chapter 3

DISCRETIZATION OF POWER SYSTEM
TRANSFER FUNCTIONS

3.1 INTRODUCTION

There has been increasing interest in utilising digital techniques for
controlling power systems with the introduction of low cost digital
controller hardware. Digital control systems are highly reliable, self-
diagnostic, and can be readily reconfigured to implement advanced
control strategies. One such digital control strategy which has been
demonstrated to be suitable for enhanced performance of a power system
is adaptive control [32,36]. Adaptive techniques involve the identification
of the parameters of the discrete-time model of the plant through
continual sampling of the input and output signals, thus keeping track of
operating conditions. The calculation of the control action is made

during each sampling time based on the selected control strategy.

A power system is a continuous-time system. Nevertheless, where a
digital controller is to be applied, it is desirable to develop a discrete-time
model for analysis purposes. The forward shift operator q has been a
convenient tool to describe discrete-time models. This operator converts

linear difference equations into simple algebraic equations.

Despite its wide use, it will be shown that because of the clustering effect
there would be numerical difficulties in the shift operator representation

of discrete-time systems when short sampling times are involved. When
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the poles and zeros of a stable continuous-time system are mapped to the
shift model using short sampling times, they cluster around the point
(1,0) in the z-plane [82,84]. A problem regarding numerical difficulties
is that the shift operator transfer function loses consistency with the

continuous case for frequency response calculations.

The other alternative for calculating a discrete-time model is to use the
w-transform. This method was developed to allow continuous system
design techniques to be applied to discrete systems and is usually
calculated from the shift operator. It will be shown that since there is no
direct method for calculating w-model from a continuous-time system, it

would also have numerical difficulties as the shift operator does.

The delta operator [84] is a simple way of resolving these problems,
giving more accurate results. The advantage of this alternative
representation is that at short sampling periods there is a close
resemblance between the dynamic behaviour of the continuous and
discrete models. It also retains the similarity between continuous-time
and discrete-time systems that has been one of the advantage of using w-

transform.

The chapter is organised as follows: Section 3.2 reviews how to obtain the
discrete-time model of a continuous-time system. Section 3.3 gives the
relationship between the poles and zeros of the continuous-time system
and the discrete ones. The difficulties which arise when discretizing at
small sample periods are given in Section 3.4. Section 3.5 gives a
comparison between the delta and shift operators when applied to the
discretization of the power system transfer functions involving a typical

excitation control system with stabiliser.
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3.2 DISCRETIZATION OF CONTINUOUS-TIME SYSTEMS

Consider, for example, a digital control system as shown in Figure 3.1.
The plant is taken to be a generating unit under study, its excitation
system and the power system to which it is connected including other
generators and their controllers. The plant will typically have continuous
signals at its input and output. However, the controller input and output
are discrete signals because of the sampling nature of analog to digital

(A/D) converter at the input and the discrete nature of the digital output.

controller controller plant plant
Input output Input output
) u(k) u(t) t
reference signal digital oA — y(®)
»| controller converter plan
k
y(k) AD
converter

Figure 3.1: Digital control system

The common characteristics of these seemingly different types of systems
is that their dynamic behaviour may be analysed by applying discrete-
time mathematical concepts. In general, difference equations are the
mathematical language utilised in the description of discrete-time systems

[81].

In order to find the discrete-time equivalent of a continuous-time system,
the underlying continuous-time system equations have to be solved over
the sampling intervals [81]. The key problem is then to find the
relationship between the sampled output y(k) and the sampled input u(k)
as shown in Figure 3.1. For general nonlinear systems, there are various

numerical techniques to approximate the solution (for example, Euler
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approximation). However, in the case of linear systems, one can obtain
an exact description of the sampled response using linear state space
models [81].

3.2.1 Zero-order hold sampling of continuous-time system

Consider a continuous-time linear state space model of the form

dx

== A x(t) + B u(t)

dt 3-1)
y(t) = C x(t)

The zero order hold sampling model of the continuous-time system is

given by,

{ Xt 1)=8 (s 15 ti) X(t) + Kty q, ty) ulty)
(3-2)
y(t)=C x(ty)

where @ and i are matrix functions of A and B as shown in standard

control texts [81].

It should be noted that it is assumed that the input is generated by a zero-

order hold, that is

u(t) =u(k h) for kh<t<(k+1)h (3-3)

3.2.2 Discrete-time operator models

In order to manipulate linear difference equations such as (3-2), it is most
convenient to use operator calculus. Operator calculus gives a compact
description of systems and makes it easy to derive relationships among

system variables and the manipulation of difference equations is reduced
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to a purely algebraic operation. It would be then easy to show the
relationships between the input and output signals by a transfer function.
Three operators which have been used in discrete-time systems are as
follows [83,84,93].

1-Shif rator

The most commonly used operator calculus is the forward shift operator
q, defined by q x(k) = x(k+1) where k is the discrete-time index and x(.)
stands for any sampled signal. Using the shift operator calculus allows
Equation (3-2) to be written compactly as a simple form of

{ q x(t) = @ x(t) + 1 x(ty)

(3-4)
y(ty) = C x(ty)

2-w_operator

Sometimes discrete frequency design is carried out by using a bilinear
transformation, also called the w-transform. The essential idea of the
method is to transform the discrete model of the plant by substituting a

new variable w, using the bilinear mapping,

2 g-1
2l o9
where q is the conventional shift operator and h is the sampling interval
in seconds, and to perform the compensator design in the w-plane [93].
The interesting idea of using this method is that the stability boundary in
the w-plane is the imaginary axis, just as for the s-plane of continuous-

time system.

However, using Equation (3-5) for calculating the w-transform would

transfer numerical difficulties from the shift model to the w model.
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Therefore, the w-transform of the continuous-time system given in
Equation (3-1) should be calculated directly. For the w operator,
Equation (3-2) can be written as

{ wx(t) =0" x(y) + p" x(t)

3-6
y(tr) = C x(ty) (3-6)
where
. 9 -1 L2
@ =h . and M =H_dli_f (3-6 a)
) (q+1)

As can be seen from Equations (3-6 a) the shift operator q appears in the
denominator. This means that the matrices @" and pu" cannot be calculated
numerically from continuous-time system matrices. Therefore, w-
transform has to be calculated through either the shift operator or the

delta operator introduced further.

Despite the wide use of the shift operator in digital control, it is apparent
that there is no resemblance between the shift operator q and the
continuous-time operator d/dt. In order to obtain an operator calculus
which is more like a derivative, Middleton et al [83] has suggested a

-1
difference operator, namely, delta operator 3, defined by & = gh— where

q is the conventional shift operator and h is the sampling interval in
seconds. Using this operator, the linear discrete state space model of

(3-2) can be written as
8 x(ty) = B'x(ty) + Wx(ty)
(3-7)
y(tk) =C X(tk)
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where

@1
¢=¢—h,and u'=%

Note that the delta operator provides the same flexibility as the shift
operator does because the relationship between 6 and q is a simple linear
function. The choice of which operator is to be used is a function of
particular application. This concept will be discussed further in Section

3.5 for two power systems.

3.2.3 Selection of sampling rates

The selection of sampling rate is normally based on the bandwidth or,
equivalently, on the rise time of the closed-loop system [81]. It has been
suggested that the sampling rate be at least ten times the bandwidth of the
closed-loop system or there will be a loss of information related to

intersample behaviour [81,83]. Consider, for example, the step response

of a closed-loop transfer function (s +28)+ ?s 1y in which the bandwidth is

0.15 Hz. The output signal is

yO=15+05¢ " -2¢"

Figures 3.2 (a), (b) and (¢) show the sampled data version of this signal
with sampling rates of f, = 0.3, 0.6, 1.5 Hz. Note that reconstruction of

the signal is impossible with the 0.3 Hz sampling rate, a little difficult
with the 0.6 Hz sampling rate but can be approximately achieved by the
1.5 Hz sampling rate.

Consequently, in practice, sampling rates in excess of ten times the
controller bandwidth should be chosen. Middleton et al [83] have

suggested sampling rates to be between ten times and fifty times the
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closed-loop bandwidth for modern, fast, high precision digital control
systems. Very fast sampling rates above fifty times the desired closed-

loop bandwidth offer no advantages [83].

2.0
1.5J x n =
=,
1.0
4
>
0519
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0 2 4 6 8 10 12
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(a) fp =0.3 Hz
20
1.5+ = n ] x 4 ]
E X
1.0
<
>
0.5
0.0 p———v—7 v T3 T
0 2 4 6 8 10 12
time (sec)
(b) fo=0.6 Hz

Figure 3.2 : Sampled 0.15 Hz bandwidth signal
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Figure 3.2: Sampled 0.15 Hz bandwidth signal

Note that this conclusion may also be motivated by careful consideration

on the sampling theorem which states that if the Fourier transform of a
continuous-time signal f(t) is zero for all ® outside the interval (-wg,m),

that is

F(w)=0 for lol> o,

then f(t) can be uniquely determined from its sampled values {f(k h)} if

the sampling period is selected to satisfy

T T 1
h< @, = 2T, = 2, (3-8)
This theorem states that no loss of information is incurred through the
process of the sampling if a signal is sampled at a rate at least twice as fast
as the signal's highest frequency content (bandwidth). However, all

signals of practical interest will have Fourier transforms for which there
does not exist a finite value of w, so that F(w) = 0 for lol > o, [81]
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(there are still frequency components outside the bandwidth). If the
sampling theorem is then directly applied, this leads to h=0 (w,=c0)
which is clearly unrealistic. For this reason the theoretical lower limit on
the sampling rate of twice the bandwidth suggested by the sampling
theorem is not useful in control applications and should be extended to at

least ten times the bandwidth as in the preceding example [81].

3.2.3.1 Sampling time selection in power system

Despite the fact that the changes in load, or configuration is not very fast,
to obtain the best controller performance a short sampling time, as shown
above, should be chosen. Moreover, the modern exciter has a very short
time constant and any additional digital controller should be able to
respond to the sudden changes (like a 3-phase fault) as fast as possible
with the other controllers and this can be only achieved by using a short
sampling time. This will be more important when the use of a digital

exciter with a very fast response becomes popular in industry [94].

3.3 TRANSFER FUNCTION

One convenient feature of using operator calculus in discrete-time
systems was that the linear difference equations could be converted into
algebraic equations. This insight allows one to link the system input to

the system output with a quantity which is commonly known as the system

transfer function.

To provide motivation for the concept of the transfer function consider,
for example, the state-space model of (3-4). In order to obtain the input-

output relationship, the state vector must be eliminated. It follows from
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(3-4) that

(qI-9)x(t) =T u(y)
This gives
y(t) =Cx(t) =C(QqI-8)1T uy)
The system transfer function for the system (3-4) is then given by

B 1
1@#ﬁ%=um¢)u (3-9)

For the delta operator, the system transfer function can be written as

-1
H®) =gy = CG1-9) 1 (3-10)

The polynomials A-D shown in Equations (3-9) and (3-10) [83] are
degree of m for B and C and degree of n for A and D so that m < n.

As will be shown further in Section 3.5.2 since there is no advantage of
using w-operator in digital control systems compared with the other
operators, the system transfer function using w-transform is not given
here. Accordingly, the analysis given further will focus on only the shift

and delta operators.

3.3.1 Poles and zeros of continuous-time system

Consider the continuous-time system of (3-1). The transfer function of

(3-1) is given by

-1
H(s):l%f)2 ~C(I-A) B (3-11)

where E is a polynomial of degree m and F a polynomial of degree n.
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The poles of the transfer function are the n roots of the equation F(s)=0,
and the m zeros of the transfer function are the m roots of the equation

E(s) = 0. The poles of the system can be also obtained by evaluating the
eigenvalues of matrix A, which is denoted by Aj(A), i=1, ..., n.

3.3.2 Poles of sampled system

The zero-order-hold sampling of (3-1) gives the discrete-time system of
either (3-4) for the shift model or (3-7) for the delta model. Its poles are

the eigenvalues of @ (Aj (@), i=1,...,n) for the shift model and the

eigenvalues of @'\ (@), i=1, ..., n) for the delta model. Because ¢=eAh
' eAh -1

and @ = h , it follows from the properties of matrix functions [95]

that

Ai(A)h

Ai@) =¢e shift model (3-12)

eM(A)h 1
A @)= o delta model

Equation (3-12) gives the mapping from the continuous-time poles to the

discrete-time poles. In other words, a continuous-time system with poles,

at s = pj, i = 1, ..., n, when sampled with period h gives a discrete-time
. pih_
system with poles at q = ePi h for the shift model and & =Je_h__) for

the delta model.

3.3.3 Zeros of sampled system

It is not possible to give a simple formula for the mapping of the zeros.

Suppose the continuous-time system transfer function (3-11) has m zeros
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and r zeros at infinity, where r is the difference between the number of
the poles and the number of the zeros (i.e., r = n-m). The discrete-time

system, for short enough sampling time, then has zeros at

q; = el h shift model (3-13)
e’i h_ 1
di= o delta model

where s;'s are the zeros of the continuous-time system [96]. The r-1
sampled zeros that correspond to the zeros of infinity of the continuous-
time system will go to the zeros of the polynomial B as the sampling time
goes to zero [96]. The polynomial By is listed below for a few values of

Ir.

shift model delta model (3-14)
Bi(@ =1 B1(®d) =1
Ba(q) = q+1 B2(3)=0h+2
2 2.2
Bi(@Qd=q +4q+1 B3(6)=0 h +68h+6

For the shift model, the polynomial B has unstable zeros outside or on

the unit circle for r = 2. The unstable zeros are listed below

r unstable zeros
2 -1
3 -3.732 (3-15)

For the delta model, the zeros of the polynomial By go to infinity as h

tends towards zero.
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3.4 THE EFFECT OF SMALL SAMPLING PERIODS

When using small sampling periods, it was shown that unstable zeros
would appear as the sampling period decreased, even though all zeros of
the continuous-time system were stable. The sampling period also has a
considerable influence on the numerical sensitivity such that a short
sampling period requires a high precision in the coefficients [81]. This
aspect is related to the increased clustering of the poles and zeros around
the point (1, 0) in the z-plane with decreasing sample period as shown in
references [83,84]. These problems can be overcome by replacing the

shift model by one based on the delta operator.

One convenient feature of the delta operator is that the poles and zeros
approach those of the continuous system at short sample periods. This
has the advantage that there is an increasingly close consistency between
the coefficients of the continuous-time and discrete-time systems as the
sampling time reduces. It will be shown in Chapters 5 and 6 that this

advantage allows to simplify the design of the adaptive controller.

3.4.1 Clustering effect

The effect of small sampling times can be seen by taking the limit of h
approaching zero in Equation (3-12). The poles of the shift model
converge to the fixed point (1, 0) while those of the delta model converge

to the poles of the continuous-time system.

Consider, for example, a continuous-time system with transfer function

2
S+ 2s + 2

2
s (s+0.5) (s + 3s + 6.25)

G(s) = (3-16)
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Figures 3.3 (a), (b) for shift

In the case of the shift operator model, the sampling zeros slowly vary
with sampling time and move to the unstable region of the unit circle
(-1, 0), while the plant poles and zeros vary considerably and converge to

the point (1, 0) independently of the corresponding continuous-time

and delta models respectively.

system as h tends towards zero.

Inaginary
1 -
05| T
o X ,
SR R [— > X:}
—p-— < =t ¢ Real
-1.0 -05 05 <°X 1.0
X o [e) 7
x pole 05 x .................
0 ZeXO0 | e
_1 -
(a) Shift model
Imaginary
] 3
Ay 12
L e
' . .‘e' ................. : ;-_ xo ~ Real
-8 -6 -4 2 %7, 2
{87 41
x pole
o zero \ X e

(b) Delta model

Figure 3.3: Variation of sampled poles and zeros as sampling period

decreases
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The poles and zeros of the corresponding discrete-time models for

different sampling times h = 1.0, 0.3, 0.1, 0.03, 0.01 second are shown in
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Comparing Figures 3.3 (a) and 3.3 (b) shows the consistency of the delta
model poles and zeros which correspond one-for-one with the continuous
poles and zeros and converge to them as the sampling time decreases to
zero. There are additional zeros which arise from the sampling process

and these go to -0 as h tends towards zero.

3.4.2 Numerical difficulties

Numerical round-off in the coefficients of the transfer function gives an
error in the poles and zeros [81]. Consider a transfer function with

distinct poles p;j and characteristic polynomial:

-1
A(q) = (q-p,) - (@-p) = qn +a, qn +...+a

The sensitivity of the kth root of a polynomial with respect to changes in
the ith coefficient can be shown to be [81]:

n-1

Pk
Ap, = - Aa.
k I I(Pk = PJ) 1
j#k

(3-17)

where Aai and Apk are the change of the coefficient and the root

respectively. As shown earlier, when a short sampling time is used for
discretizing a transfer function, the poles and zeros of the shift model
closely approach the point (1, 0). In this situation the denominator of
Equation (3-17) is very small and even a very small change in a
coefficient gives a large error in the poles and zeros. This numerical
difficulty causes the frequency response and time response of the
corresponding digital algorithm to vary significantly from that which
would be given by an infinite precision implementation. As will be

illustrated further in Section 3.5, the delta model does not give this
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problem. The following analysis gives the value of the sampling period

at which this problem becomes significant.

Let vq(w) and vg(w) denote the measure of the numerical sensitivity

associated with frequency response evaluation for the shift and delta

models respectively as defined in Appendix IV [83]. The condition for

V() << vq(co) (3-18)
is shown in Appendix IV to be satisfied when

1
lq-11<5Iql (3-19)

where q is the pole of the shift model having the smallest magnitude.
This derivation assumes the system to be at least fourth-order as would be

normal with a power system transfer function.

It is possible to determine directly from the continuous-time poles if a

discretized system gives significant numerical difficulties. Let a stable
continuous-time system have its ith pole s; = -aj + jb; where aj is a

positive number It follows that the corresponding shift model has a pole
at q= ep 1 a1+]b h_ e h (cosbjh + jsinb;h) lying inside the unit

circle. By considering the largest dominant pole of the continuous-time

system the assumption in Equation (3-19) implies that
1% B(cosb;h + jsinbih) - 11
1 -ah .. 320
<5 le "17(cosb;h + jsinb;h)l (3-20)
A straightforward manipulation of Equation (3-20) gives

0.75¢ M 2P cosbih < -1 (3-21)
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If the sampling time has been selected from bandwidth considerations and
is sufficiently small that it satisfies Equation (3-21) then significant
numerical difficulties will occur and it is most desirable to use the delta
model. This will be illustrated next with examples concerning power

system steady state stability.

It will now be shown by two different power system examples that the
method of discretization has a considerable impact on the accuracy of

identifying the transfer function.

3.5 POWER SYSTEM TRANSFER FUNCTION EXAMPLES
3.5.1 Example 1

The use of the delta and shift operators in the discretization of a power
system is now illustrated using the illustrative power system given in [3,5]
and shown by Equation (2-4).

The system bandwidth is found from the 3 dB points to be w,;=10.3

rad/sec suggesting a sampling rate in the rangc.:21 (lx:,,l?fﬁfsﬁ ;Oxx3110 43

Hz, giving a suggested range for the sampling period of 0.013 < hs < 0.06
second. As explained in Section 3.2.3, the shorter sampling period of
0.013 second is more suitable because of better intersample behaviour and
will be used here. It is useful to recall that a sampling period of 0.0125
second has been used for the design of a digital PSS [97].

The results of zero order hold discretization have been calculated for
both shift and delta models and are shown in Equations (3-22) and (3-23).
The shift model has been evaluated by a commercial package CODAS II
[98] with the highest precision that the software allowed.
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3 2
0.010433 q - 0.0077555 q -0.010243 q + 0.0077259

G4(@="3 3 2 (3-22
q -3.6444 q + 5.0275 q -3.116 q + 0.73303 )

0.8 83+ 139'52+ 2524 & + 5627

G4®) =3 (3-23)
o +278 +5588 + 2679 0% + 6160

Table 1
. . dlscrete-time dlscrete-time
system (delta model) (sh1ft model)
zeros | -2.64,-19.99 i 077 %7
-2.8%j2.7 -28+j2.6 0.86 £j 0.23
poles
9.14+j19.84 -10.85+j 17.44 0.96 £j 0.02

The poles and zeros of three different systems have been shown in Table
I. The third zero of the delta model has been introduced by the sampling
process and can be considered as a zero in continuous-time system which
goes to -oo. The other poles and zeros are very close to the
corresponding ones for the continuous-time case, illustrating the
consistency between the continuous-time system and the delta model.
Considering the largest dominant pole of G4(s) (i.e., -9.14 + j 19.84) and
Equation (3-21), it can be seen that -1.126 < -1. It follows that the
controller transfer function in the form of the delta operator is preferable
to the shift model. It can also be seen that G4(q) is on the verge of being
non-minimum phase because one zero (-0.99, 0) is located close to the

point (-1, 0).

Calculations have been performed on the excitation control system
described earlier to compare the continuous frequency response Gy(jo)

with that of the discretized systems using the delta and shift operators.
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The trapezoidal approximation method has been used to calculate the
frequency response of the discrete-time systems. This involves
substituting (2+_]0)h)/(3-]0)h) for q in the shift operator form and
substituting ](0/(1- ) for & in the delta operator form. This method is

known to give good correspondence between the continuous-time and
discrete-time frequency responses at low frequencies [83]. Figures 3.4
(a) and (b) depict the gain characteristics of G4(s) when modelled by the
shift and delta operators respectively, with the continuous-time model

also shown for comparison.

Gain (db)
?_l

continuous-time
q=v— discrete-time(shift model)

A 1 i0 100

Angular frequency (rad/sec)

(a) Shift operator

Gain (db)

64 —*— continuous-time

1 —e— (discrete-time (delta model)

-8 P——r—rrrrTeY—— T T T TV T T vy
1 1 10 100

Angular frequency (rad/sec)
(b) Delta operator

Figure 3.4: Calculated frequency responses
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Referring to Figures 3.4 (a) and (b) it is clear that, at low frequencies,
the gain characteristics of the excitation control system, when modelled
by the shift operator, deviates from that of the continuous-time model.
On the other hand, almost identical characteristics are obtained for the
delta and continuous-time models over the whole frequency range of
interest, confirming the accuracy of the delta model when short sampling

periods are involved.

The sensitivity of G4(q) to numerical rounding off was investigated

further by evaluating the frequency response using lower decimal point
accuracy. Figures 3.5 (a) and (b) show the gain characteristics of G4(q)
for four and three decimal point accuracy respectively. The shift model
is seen to be extremely sensitive to round off errors for short sampling
periods with very large changes in the frequency response calculation for
changes in coefficients as small as 0.001 representing changes of less than
1%. However, the delta model gives consistent results irrespective of the

accuracy of the coefficients.

Gain (db)

continuous-time

1= discrete-time (shift model)

-8 T T T T T
A 1 10 100

Angular frequency (rad/sec)

(a) Four decimal point accuracy

Figure 3.5: Effect of round-off on shift model frequency response
(sampling time = 0.013 sec)
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10

o 104

2

5
20 =

)
-30 — continuous-time

= discrete-time (shift model)

40'F——T-TTWTH'-H—TWHTHH—-T-THTTH4

1 1 10 100

Angular frequency (rad/sec)

(b) Three decimal point accuracy

Figure 3.5: Effect of round-off on shift model frequency response
(sampling time = 0.013 sec)
Further calculations have been conducted to compare the step response of
the excitation control system when modelled using the shift and delta
operator based on Equations (3-22) and (3-23) respectively. The
transient response of both models to a unit step input with zero initial
condition is shown in Figure 3.6. The shift model loses its accuracy after
the initial part of the transient response and in the steady state because of

the limited accuracy of representing its coefficients.

15
shift model response

104 delta model response

l

05 steady state value = 6601/7226

0.0 T T ) ShSay BEEEE SEEmy EMEE SEER | L e |

0 1 2 3 4 5 6
time (sec)

Figure 3.6: The unit step responses for the two discrete models using
Equations (3-22) and (3-23)
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The above calculations show that implementing a discrete-time system by
the delta model has distinct advantages over the commonly adopted
approach of the shift model for short sampling periods as would often be
required to give adequate bandwidth.

3.5.2 Example II

An Australian power system example is used to show the advantages of
the delta operator in power system analysis. The w-model of continuous-
time system is calculated through both the shift and the delta operators

and the results are compared.

¥

Vo
(&) -
Wallerawang plant X g
(NSW, Australia)

Figure 3.7: A single-machine infinite-bus model

Consider a synchronous generator supplying power to an infinite bus

through a series transmission impedance with a shunt load admittance Y,
as shown by Figure 3.7. V, and V, represent the terminal and infinite

bus voltages respectively. The parameters of the power system model
shown in Figure 3.7 for the (i) 1993 medium load and (ii) 1993 high load
cases have been given in Appendix V.

The same transfer function given in Section 3.5.1 (G4(s)) and the block

diagram of Figure 2.1 are used here. By considering the 1993 high load
case and the parameters of the excitation control system as K, = 50,

K.=4.8 and T, = 0.05, G(s) is calculated as follows;
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9.52s2+ 216 s + 518

Gy(s) =7

3 ) (3-24)
S +23.8s +493 s + 2344 s+ 6110

Using the procedure given in Section 3.5.1 and the system bandwidth of
@y =12 rad/sec give a suggested range for the sampling period of

0.01<hg<0.05 second. As mentioned earlier the shorter one is used for

discretization.

The results of zero order hold discretization are shown in Equations
(3-25) and (3-26).

0.00047392q°- 0.00037564q°> - 0.00047112 q + 0.00037746

Gd(Q)- 4 3 2 (3-25)
q -3.7511 q” + 5.3005 q”- 3.3455 q + 0.79612

0.047 83+ 10.5 82+ 199 6 + 461
Gy4(®) =73 (3-26)

o + 25 83+ 471 82+ 2197 & + 5441

The w-models which have been calculated using the shift operator and the
delta operator are shown in Equations (3-27) and (3-28) respectively.

26.125¢-16 w4.25¢-10 w-+7.5401e-84 w+1.9012¢-6 w + 4.62¢-6

Gg(w)= ] 3 3
8.8707625¢-9 w™ + 3.0334e-7 w" + 4.393e-6 w =+0.0000216 w+0.00002

(3-27)

2
3.3e-6w4- 0.05 w3 + 856w + 214w+ 520
Gd(W)= 4 3 2 (3-28)
w +23.1w +495w + 2356 w + 6139

Calculation of frequency responses have been performed using the

.. I joh
frequency domain approximation [83]. This myoll]ves substituting ?
jon_
for q in the shift operator form, substituting E ,  for d in the delta
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Lo 2 h
operator form and substituting j L8 (%—) [81,93] for w in the w

operator form. Figure 3.8 (a) and (b) depict the gain characteristics of
G 4(s) (case iv) when modelled by the shift and delta operators

respectively, with the continuous-time model also shown for comparison.
Figures 3.9 (a) and (b) also show the gain characteristics of G4(s) when

modelled by the w operator using Equations (3-27) and (3-28)

respectively.
-10
§‘~.\.
\C
A Y
—_ =20 = \\
)
N
c
‘s
O 404
1 ™ continuous-time model
------ shift model
.40 i L] v e | A
A 1 10 100
Angular frequency (rad/sec)
(a) shift model
-10
-20 -
)
N
g
<
O 3
] continuous-time model
"""" delta model
.40 -

1 10 100

Angular frequency (rad/sec)
(b) delta model
Figure 3.8: Calculated frequency response

(sampling time =0.01 sec)
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(a) w-model has been calculated by using the shift operator

-10

=20 =

=
N2
=
‘s
G
continuous-time model
------ W - model
-0 - T
A 1 10 100
Angular frequency (rad/sec)

(b) w-model has been calculated by using the delta operator

Figure 3.9: Calculated frequency response

(sampling time =0.01 sec)

Referring to Figures 3.8 (a) and (b), it can be seen that the same results
have been obtained as mentioned in Section 3.5.1. The shift model loses
its accuracy when short enough sampling time is used. However, the
results confirm the accuracy of the delta operator when used in power

system. Figures 3.9 (a) and (b) also show that the w-model gives accurate
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results only when it is calculated through the delta operator. Using the
delta operator gives not only the accurate results but also a close
resemblance between continuous-time and discrete-time system
coefficients. Therefore, the w operator has no distinct advantages over

the delta operator and it is not necessary to be calculated.

3.6 CONCLUSIONS

High performance will be achieved from modern digital controllers if
shorter sampling periods can be used, but this leads to difficulties in the
discretization of transfer functions. A comparison has been given of the
use of the shift, delta, and w operator methods for the discretization of
two power system transfer functions at typical short sample periods. The
shift model representation has been shown to be very sensitive to
numerical round-off. This has several unfortunate consequences such as
incorrect steady state and frequency responses. It has been shown that the
delta operator model does not have these problems with the added
convenience that its transfer function bears a close correspondence to the
continuous-time system. The w operator had no distinct advantages
rather than the delta operator because it had to be calculated through the

delta operator to avoid the numerical difficulties.



CHAPTER 4



Chapter 4
SYSTEM IDENTIFICATION

4.1 INTRODUCTION

Adaptive control techniques such as self-tuning control involve the
identification of the parameters of the plant model through continual
sampling of the input and output signals. The process of constructing
models and estimating unknown plant parameters from the experimental

data is called system identification [81].

System identification comprises both model structure and parameter
identification. Since the model structure of a power system is usually
known as shown in Section 2.2, it is only necessary to perform parameter
identification. There are various algorithms which can be used for this
purpose. These can be implemented on-line or off-line. The off-line
algorithms require the accumulated data which are processed several
times. This makes the off-line algorithms more accurate than on-line
ones but more computationally burdensome. On-line algorithms are
necessary in adaptive schemes because the data must be processed in real

time.

Recursive Least Squares (RLS) estimation is the most commonly method
used in adaptive control. With this method, the computation is relatively

simple and parameter convergence is fast [91].

In adaptive control both the control algorithm and the identification

scheme are based on a linear discrete-time model. The usual approach
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for discretizing is using the shift operator. However, it will be shown
that because of numerical difficulties arising from clustering effect when
a short sampling time is used, the identified model loses consistency with
the continuous case for frequency response calculation. The delta model

is shown to give a model which is accurate over the frequency range [85].

This chapter is organised as follows: Section 4.2 describes the concept of
the predictive model. Recursive Least Squares estimation is described in
Section 4.3 followed by introducing a new technique for identification of
power system parameters in Section 4.4. Section 4.5 gives a comparison
between the shift and delta operators in which the parameters of a
generator excitation control system for both SMIB and multimachine

power systems are estimated. Conclusions will be given in Section 4.6.

4.2 PREDICTIVE MODEL

One of the important aspects of an adaptive scheme is to choose a
predictive model which is properly structured in order to represent the
actual dynamic behaviour of the system [99]. Following the development
in [92], consider, for example, a dynamical system with the input signal
u(t) and the output signal y(t). The Laplace domain transfer function
which relates the input signal to the output signal may have the form of

Bys™+Bys™ '+ . +B,  Y(s)
s+ ATl AT L +A, T UG

G(S) = m<n (4-1)

The discrete-time transfer function of Equation (4-1) is of the form:

Coq“'l + Clq“‘2 +..+Ci1  Y(
G(q) = qQ° + qun-l + D2qn'2 +..+D, ~ U@

4-2)
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The forward shift operator q can be replaced by the backward shift
operator, q-1. The latter is defined such that

q! x(k) = x(k-1)
where Kk is the discrete-time index and x(.) stands for any discrete signal.

Equation (4-2) may be rearranged to give

-1 ) -
1 Co+Cal+Cqt+.+C g™ W @3)
1+D,q' +Dyq*+..4D,q "

y(k) = q

In compact form

-1
y09 =4 HD u) (@-4)

where
CqhH=Cy+Cql+Cq2+..+C, g

D(@H=1+D,q!+D,q?%+..+D,q"

If there is any time delay associated with the system, which is represented

in Laplace domain as ™, then the above model modifies to the following

form

-1
y0) =g p w0 @-5)

where L=m+1 and m = the integer part of % Note that the zero order

hold of e *® can be obtained using the transformation q = esh [81].
Equation (4-5) is the general discrete-time transfer function

representation of a continuous-time transfer function.
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The predictive model of (4-5) for the case, where Gaussian noise (v(k)) is

included, is given by

y(k)= -D; y(k-1) - D, y(k-2) - ... + Couk-L) + C, u(k-L-1) + ...
+ C,_; u(k-L-n) + v(k) (4-6)

Consider, for example, the parameter vector of

0 =(D,..D,C,..C,,) 4-7)
and the observed vector of input-output data of

¢T(k) = (-y(k-1) ... -y(k-n) u(k-L) ... u(k-L-n)) (4-8)
Then, in compact form, Equation (4-6) can be written as

y(k) = 8 ¢(k) + (k) (4-9)

Equation (4-9) is the estimation model and describes the observed
variable y(k) as an unknown linear combination of the components of the

observed vector ¢(k) plus noise.

4.3 RECURSIVE LEAST SQUARES ESTIMATION

Recursive Least Squares is a basic technique for parameter estimation.
The method is particularly simple if the model has the property of being
linearly on the unknown parameters. Following the development in [92],

the main features of RLS method are summarised as follows.

Consider the Equation (4-9). The parameter vector 0 is to be estimated
from measurements of y(k), ¢(k), k=1, ... , N. A common way is to
choose this estimate by minimising what is left unexplained by Equation

(4-9) v(k). That is, to minimise the function
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1 N NN
Vn® = X[y (0 -8Te(0)] (@-10)
1

with respect to 6 [91]. This gives the RLS algorithm in which the
unknown parameter vector 6 can be updated during each sampling time

as follows;
é(k) = é(k—l) + L(k) (k) 4-11)

where 0(k) is the new estimate of the parameter vector, é(k-l) is the old
estimate of the parameter vector,

IT’(k-l) ¢ (k)
[1+¢ (k) P(k-1) ¢(k) ]

L) = is the gain vector

P(k) = [ I-L(k) &' (k) ] P(k-1) is the covariance matrix, and
e(k) = [ y(k) - 6T(k-1) ¢(k) ] is the prediction error.

The initial value for diagonal covariance matrix is usually chosen as a

very large number (o) (say, > 105) [100].

For time-invariant systems, é(k) converges to its 'true' value with time.
The gain vector L(k), the prediction error €(k) and the covariance matrix
also tend to zero. However, for some systems it is of interest to consider
the situation in which the parameters change with time as is typical with a
power system. There are two situations which can be covered by simple
extensions of the least-squares method. In one case parameters are
changing abruptly but seldom and in other case the parameters are
changing slowly [91]. The case of abrupt parameter changes can be
covered by resetting the covariance matrix to its initial value al, where o
is a large number. In doing so, the stored information in the L(k) matrix

is lost. However, the other case where the parameters change slowly does
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not have this problem. This method can be covered by a relatively simple

mathematical model which is to replace the least-squares criterion of
Equation (4-10) with

VN(®) = —IL— ﬁ )f[y(k) — é?Tgb(k)]2 (4-12)

where A is a parameter such that 0 < A < 1 and is called the forgetting or
discounting factor [91,100]. The A is usually selected a value close to 1
(say, 0.95-0.999 [100]). By using this method the gain vector and the
covariance matrix can be rearranged as [91]

P(k-1) ¢(k)
[AL+ ¢ (k) P(k-1) ¢(k) ]

Lk) =

P(k)=[I-LK) ¢ (k)] Pk-1)/A (4-13)

4.4 RLS ESTIMATION USING THE DELTA OPERATOR

Consider the linear system represented in the d-domain as shown in

Figure 4.1.

u(d) | G4(d) y(d) |

Figure 4.1
The transfer function G4(6) is in the form

-1 n-2
b18n +b2d +---+bn_y(5)

G4(6) = N =
d 8n+a1€5n 1+-~+an u(©)

(4-14)

Since the synchronous generator is a zero time delay plant [33], the time

delay 7 (or m) considered in Equation (4-5) is assumed to be zero.
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-1 . :
gh_’ straightforward algebraic modifications of Equation

Considering & =
(4-14) lead to the simplified model

y,(k) = 6" ¢(k) 4-15)

where

y 0=q (g-1)'y(k)
60 =q " {h(@-D" 'y, h2@-D™?y, .., hlq- 1)y,

1 2
hq-1)" u, h2(g-1) u, .., h"%g-1)u}

and

T
0 ={-a1, =49, ..., ~qp bl’ b2, cersy bn}

Equations (4-15) have been written in the form of the models used for
RLS estimation method as shown in Equation (4-9). The same Equations

(4-13) are also used here to calculate the gain vector and covariance

matrix.

4.5 PARAMETER ESTIMATION EXAMPLE
4,5.1 Single-machine infinite-bus example

The block diagram of Figure 1.3 is used to identify the closed-loop
transfer function Gg(s) given in Section 2.4. The sampled data of the

output (AJ) are obtained by using a Fortran program in which the

machine is modelled by a set of non-linear differential equations based on

Park's equations (see Appendix I) [4,101].
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The computer will be able to identify the system parameters based on the
sampled values of the input and output if the system is excited enough
[100]. In order to satisfy the condition a signal with the frequencies in
the range of 0.2-2.5 Hz is used as an input (AP4). Note that the low
frequency oscillations occurring in power system are in the frequency

range of approximately 0.2 to 2.5 Hz [1].

It is now shown that the identification method based on the sampled data
using shift model gives inaccurate results when short enough sampling
time is used to obtain a high performance for digital controllers used in
power system. This problem arises from numerical difficulties related to
the clustering effect in shift model and the necessary use of a finite
precision in number representation as discussed in Section 3.4.2. To
illustrate the problem the same order of the closed-loop transfer function
of Equation (2-4) with two different sampling times 0.03 and 0.013
seconds is used for identification. However, it should be mentioned that
computer simulations are carried out using the high order power system
given by Equation (2-3) and shown in Figure 2.6 to obtain the sampled

output of the power system.

The discrete-time transfer function will be taken to be:

3 2
b;T + b,T + byT + by
T + a;T + a,T + a37T + a,

where T can be q or 8 for the shift and delta models respectively.

The parameters of Gy(t) for two kinds of discrete-time representations

have been obtained by RLS estimation with five decimal point accuracy

and shown in Table 1. These parameters will be used to obtain the
frequency response of G for different cases as explained below.
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The linear discrete-time model should represent the essential dynamics of

the actual plant when identified. Therefore, the frequency response of
Gg4(s) is compared with that of the identified systems using the delta and

shift operators using the trapezoidal approximation.

Table 1
sampling time sampling time
= 0.03 sec =0.013 sec

shift delta shift delta
model | model | model |model

a; |-3.08663| 30.29 |.3.64409| 27.35
a, 3.71956 | 511 5.02724| 561
aj |-2.11544| 2335 [-3.11578| 2691

parameters

a, [0.48621| 5010 [0.73340]| 6190
b, [0.10181| 1.8 0.02075( 1.6

b, [-0.14822| 150 [-0.03611] 141
b; |0.04937 | 2143 |0.01559 | 2553

by | 0.00075| 4450 |-0.00006| 5653

Figures 4.2, 4.3 (a) and (b) depict the gain characteristics of G4(T) using
two different operators and two different sampling times, with the
continuous model also shown for comparison. The convergence

characteristics of the parameters for two different models are shown in
Figures 4.4 (a) and (b).

Referring to Figures 4.2 and 4.3 it is clear that the gain characteristics of
the excitation control system, when identified using shift operator,
deviates from that of the continuous-time model. On the other hand,

almost identical characteristics are obtained for the delta and continuous-
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time models over the whole frequency range of interest, confirming the

accuracy of the delta model when short sampling periods are involved.

20

continuous-time
====shift model

==/\

20 —r—rrrrw—Trvr T T T
A 1 10 100

Angular frequency (rad/sec)

10 ~

Gain (db)

-10 =

(a) shift operator

20
= continuous-time
10 = === delta model
2 o
S i
! 0
E J /\
o
-10 -
]
'20 T T T T T T

.1 1 10 100
Angular frequency (rad/sec)

(b) delta operator
Figure 4.2: Calculated frequency responses

(sampling time = 0.03 sec)
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Figure 4.3: Calculated frequency responses

(sampling time = 0.013 sec)



4) SYSTEM IDENTIFICATION 82

3
a4
g )
g a3
& : v_
al
-10 .
0 1 2 3 4
time (sec)
(a) shift operator
8000 -
] )
§ o T
g
g 2000 - a2
v
] K
al
-2000 T T T
0 1 2 3 4
time (sec)

(b) delta operator

Figure 4.4: The convergence characteristics of the parameters

(sampling time = 0.013 sec)
4.5.2 Multimachine example

Consider, for example, a two-machine system as shown in Figure 4.5.

The parameters of this system are given in Appendix VI
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1 V3 v,

LY
I Load

Figure 4.5: Two-machine system

The linearized equation of this system can be shown in the form
x=Ax+Bu 4-17)

where x is the state vector comprising Aw;, Adj, AE'q;, AEfd; for each
machine, and u is the input vector comprising of AVyes of each machine.
The 8x8 matrix A and the 2x8 matrix B are given in Appendix VI
Eigenvalue analysis shows that the system is lightly damped and should be
equipped by some means to improve the damping. The additional
damping can be provided by a fixed PSS which inserts an appropriate
signal at the voltage regulator summing junction. This situation is shown
in Figure 4.6. Both machines are equipped by PSS because both are
effective on the lightly damped modes.

Tw;s  1+Tps | A9
1 1+Tws 14T

K,

Figure 4.6: Excitation control system of ith machine with PSS

The PSS for each machine is so designed that the phase lag produced by
excitation control system of each machine is compensated [4,102]. Since

the phase lag of the voltage regulator is small, a lead-lag compensation
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block is sufficient for the excitation control design. The PSS parameters

are given in Appendix VI

The transfer function Gq; of the generator Gy with the same order as
Equation (4-16) will be identified for two different cases (i) the dynamic
interaction between machines is considered, and (ii) machine G3 is
considered as an infinite bus by enlarging its inertia (say, 9999) and
reducing its reactance (say, 0.00001). The second case has been
considered to see the effect of the dynamic interaction between machines

on the identified transfer function. In principle, the coefficients of the
transfer function Gg; of the individual ith machine in terms of "Kj;" (not

"Kjj") parameters (see Figure 2.2) should not be changed significantly for

two cases mentioned above.

Although the output signal Ad; is affected by different input signals (see
Figure 2.2), as will be explained further in Chapter 6 it is sufficient to

consider only the input signal APdi. The other input signals do not have
any effect on the identified transfer function G4;. A sampling time of 10

msec is used for the parameter estimation.

Figures 4.7 (a) and (b) show the gain characteristics of Gdj using the

delta and the shift operators, with the continuous model also for
comparison. The convergence characteristics of two parameters for

different cases are shown in Figures 4.8 (a) and (b).

Referring to Figure 4.7 (a) it is clear that the delta operator gives
identical characteristics with the continuous-time system for the whole
frequency range of concern. Figure 4.8 (a) also shows that there is a
negligible difference between the identified parameters for two cases (1)

and (ii) mentioned earlier. This confirms that the delta model is able to
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identify the parameters of the individual ith machine accurately when

there is dynamic interaction between machines.

On the other hand, the gain characteristics of the shift model deviates
from that of the continuous-time model when a short enough sampling
time is used, especially for low frequency range in which inter-area
modes are the most dominant modes. Figures 4.7(b) and 4.8 (b) also
show that the dynamic interaction between machines affects on the
identified transfer function so that the gain characteristics change

signiﬁcantly.

20

10 4

Gain (dB)

09 = continuous-time
moemem. delta model, no interaction

=~ == (elta model, interaction

=10 P TR T T T T YWY
A 1 10 100

Angular frequency (rad/sec)

(a) delta model

30

shift model
no interaction  .....ov onc-time

207

10 «

Gain (dB)

1

shift model, interaction

-10 T 7
A 1 10 100

Angular frequency (rad/sec)

(b) shift model
Figure 4.7: Calculated frequency response
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(b) shift model
Figure 4.8: The convergence characteristics of parameters

It should be mentioned that in both discrete models the dynamic
interaction between machines may cause the parameter convergence to be

slower than the SMIB model.
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4.6 CONCLUSIONS

A perspective of the subject of identification in dynamical system has
been presented with particular reference to the Recursive Least Squares
method. A new technique of identification using the delta model has been
obtained.

A comparison has been given of the use of the shift and delta operator
methods for identifying the parameters of discrete-time model of the
system at typical short sample periods. The shift operator gives poor
results such as an incorrect frequency response and difficulties in
identifying the power system model. The delta operator does not have
these problems and gives accurate results. It was also shown that the
identified transfer function of an individual subsystem in a multimachine
case could be changed significantly using the shift operator when there is
dynamic interaction between machines. However, the delta operator was

shown to be accurate in all cases.






Chapter 5

POLE ASSIGNMENT ADAPTIVE CONTROLLER

5.1 INTRODUCTION

Different methods [1-6] of designing supplementary excitation control
known as power system stabilisers with fixed parameter settings have
been reported for improving the power system stability. This works
reasonably well over a medium range of operating points, but the
damping may diminish as the generator load changes or the network
configuration is altered through planned, or contingency outages [103-

104].

One technique to solve this problem is a digital adaptive controller which
tracks the changing operating point by identification and calculates the
control action at each sampling time using the identified model. Previous

studies [8,105] have shown a great improvement by the use of adaptive

techniques.

The Pole Assignment (PA) controller first proposed by Edmonds [106]
and was developed further by Wellstead, et al [44] in the field of control
engineering by using the shift operator. In this algorithm, the controller
parameters are adjusted so that the poles of the closed-loop transfer
function are placed at preselected locations. This chapter applies this
technique to a SMIB power system for the first time by adding a further
contribution in which the delta operator is used to simplify the analysis

and to avoid the numerical difficulties associated with the shift operator.
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This chapter is organised as follows: Section 5.2 describes a derivation of
a simplified block diagram to characterise the dynamic behaviour of the
power system while Section 5.3 demonstrates the effect of the fixed gain
PSS on single-machine infinite-bus power system performance. Section
5.4 gives the design of the Pole Assignment controller and simulation
results which are compared with those for a fixed parameter power

system stabiliser.

5.2 SYSTEM MODELLING

5.2.1 System block diagram

The same block diagram of Figure 2.1 is used here.
5.2.2 A simplified block diagram

For the analysis purposes of this work the block diagram of the linearized
model shown in Figure 2.1 may be reconfigured to a simplified diagram
as shown in Figure 5.1. This figure shows the effect of the disturbances
such as a change in either load or voltage reference on the power angle

changes (Ad). The coefficients of the polynomials A(s), B(s) and C(s) are

given in Appendix VII. The denominator of G_.(s)= A%,S ; is the same as
' re

the denominator of G4(s).

APy B(s)
—_—___1G.(5)=
o) e
TI(AS
(rad)

AVref G = C (S)
(p-w) 0”0

Figure 5.1: A modified block diagram of Figure 2.1
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It should be noted that for the design of the adaptive controller, as
explained in Section 2.3, the excitation system has been considered as a dc

gain Ke. However, as will be shown further in Section 5.4.6 computer

simulations are carried out for the case where the excitation system is
[Ke/(1+Tes)]. To compare the adaptive stabiliser given further in Section

5.4 with a conventional stabiliser the latter is first given.

5.3 FIXED GAIN PSS
5.3.1 Design operating point

Consider in particular a single-machine infinite-bus model as shown in
Figure 5.2. The parameters of the system including the "K" parameters

are given in Appendix II.

O——r—F

Figure 5.2: A single-machine infinite-bus model

By considering the operating point P+)Q=1+j0.5 p.u, X=0.4 p.u,
V=1.0 p.u, G4(s) may be calculated using the block diagram of Figure

2.1.

Gals) = 125 s2 + 12636 s + 33277
d8) =37 702 s3 + 518 52 + 13358 s + 36546

(-1

The poles of Equation (5-1) are sy 5 = -0.53 £ j 11.37, s3 = -2.88 and
s4=-97.86 showing that the system is lightly damped and should be
equipped by some means to improve its damping. Figure 5.3 shows the
situation where a PSS has been added to the block diagram given of

Figure 2.1.
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AVref K e
1+Tes

+& AU,

Ty s 14T s Ao
14Ty s 14T s

K,

Conventional PSS

Figure 5.3: Excitation control system with PSS

As shown in Section 2.4 this leads to the closed-loop transfer function of:

12554 + 1893253 + 66699352 +1730372s + 166386
+ 15259 + 562454 + 12092753 + 77450652 +1896218s + 182730

G4(s)= ¢ (5-2)

where the poles are s; 5 = -16.64 +j 21.37 and s3 4 = -4.1 +j 2.39,
ss=-110.4 and sg=-0.1. By using partial-fraction expansion it can be seen

that the residue corresponding to the pole -0.1 is -0.00038 which means
that its effect in damping of the system is negligible. The location of
other poles show that the damping of the system has been improved.
Transient performance of the system to a 1% step change in load was
tested and shown in Figure 5.4 for the cases before and after using the
PSS. It is clear from Figure 5.4 that the damping of the system has been
enhanced when the PSS is used.

operating point: P=1.0 p.u, Q=0.5 p.u
pe X=04p.au

i n g—— no PSS
1.195 ﬂ

5}

£ d

2 ] / a

%0 1,190

g T

St

5

2 1185 u with PSS

1.180  § v 1 § L 1 § L 4 L T T
0 1 2 3 4 5

time (sec)

Figure 5.4: Time response of the system to 1% step change in load
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5.3.2 Change in operating point

The PSS becomes less effective as the operating point changes [8]. For
example, consider the case where the reactance line changes from X=0.4
p.u. to X=1.0 p.u [3] while the parameters of the PSS are fixed at the
design values for X=0.4 p.u. Accordingly, this will affect the "K"
parameters (K; to K¢) shown in Figure 2.1 giving a shift in the poles.
Figure 5.5 shows the transient performance of the power system to a 1%
step change in load at the new operating point. Comparing Figures 5.4
and 5.5 shows that the PSS is less effective as the system moves from its

design operating point.

One possible way to improve the damping of the system is to change the
excitation control system parameters as shown in Figures 5.6 (a-d) and
5.7 (a-d) for both operating points. In Figures 5.6 (a-c) and 5.7 (a-c) it is
assumed that two parameters are fixed and then the system performance
is tested by changing the third excitation control system parameter (i.e.,
K, or K or T;). Figure 5.6 (d) and 5.7 (d) depict the case where all

three parameters are changed.

operating point: P=1.0 p.u, Q=0.5 p.u
X=10p.u

1.87

power angle (rad)

1.821 T | T
0 1 2 3 4 5

time (sec)

Figure 5.5: Time response of the system to 1% step change in load
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AVR gain=25 p.u, T1=1 sec

1.200
PSS gain=8.5
~ 1.1954
g
s
80 1,190 -
8
o .
= PSS gain=4
2 1.185-
1.180 4 — r —
0 1 2 3
time (sec)
(a)
AVR gain=25, PSS gain=8.5
1.195
Ti=1
'c'@, 1.190 -
5]
)
8
St
2 1.1854
=]
(=W
1180 v T T T
0 1 2 3
time (sec)

(b)
Figure 5.6: Time response of power system to 1% step change in load
(P+jQ = 1+j 0.5 p.u, X=0.4 p.u, V=1.0 p.u)
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power angle (rad)

power angle (rad)

PSS gain=8.5, T1=1

1.200
1.195 - Ke=25 Ke=10
1.190 -
1.185 - Ke=50
1.180 4+ 7 T
0 1 2
time (sec)
(c)
1.195
Ke=25, Ks=8.5, T1=1
Ke=25, Ks=4, T1=2
1.190 -
| 1
Ke=50, Ks=15, T1=0.5
1.185 -
1.180 + — T T —

time (sec)

(d)

Figure 5.6: Time response of power system to 1% step change in load

(P+jQ = 14j 0.5 p.u, X=0.4 p.u, V=1.0 p.u)
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AVR gam=25, Ti=1

PSS gain=15

PSS gain=8.5

power angle (rad)
2

1.83 - |
PSS gain=4
1.82 1 T T v -T- Y Y ~-T
0 1 2 3 4 5
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(a)

AVR gain=25, PSS gain=8.5

1.87

T1=2

power angle (rad)

1 82 1 T | t L ] i I T
0 1 2 3 4 5
time (sec)
(b)

Figure 5.7: Time response of power system to 1% step change in load
(P+jQ = 14j 0.5 p.u, X=1.0 p.u, V=10 p.u)



5) POLE ASSIGNMENT ADAPTIVE CONTROLLER 96

PSS gain =8.5, T1=1
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Figure 5.7: Time response of power system to 1% step change in load
(P+jQ = 14j 0.5 p.u, X=1.0 p.u, V=1.0 p.u)



5) POLE ASSIGNMENT ADAPTIVE CONTROLLER 97

It is clear from Figures 5.6 (a-d) that the designed excitation control
system parameters (i.e., K.=25, K=8.5, T{=1) gives the best transient
performance for the initial operating point P+jQ=1+j 0.5 p.u, X=0.4 p.u,
V=1.0 p.u. However, Figures 5.7 (a-d) show that there would be some
improvements in damping of the system at new operating point (X=1.0
p.u) if the excitation control system parameters change. For instance, see

Figure 5.7 (d) in which the parameters K.=50, K =15 and T;=0.5 have

resulted in a better transient performance than the other cases.

Although the damping has been improved, it is still much inferior than
the other operating point in which PSS has been designed. Moreover,
there would be, in practice, very difficult to select the excitation control
system parameters without having any information about the changes in

parameters of the system unless they are identified by some means.

To cope with these changing conditions, an adaptive controller can be
used such that its gain settings are automatically adjusted on-line in order

to place the poles of the closed-loop system at well-damped locations.

5.4 POLE ASSIGNMENT CONTROLLER
5.4.1 Discrete model of open-loop system

Given a continuous-time system as shown in Figure 5.1, the problem is to

design a digital controller which will maintain the output constant against
changes in P,,. It is assumed that the open-loop continuous-time system

given in Appendix VII is modelled in discrete form using the delta model

as follows:
Ad(ty) = %(%% AP, (t) + -(Al(%% AV oe(ty) | (5-3)
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where Ad(ty), AP, (ty) and AV (t,) are the sampled output and inputs of
the system respectively. The polynomials A, B and C are given by

A(8)=83+a182+a28+a3
B(8) =by 8% + by & + by

C®) =c, 52 + ci0+¢cy (5-4)

In Chapter 3, it was shown that using the delta operator for discretization
of a power system transfer function had the advantage of similarities

between the coefficients of the polynomials of continuous-time and
discrete-time transfer functions. As the coefficients bg and ¢ are zero

for the continuous time system they are very small compared with b; and
c; respectively for the discretised system when a short sampling time is
used and can be ignored. Equations (5-4) as justified further in Section
5.4.5 (Table I) may be rewritten as:

A(8)=83+a182+a28+a3
B(®)=b; 3 +b,
C(S) =C o+ Cy (5-5)

5.4.2 Determination of controller parameters

A supplementary excitation controller should be activated only when low-
frequency oscillation begins to develop, and should be automatically
terminated when the system oscillation stops so it does not interfere with
steady-state operation [4]. This is achieved in a conventional stabiliser
design by a washout cifcuit [3,4]. This circuit also has to be applied for a
discrete model where the shift operator is used [32]. However, this can

be ignored for the delta operator because this operator represents a
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difference, it leads to models that are like models in d/dt [83]. This
means that when the system is in steady-state the controller output will be

zero if the numerator polynomial of the feedback controller is divisible
by the delta operator (5).

A standard feedback control law as shown in Figure 5.8 is assumed;

G(d
u(ty) = - #(5)1 Ad() (5-6)

where polynomials G and F are given by

F@) =08+ 8" +£, 8"+ . +f

nf
G®) =5 (g 8" +g, 8"+ . +gy) (5-7)
AR (% B(3)
(p-w) A(d)
Y Ad(tY
— >
(rad)
+
C(®)
A()
G )
F(3)

Figure 5.8: The modified block diagram with feedback controller

Substituting Equation (5-6) in (5-3) and rearranging gives
BF CF
Ad(t) =2F + GC AP + AF + GC AV or(ty) (5-8)
For clarity, the polynomial argument 8 has been dropped from Equation

(5-8). This will also be the case elsewhere provided there is no
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ambiguity. The next step is to choose the coefficient of G and F to satisfy
the Diophantine equation:

AF+GC=T | (5-9)

where T is a polynomial whose roots are the desired poles of the system.
There are no general guidelines on the choice of T [32,44] and a special
study has to be made for each specific system as discussed further in
Section 5.4.5.

Using the identity given by Equation (5-9), the closed-loop characteristics
are then described by

AS(t) = o AP () + CE S AV et (5-10)

Consider T in the general form:
TE) =8+, 8" +6,8 " + ..+t (5-11)

and polynomials F and G given in Equation (5-7), where n, and n¢ are the

degrees of polynomials T and F respectively. There are known
coefficients of polynomial T and unknown coefficients of polynomials F
and G in the right and left hand sides of Equation (5-9) respectively. It
can be seen from Equations (5-7) and (5-11) that

The number of known coefficients = n; = deg T and,

The number of unknown coefficients =2 ng =2 deg F

In order to be able to solve the equations, the number of known

coefficients should be equal to the number of unknown ones, that is

2deg F=degT (5-12)
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Therefore, the degrees of polynomials G and F are obtained by solving
the following equations:

(5-13)

deg A + deg F = deg T
2 deg F = deg T

Considering Equations (5-5) and (5-7), solution of Equation (5-9) takes

the form of
(1 0 0 0 0 O\(f) (4 - &)
a 1 0 g 0 0| |6 - a
@ a 1 ¢ a O[S L — as
s @& a 0 ¢ oll&| t4
0 a3 a2 0 0 ¢|]|8: ts
\0 0 a 0 0 OJ \&/)  t ) (5-14)

Equation (5-14) can be written as

MX=P (5-15)
The solution of Equation (5-15) is

X=M1p (5-16)

where the elements of matrix X are the coefficients of polynomials F and
G. It is to be noted that since polynomials A and C have no common

factors, the inverse of matrix M always exists [32,81].
5.4.3 Estimation of plant transfer functions

There are two methods for estimating the parameters of the open-loop
system shown in Figure 5.1 and given by Equation (5-5), as illustrated

below. Since the voltage reference, in practice, does not change very
often [45], AV ¢ is assumed to be zero in the following discussion of the
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effect of load disturbances. This will also be the case for the

multimachine system given further in Section 6.5.

5.4.3.1 Estimation of G 4(s)= ‘iTE

System identification can be performed by measuring the changes in
power angle (A), accelerating power (AP, =P, =P, - P,) and power

swings (AP,) as shown in Figure 5.9 and explained in Section 2.3.

A Pqp.u)
A Pm(p.u) Identification
BF 4& oy J' A
T (rad) (p.u)

Figure 5.9: The identification block diagram

As explained in Section 1.4.2 the closed-loop system will be first
estimated because the open-loop signals cannot be measured freely in this
control design. The next step is to derive the coefficients of polynomials
A and C. Let the identified denomin'ator polynomial of the closed-loop

system be as

T =8% + t'y 8 + th 8% + ... + tg (5-17)

By considering Equation (5-14) it will be seen that
(@) (1 0 0 0 OY (4 - f))
a; fi 1.0 g O n - f

a|=]10 0 f, 0 O £s
G 0 f3 fz 0 g ts
) \Js fo fi & &) U ti (5-18)

where a'}, a';, a'3, ¢'; and ¢'; are the coefficients of polynomials A and C

at the new operating point. It should be mentioned that the controller
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parameters will be fixed during the identification process, leaving the
closed-loop system to perform its normal excitation contro] function.
When the open-loop system parameters converge to their new values, the

controller parameters are changed using Equation (5-16).

5.4.3.2 Estimation of G(s)= CT—F

System identification may be done by adding a sequence of pseudorandom
noise ({(ty)) as shown in Figure 5.10. Equation (5-18) can also be used

for obtaining the coefficients of polynomials A and C at the new

operating point.

Identification
€ (p) AS —J"
CF < Oy A®
_T (rad) (p.u)
To the plant

Figure 5.10: The identification block diagram

Among two methods of estimation given above, the first one, in which the

B
transfer function Gy(s) = —TE is estimated, has been used here because

there is no need to insert an additional disturbance into system.
The steps involved in PA controller design are summarised as follows;

(1) The linearized model of Figure 2.1 is rearranged in the modified

block diagram as shown in Figure 5.8.

(ii) At each sample interval, the coefficients of polynomials A and C
are estimated by recursive least-squares method using the delta

operator.
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(iii) Compute the control which will then place poles to preselected

locations.

5.4.4 Sampling time selection

The sampling time has to be chosen sufficiently fast to enable the poles of
G4 to be identified accurately. These will be the poles of the chosen
polynomial T when the controller is working correctly. As will be
illustrated further in simulation results the pole -20 will be the best choice
for desirable polynomial T in power system. This polynomial will be
tested on different power systems. The gain characteristics of 20%/T, in
which T=(s + 20)6, is shown in Figure 5.11 suggesting that the sampling

time should be 502X1t7 = 0.018 sec. Referring to Equation (3-21) in

Section 3.4.2 and using sampling time of 0.02 sec it will be seen that

e-2 x20x0.02 e-20 X 0.02

2 cos(0x 0.02) =-1.004 < -1

0.75
confirming the necessity of using the delta model.

It is also to be noted that the sampling time must be sufficient to
determine the poles of Gg when the system is uncontrolled to allow the
controller to begin its operation when first commissioned. These poles
belong to the polynomial A shown in Figure 5.8. These poles have been
examined for a wide range of operating points and confirm that sampling

time of 20 ms will be satisfactory.
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10

Gain (db)

«10 =

<20 T—rrrrrow—T—vrrry—r—rrrre|
.1 1 10 100

Angular frequency (rad/sec)

Figure 5.11: The gain characteristics of 20%/T
5.4.5 Choice of T

Simulation studies were performed on the excitation control system given
in Section 5.3.1 with the generator modelled by a set of non-linear
differential equations based on Park's equations [4,101]. For analysis
purposes the system is represented by the transfer function given by
Equations (5-4). = The coefficients of transfer functions in both
continuous-time and discrete-time systems are given in Table I for the

initial operating point (X=0.4 p.u).

Table I shows that the discrete-time coefficients c( and by are much

smaller than c; and b; respectively and can be ignored as described in

Section 5.4.1.

Table I

c c
Parameters a1 a2 a3 b0 b1 b2 c0 ) )

"Continuous-time
3911303651 0| 125 1333] O 0 |-722
system

Discrete-time
5.31| 135]348.10.5{ 125.8| 319 -.05|-13.9] -691

system
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Five different polynomials with their equivalent delta models were

considered for T as follows:

G) (s +10)5 (3 +9.06)°

(i) (s +20) (8 +15.48)5

(i) (s + 30)5, (5 + 22.56)6

(v) (s2+12.56s+79.21)3, (5 2+12.52 § + 69.86)>
V) (2+257s+317)3,(52+258 +245.3)3

Choosing any polynomial having the roots with a real part less than 10
gives a slower settling time than the fixed gain stabiliser and has not been
investigated. It will be also shown that any polynomial with a real part

more than 20 (say, 30) does not provide a better damping characteristics.

The power angle variation of the system for a 1% step change in load was
obtained for different polynomials T and graphed in Figure 5.12 showing
that the best choice of the polynomials is case (ii) as it gives a smaller

overshoot and a fast settling time.

In order to see whether or not the polynomial (s+20)6 can be used more
generally, the same polynomials were tested for a variety of power
systems which include a hydro system with a high inertia [3] and a
thermal unit with a medium inertia (see Appendix V). Figures 5.13 (a),
(b) and (c) show the changes in power angle following a 1% step change
in load. Referring to the graphs shown in Figures 5.13 (s+20)6 appears

as a suitable choice in general for the polynomial T.
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operating point: P=1.0 p.u, Q=0.5 p.y,

X=04 p.u

1.21
= 1 (s*2+12.585+79.21)"3
8 i
< 120 (s+10)%6
2
1))
& (s+20)%6
q"S 1.19 . T
é (s+30)"6

(s"2425.75+317)A3
1.18 v Y - T Y T T
0.0 0.5 1.0 1.5 2.0
time (sec)

Figure 5.12: Time response of the system to a 1% step change in load

1.502
&—— (5"2+12.585+79.21)"3

B 1501 (s+10)°6
o | (s+20)%6
o
8
5 15007
3
2 (s*2+25.754317)"3

1.499 T T T T 1 T !

0.0 0.5 1.0 1.5 2.0

time (sec)

Figure 5.13 (a): Time response of the system to a 1% step change in load

for Australian system
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0.95
(s+30)76
) (s"2+12.585+79.21)A3
(2] o
& 094 (s+10)76
2
("]
g
5 0931
3 (s+20)"6
(@]
Q (s"2+25.7s+317)3
0.92 T T T
0 1 2

time (sec)

Figure 5.13 (b): Time response of the system to a 1% step change in load

for Hydro system (reactance line = 0.4 p.u)

1.64
= A
g 1624 (s+30)16
> | (s72+12.585+79.21)*3
’%‘o 60 (s+10)"6
b o
()]
2 584 (s+20)%6
o
(s72+25.7s+317)"3
1.56 v T T 1
0 1 2 3
time (sec)

Figure 5.13 (c): Time response of the system to a 1% step change in load

5.4.6 Comparison with fixed gain stabiliser

for Hydro system (reactance line = 1.0 p.u)

The power angle variation following a 1% step change in load is shown

in Figure 5.14 where the PA stabiliser is compared with fixed gain
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stabiliser deriving its input from rotor speed as designed in Section 5.3.1.
The effect of both stabilisers on voltage regulator action following a 1%
step change in voltage reference is also obtained and shown in Figure
5.15. It can be seen from Figures 5.14 and 5.15 that although PA
controller is a little inferior in overshoot than a fixed gain stabiliser, it
has faster settling time. The behaviour of the identified parameters are
given in Figures 5.16 (a) and (b) showing a fast parameter convergence.

operating point: P=1.0 p.u, Q=0.5 p.u,
X=0.4pau
1.200

with PA controller

t— with fixed PSS

1.195 +

1.190J

power angle (rad)

1.185 4

0.0 0.5 1.0 1.5 2.0
time (sec)

Figure 5.14 Power angle variation following a 1% step change in load

operating point: P=1.0 p.u, Q=0.5 p.u,

X=04pau
1.010
1.008 with PA controller
E} with fixed PSS
£ 1.006 -
()]
oh
]
S 1.004 4
4
.
1.002 -
1 000 L4 ] € L3 v L] L
0 1 2 3 4
time (sec)

Figure 5.15 The changes in terminal voltage following a 1% step change

in voltage reference
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30
20
10
E o
g -10
&
20
30
-4o v
3 4
time (sec)
(a)
1000
a'3
0 Y
. 0 )
§ a2
g -500
E -1000 *
c'2
-1500
-2ooo —_—
2 3 4
time (sec)
(b)

Figure 5.16: Parameter convergence

As shown earlier a fixed "parameter” PSS does not provide an acceptable
response as the operating point changes. The behaviour of the power
angle for two other different operating points folloWing a 1% step change
in load is shown in Figures 5.17 and 5.18. The effect of the controllers
on voltage regulator action following a 1% step change in voltage

reference is also shown in Figures 5.19 and 5.20 for both operating
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points. As can be seen from Figures 5.17 to 5.20, the PA controller has

much faster settling time than the fixed gain stabiliser.

operating point: P=1.0 p.u, Q=0.5 p.u,
X=10pu

1.87
1.86 - with fixed PSS

1.85+

JANEEN
5 VA

power angle (rad)

1.83 4 with PA controller

182 ] T T T 1 ] v L} v ] v
2 3 4 5

[=]
-

time (sec)

Figure 5.17: Power angle variation following a 1% step change in load

operating point: P=1.0 p.u, Q=-0.5 p.u,

X=0.7pu
1.820
«§— with PA controller
~ 19154
=]
E
9 with fixed PSS
20 1.9104
«<
t)' N
g
£, 1.905 -
1.900 ' Y T T '
0 1 2 3
time (sec)

Figure 5.18: Power angle variation following a 1% step change in load
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operating point: P=1.0 p.u, Q=0.5 p.u,
X=10pu
1.020

1.0154 with fixed PSS

~~
= .
& N\,
g 10107 \/ ——
S
° 3
> with PA controller
1.005
0 1 2 3 4

time (sec)

Figure 5.19: The changes in terminal voltage following a 1% step change

in voltage reference

operating point: P=1.0 p.u, Q=-0.5 p.u,

X=0.7p.u
1.0125
1.0100 -
with fixed PSS
=
e-; 1.0075 1 with PA controller
©
&
=  1.0050 +
°©
>
1.0025 +
1.0000 7 T T T Y T T
0 1 2 3 4
time (sec)

Figure 5.20: The changes in terminal voltage following a 1% step change

in voltage reference

For large disturbance studies in order to restrict the level of generator
terminal voltage fluctuations during transient conditions, limits are
imposed on the controller output. It has been suggested by Kundur, et al
[3] that the controller output be limited by a limiter in the range of

[-0.1,0.2] p.u and this limiter will be also used here. Figure 5.21 shows
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the time response of the system to a three phase fault close to generator
bus with a successful reclosure. The controller output is also shown in

Figure 5.22.

operating point: P=1.0 p.u, Q=0.5 p.u,
X=0.4 pu

1054 with fixed PSS

1.004

T

with PA controller

voltage (p.u)

0.95+

0.90 . : —

time (sec)
Figure 5.21: Time response of the system to a 3¢ fault

operating point: P=1.0 p.u, Q=0.5 p.u,

X=04p.u
03
0.2 F\
& ]
S 014
o
B
g 00
=]
8 J
0.1
02+ . -
0 1 2 3
time (sec)

Figure 5.22: Controller output following a 3¢ fault

It can be seen from Figure 5.21 that the PA controller gives a faster

settling time than the conventional stabiliser.

The performance of the system is now examined for the case where the

excitation system is shown by Ke. Figure 5.23 shows the time response
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of this model with the case where the excitation system is [Ke/(1+4 Te s)]

to a 1% step change in load.

Operating point: P=1.0 p.u, Spu,
Yoo Q=05p

.4 p.u

1.200
A
S 11954
E
%
g 1.190-
)
3
3 1.1as-j
1.180

\

—— AVR=25

—=== AVR=25/(1+0015s)

1 2
time (sec)

Figure 5.23 : Power angle variation following a 1% step change in load

As can be seen from Figure 5.23 both excitation system models provide a

very close damping characteristics.

5.4.7 Stability of feedback controller

It is important to check whether the feedback controller is stable or not.

The roots of the polynomial F for a wide range of operating points taken

from [3] are given in Table II. The polynomial F has roots in the left

hand side of the delta-plane confirming its stability for all cases.

Therefore, with suitable choice for the roots of the polynomial T closed-

loop stability can be guaranteed.
Table 11
P+IQ ] x—01pu | X=04pu | X=07pu | X=10pu
(p.u)
0.5+j0.0 -23.56+j45.58 | -24.58+j35.71 | -24.724j35.38 | -24.641j35.62
-45.52 -43.46 -43.3 -43.56
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Table IT (continued)

PHIQ | X=01pu | X=04pu | X=07pu | X=1.0pu

(p.w)

1.0+j0.5 | -24.36432.31 | -25.984{27.2 | -25.554{32.07 | -24.824j40.82
-42.83 -40.61 42.27 -44.42

1.00.5 | -22.84j49.24 | -25.06£29.2 | -27.94i24.26 | -29.184j22
-45.13 -41.63 -38.96 -37.07

5.5 CONCLUSIONS

The small disturbance stability characteristics of a single machine infinite
bus system have been studied by means of a transfer function relating
power angle to mechanical power disturbance. It has been shown that
although fixed gain PSS improves the damping of the system for one
operating point, the damping diminishes as operating point changes. The
Pole Assignment adaptive stabiliser has been shown to enhance the
damping of the power system for all operating points. The design of the
controller has been simplified by the use of the delta operator form of
transfer function. It gives an order reduction in the numerator of the
open-loop system which helps to reduce the computation burden. The
delta operator also allows to ignore the use of the washout circuit. A
particular choice of poles has been shown to give a good response over a
wide range of operating points for different generator inertias.
Comparative results showed that the adaptive controller based on a low
order model of the open-loop system where the excitation system had
been considered by a dc gain would provide a desirable damping

characteristics when applied to the actual open-loop system.






Chapter 6

MODEL REFERENCE ADAPTIVE
CONTROLLER

6.1 INTRODUCTION

In Chapter 5 an adaptive Pole Assignment controller was demonstrated.
In this algorithm, the desired system closed-loop poles are specified and
the updating of the controller parameters is based on explicit system
identification. It was shown that by using this method the settling time of

the system was fixed over a wide range of operating points.

In all STR techniques there is no effort to fix the zeros of the closed-loop
system and, therefore, the system response is somewhat variable. This
problem can be resolved by modifying the PA controller such that the
location of both the zeros and the poles of a particular transfer function is
specified. This chapter describes the derivation of a new type of Model
Reference Adaptive Controller (MRAC) using the delta operator
achieving this. The usual approach in the MRAC is to adjust the
parameters of the regulator in such a way that the error between the
controlled plant output and that of the model converges to zero.
However, in the MRAC given in this work controller parameters are so
designed that the poles and zeros of the closed-loop system transfer
function (G4(s)) are located at preselected locations using an explicit
system identification without the need to compare the actual plant and the
model outputs. Controller design is simplified based on a continuous-

time control strategy by the use of the delta operator rather than the shift
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operator. It will be shown that this adaptive controller provides a better
damping characteristic than the Pole Shifting adaptive controller or a

fixed gain stabiliser.

In Chapter 3 it was shown that there was a close resemblance between the
coefficients of the continuous-time and discrete-time systems when the
delta operator was used instead of the shift operator. This allows one to
ignore sampling zeros arising in discretization and, therefore, the order
of polynomials in both denominators and numerators of continuous-time
and discrete-time system transfer functions will be the same. It will be
shown that this advantage allows the designer to use a more simplified
MRAC with an approximate discrete model. This in turn reduces the
number of controller parameters to be identified. Comparative results
for a multimachine power system (two-machine case) will be given for
the adaptive stabiliser and for a fixed parameter stabiliser. The results
clearly show the benefit of the proposed adaptive stabiliser to enhance the

damping of the system, especially where the operating point changes.

6.2 MODEL REFERENCE ADAPTIVE CONTROLLER
6.2.1 Adaptive controller scheme

The philosophy of the design in this approach is to select the poles and
zeros of the closed-loop system in such a manner that the specifications
for steady-state accuracy as well as a good transient response are
satisfied. A compensator is then designed to force the closed-loop system
to have this transfer function. The transfer function to be considered

here is G4(s) = ‘A‘Api In Chapter 5 it was shown that the dynamic
m

stability of the power system could be readily analysed by using this
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transfer function. The general scheme of the controller that will achieve
this is shown in Figure 6.1, in which AP, AV ¢ and Ad are the changes
in load, voltage reference and power angle respectively. The choice of a
common denominator F(s) in the two controller blocks gives full scope to
modify Ggy(s) with the minimum number of adjustable controller
parameters. This needs a slight modification when a discrete-time
mathematical model is used instead of the continuous-time system as will

be discussed in Section 6.2.3.

_&Pm (p-u) B(s)
A(s)
* I\ A8 (rad)
>
+
AVies 5 C(s)
(p-w) A(s)
Ga(s) - Gy (s)
F (s) F (s)

Figure 6.1: Block diagram of the proposed closed-loop system

Using Superposition, one can obtain

BF + G,C CF
A8 =3F+ G,C2Pm*AF+ G,C

AV (6-1)

ref

For clarity, the polynomial argument s has been dropped from Equation
(6-1). The polynomials F, G; and G, will be given further.

Ad

R
Considering the desired closed-loop transfer function as Gy(s)=xp = T
m

and Equation (6-1) imply that:
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{BF+GZC=R

AF+G C=T (6-2)

Since deg G; <deg F, deg C < deg A and deg B = deg A - 2 (see
equations given in Appendix VII), it follows that

deg AF = deg (AF + G;C) = deg T and,
deg BF = deg (BF + G,C) = deg R.

Note that deg C < deg B and deg G, < deg F. Hence

deg T-degR=deg A -deg B =2.

Moreover, since B(s) = b;s + b, (see equations given in Appendix VII)
and the first coefficient of polynomial F as will be shown further is 1, the
first coefficient of polynomial R should also be a constant value of
b, = KI/I_ (see Equation (6-2), in which the polynomial B is multiplied by
the polynomial F in the numerator of G4(s)) where M is the inertia
constant of the machine. Therefore, the forms of polynomials R and T
will be;
R(s) = b, M2y I SOy T2

1

_.n n- n-2 i
T(s)=st+t;st +tys +...+tnt (6-3)

6.2.2 Choice of a desirable closed-loop transfer function

The purpose of this design is to choose a closed-loop transfer function
which gives a desirable response. The design begins with the selection of

a conventional second-order transfer function having a desirable



6) MODEL REFERENCE ADAPTIVE CONTROLLER 120

characteristic. This will be modified to a higher order to match
Equations (6-2) and (6-3).

Consider, for example, a conventional second-order system as

2
©,

5 (6-4)

n

s2+2C0)ns+(o

Suppose that Equation (6-4) should have desirable characteristics as

follows;
tp = 0.25 sec, £ = 0.707

where t, and € are the time required to reach the first peak and damping

ratio respectively.

Considering the equation

¥/
t, = (6-5)
w 1 - ¢
leads to the following transfer function.
317 (6-6)

s2 4+ 25.7 s+ 317

The dc gain of the system changes when the operating point changes.
Therefore, Equation (6-6) needs to be premultiplied by the dc gain of the
system which is 0.91 for the power system example given in Section

5.3.1.

0.91 X 317
s2 4+ 25.7 s+ 317

(6-7)

As explained earlier a first degree polynomial B(s) = b;s + b, is

multiplied by the polynomial F in Equation (6-2). This implies that
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regardless of the degree of the polynomial F there would be one
additional zero and this should be added to Equation (6-7) in the form:

(blS+B)

Combining Equations (6-7) and the above additional polynomial results

in:

0.91 X 317 (b1 s + B)
(s* + 25.7 s+ 317)

3| D

(6-8)

In order to keep the first coefficient of the polynomial R as b; (see

Equation (6-3)), Equation (6-8) should be modified:

by
0.91 X317 o5 377 S + B)
(s2 + 25.7 s+ 317) (s + B)

LB (69

The polynomial (s + ) was added to the denominator in Equation (6-9)
because the degree difference between denominator and numerator
should be equal to 2. The step response of the transfer function given in
Equation (6-9) has been calculated for three different values of B = 5, 13
and 20 and the results are shown in Figure 6.2. It can be seen from
Figure 6.2 that the best choice for B is 13 because it has less overshoot
and faster settling time in comparison with the other cases. In fact f =13
is very close to the real part of the conjugate poles (-12.85 +j12.33) of

the second-order transfer function given in Equation (6-6).

It will be shown further in Section 6.2.5 that the desirable closed-loop
transfer function has degree of more than 1 and 3 for the numerator and
denominator respectively. Therefore, some poles and zeros should be
added to Equation (6-9). In order to have the required characteristics,

the same poles and zeros are used so that they cancel each other:
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b
0'91X317(0.91X317S+B) (sam )
(s2 +25.7 s+ 317) (s + B) (s + 1 )n (6-10)

-1

Choice of m should result in a stable feedback controller and this will be

explored further using simulation results.

output

Figure 6.2 : Step response of Equation (6-9) for three different cases

6.2.3 Determination of controller parameters

Digital devices are normally used to implement adaptive control
algorithms. Thus, the computations are done in discrete-time. The same
discrete-time transfer functions of Equations (5-5) are also used here.
Because the delta model is used for discretization the degrees of
polynomials in both the continuous and discrete models of the transfer
function Gy(s) are the same, i.e., n(A) = n(T) and n(R) = n(B) where
n(.) shows the degree of the polynomial (see Equations (5-5) and (6-9)).
This enables the form of desirable transfer function used for continuous-

time system to be used in the discrete-time system as well. It should be
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mentioned that such an assumption will be impossible if the shift operator

is used.

The polynomials F, G| and G, are chosen in the form of

F@)=8"+ £, 8" + £, 8"+ .. + £,
G;(®)=38(g; s 4 g, My + En¢)
Gy®)=8(g 8" +g 8"+ g ) (6-11)

The degree of polynomial G; is less than the degree of polynomial G; in

Equation (6-11) because if the same form of polynomial G, is used, that

is

Gy@®) =8(g 8" +g,8"  + . +g) (6-12)
this implies that
by +¢; g7 =b (6-13)

where by is the first coefficient of polynomial R in Equation (6-3).

Equation (6-13) will be satisfied if and only if g'; is always equal to zero

and this cannot be true.

The next step is to choose the coefficients of F, G; and G, such that the

Diophantine equations (6-2) are satisfied. The degrees of polynomials F,
G, and G, can be obtained by solving the following equations:

(6-14)

deg A + deg F = deg T
3 deg F — 1 = 2 deg T - 3

For clarity, the polynomial argument & has been dropped from Equation
(6-14). This will also be the case elsewhere provided there is no

ambiguity. The second relationship in Equation (6-14) shows the number
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of the unknown coefficients to be calculated and has been determined
using the same procedure as given in Section 5.4.2. By keeping the dc

. T
gain of the system constant (dc gain = —'t’i), the number of known
n,

coefficients will be reduced from (2 deg T-2) to (2 deg T -3).

By considering Equations (5-5) and (6-11), the solution of Equation (6-2)
takes the form of

(1.0 0 0 0 0 0 o oy(f) [t~ @
a 1 0 0 ¢ 0 0 0 0 0]||f, h - &
@ a 0 & ¢ 00 0 Of|fy| [F™@
a & a1 0 ¢ ¢ 0 0 0 0f|f, b
0O & &2 &« 0 0 ¢; ¢ 0 O Of (g - b
0 @ @& 0 0 0 ¢ 0 0 0||g| | *
0 0 g 0 0 0 0 0 0 0f|g 6
by 0 0 00 0 ¢ 0 0f]g, r - b
b, b O 0 0 0 0 ¢, ¢ 0]]g r
0 b b 0 0 0 0 0 ¢ allg r
0 0 B 5 000000 c)le) | rn ) (615

Equation (6-15) can be written as

NX=Y (6-16)
The solution of Equation (6-16) is

X=Nly (6-17)
where X gives the controller parameters.

Equation (6-17) cannot be solved because matrix N is singular. The
singularity may be realised by considering Equation (6-18) which has
been obtained by combining the equations of Equation (6-2).

ACG, - BCGy = AR - BT | (6-18)
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It can be seen from the Diophantine equation (6-18) that there is a

common factor (polynomial C) in the left hand side only. This shows
that there would be no solution for the adaptive controller unless it is
modified [81]. Notice that there is no such problem with the continuous-
time system shown in Figure 6.1 because polynomial C is a pure number

(see equations given in Appendix VII). The solution for the discrete-time
model is to replace polynomial C(8) = c¢;8 + c, by the constant

coefficient ¢, in the second equation of Equation (6-2) ensuring that there

is no common factor in the left hand side of Equation (6-18). This can be

obtained by modifying the adaptive control scheme as shown in Figure
6.3.

APy, (p.u) B(9)
T A(d)

p> >
+
AVeet 5 C(9)

(p.u) A(d

G2(9) - + | G(9 L |
F(s) F(S) C(9)

Figure 6.3: Modified scheme for MRAC

For discrete model Equation (6-1) is modified as :

BF + G2C CF
830 = AF 4 G .0p APt + AF 3 Gy, AVeer®) (6:19)

Equation (6-15) can be rewritten as:
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(1 0 0 0 0 0 0 0) (f,\ (t. - a)
a 0 0 0 0 0 of|S, t. - a
a a 1 0 0 0 0 0 of|f, t, - a,
& @& al 0 ¢ 0 0 0 0 0]]f, t.
a a a 0 0 ¢, 0 0 0 O &\l = ts
a a 0 0 0 ¢ 0 0 0f]g, .
a 0 0 0 0 0 0 of]g, t
b 0 0 0 0 0 o0f]eg, ro- b
b, b 0 0 0 0 ¢, ¢ 0|]8&, r
0 b, b 0 0 00 0 ¢ ¢flfs r
0 0 b b 000 00 0cflg,) | »n | (6-20)

6.2.4 Estimation of plant transfer functions

The same procedure given in Section 5.4.3.1 is used here to estimate the

closed-loop transfer function Gy(s) = l% Consider the block diagram of
Figure 6.4 where Ay, B} and C) are the polynomials at the new operating
point; -

A =8+ a'; 8% +a, 8+ a'y

B(8) =b'; 5 + b,

C1(8) = C'l o+ C'2 (6-21)
Fm @Y [ By
Ay(5)

i + A d (rad)
) >
+

AV, > C(3)
(P A(3)

Ga(® | = + |G(d Co ||
F o) ”(’?‘ F(g C)

Figure 6.4: The block diagram of the system at new operating point
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Let the identified polynomials R’ and T be as

R'(S) = bl 86 + l"l 85 + ...+ l"6
T(®) = 88 +t' 8 + t'y 86 + ..+ tg (6-22)

By considering Equation (6-20) the parameters of the open-loop system
can be calculated by the following equation:

(Y (1 0 0 0 0 o Y'( . G
al C2 tl - fl - -
fi + = 1 0 0 0 0 G
a. “ : C2
) 0 0 f4 ¢ 0 0 0 hh - fz - fl -
a; 1 , G
bl © 0 0 o2 0 o b
. .
: 0 C2 C2 C2 Is
f4 - fA + f3 - 0 0 84 _ ,
C1 Ci C1 C1 t7
Lc Sy & fo + f, & i + ) & 0 84 & & & ;
2] \ C1 C1 C1 C1 1/ ts
(6-23)

Since the delta model with a short sampling time is used, the coefficient

b’y which corresponds to the constant value of by = IM (M is the inertia of

machine in seconds) is almost the same at all operating points. Note that,

as for the PA controller, the parameters of the controller are fixed

during the identification process.

The steps involved in the Model Reference Adaptive Controller (MRAC)

are summarised as follows:

1) The linearized model of Figure 2.1 is rearranged in the modified

block diagram as shown in Figure 6.3.

(ii) At each sample interval, the coefficients of polynomials A, B and

C are estimated by recursive least-squares method.
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: : : b
(iii) Obtain dc gain of the system which is equal to 2_12' Then update
3

the coefficients of the numerator (R) of the desired closed-loop

transfer function.

(iv) Compute the control which will then place poles and zeros to

preselected locations.

6.2.5 Simulation results

The same excitation control system given in Section 5.3.1 is used here.
Regarding the closed-loop system bandwidth shown in Figure 6.5, the
sampling time is chosen as 10 msec. The equivalent discrete-time model

of Equation (6-10) is then considered as follows;

b
0.91 X 278.8 (T x 5755 ® + 9-52) 54 n)
(8% + 25.45 5+ 278.8) (8+ 9.52) X(5 + )"

(6-24)

=|x

Since the degree of the polynomial T has been calculated as 7, the value
of n in Equation (6-24) is 4. As mentioned earlier the choice of A
depends on the stability of the feedback controller. The value of A =26,
which corresponded to the root 1 = 30 in continuous-time system, gave a
stable polynomial F over a wide range of operating points. Choosing a
larger value than 26 for A is not necessary for the power system example
given in this work. Figures 6.6 and 6.7 show the time response of the
system to a 1% step change in load and a 1% step change in voltage

reference respectively.
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10

~

Gain (dB)

-10 9

-20 T—rrvrenr——rrrrrw—r—rrrw|
A 1 10 100

Angular frequency (rad/sec)

Figure 6.5: The gain characteristics of the closed-loop system G4(s)

Referring to Figures 6.6 and 6.7 it is clear that MRAC significantly
improves system damping. The settling time is reduced to 0.3 seconds
which is faster than the PA and fixed gain stabilisers, and there is no
overshoot. It is also clear from Figure 6.5 that the transfer function

A . . .
Gy(s) = As almost has a flat gain characteristics over the most frequency
AE m

range of concern (1-16 rad/sec). As explained in [34] this confirms that
the controller can provide the same damping characteristics for both local
and inter-area modes. The behaviour of the identified parameters are
also shown in Figures 6.8 (a) and (b) showing a fast convergence.
Transient performance of the system to a three phase fault with a

successful reclosure is also tested and the results are shown in Figure 6.9.

The response of the power system to a 1% step change in load for two
other operating points are also shown in Figures 6.10 and 6.11.
Transient performance of the system was also tested following a 1% step

change in voltage reference and shown in Figures 6.12 and 6.13.



6) MODEL REFERENCE ADAPTIVE CONTROLLER 130

operating point: P=1.0 p.u, Q=0.5 p.u,

X=0.4p.u
1.200
4
with PA controller
—~ 1.195-
=) with fixed PSS
1]
L
80 1.190+
8
B8
z
K 1.185-
1.180 L L v  J A B B
0.0 0.5 1.0 1.5 2.0
time (sec)

Figure 6.6: Power angle variation following a 1% step change in load

operating point: P=1.0 p.u, Q=0.5 p.u,
X=0 P

4 p.u
1.010
/
1.008 - ¢
| 4
. h &
= $
2 10064 fi with MRAC
~ [
3;9 ' = === with PA controller
§ 1.004 - /} ec=emi=  with fixed PSS
1l
10024 |
1.000 T r .
0 1 2 3 ¢

time (sec)

Figure 6.7 The changes in terminal voltage following a 1% step change in

voltage reference
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10

5
‘ i
4 '
g 0 a'l
g
c'l
5
10 Py —
0 1 2 3 4
time (sec)
(a)

Figure 6.8: Parameter convergence

parameters

time (sec)

(b)

Figure 6.8: Parameter convergence
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operating point: P=1.0 p.u, Q=0.5 p.u,
perating X=0.4p.u P

1.05 - with fixed PSS

with PA controller

1.00

voltage (p.u)

0.95

0.90 . ' r .
0 1 2 3

time (sec)

Figure 6.9: Time response of the system to a 3¢ fault

operating point: P=1.0 p.u, Q=0.5 p.u,
=1.0 p.u

1.87

d === with fixed PSS
w] M\
! {

o t
'c -
g .1 AN
71 /
O I N
8 t
B 1.84
2
&,
1.83 1 = = =° with PA controller
— with MRAC
1.& T L] T T T L
0 1 2 3
time (sec)

Figure 6.10: Power angle variation following a 1% step change in load
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operating point: P=1.0 p.u, Q=-0.5 p.u,

=0.7p.u
1.820
=)
g 19159 with PA controller
(%]
g’ with fixed PSS
St
2 1810 J
&
v
with MRAC
1.805 3 ™ - 7 —
0 1 2 3
time (sec)

Figure 6.11: Power angle variation following a 1% step change in load

operating point: P=1.0 p.u, Q=0.5 p.u,

X=1.0pu
1.020
= === with PA controller
1.015 4
E)
& %
o 1.010-
g N
g ——  with fixed PSS
1.005 4
with MRAC
1000 N . 1
0 1 2 3 4
time (sec)

Figure 6.12 The changes in terminal voltage following a 1% step change

in voltage reference
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operating point: P=1.0 p.u, Q=-0.5 p.u,
X=0.7 p.u P

1.015

7 10101 -
(=9 .
\o’ = with PA controller
20
S ——  with fixed PSS
S 1.0054
— with MRAC
1.000 -
0 1 2 3 4
time (sec)

Figure 6.13 The changes in terminal voltage following a 1% step change

in voltage reference

It can be seen from Figures 6.10 to 6.13 that the damping of the power
system has been significantly improved when compared with the other
cases. The additional zero introduced in Equation (6-9) will change when
the dc gain of the system changes. Therefore, as can be seen from
Figures 6.11 and 6.13 there might be a small overshoot for some cases.
However, since the dc gain does not change significantly, for instance for
this system dc gain is in the range of (0.3-2), the overall performance of

the system would not be appreciably affected.

The performance of the system is now examined when the excitation
system is represented by a dc gain K. Figure 6.14 shows the time
response of this model in comparison with the case where the excitation

system is given by [Ke/(1+ Te s)] to a 1% step change in load.

As can be seen from Figure 6.14 both excitation system models provide a

very close damping characteristics.
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operating point: P=1.0 p.u, Q=0.5 p.y,

- X=04 p.u
1192
J o
1.190 [
\3‘; 1.1881
= .
O 1,186 AVR =25
8 J
§ 1.184 - ==== AVR=25/(1+0.015s)
&,
1.182 4
1.180 1 | BN | S
0 1 2 3 4 5
time (sec)

Figure 6.14 : Power angle variation following a 1% step change in load

6.2.6 Stability of feedback controller

The stability of the feedback controller has also been checked for a wide

range of operating points and shown in Table I. As can be seen from

Table I polynomial F has roots in the left hand side of the delta-plane

confirming its stability for all cases.

Table I
P(; 1‘}? X=0.1 p.u X=0.4 p.u X=0.7 p.u X=1.0 p.u
0.5+j0.0 -61.424j25.52 | -55.754j21.68 -54.21417.01 | -12.724j38.76
-5.584j39.48 | -11.011j34.84| -12.474j37.3 | -53.94448.11
1.04j0.5 -59.14j32.5 |-55.224j30.31] -53.374j21.6 | -11.524543.04
-7.641j29.1 |[-11.554527.64| -13.5432.72 | -45.83, -65.13
1.0-§0.5 -64.96£j32.15| -60.334j37.68 -59.34j38.83 | -58.94j39.4
-2.04j38.93 | -7.16427.3 | -8.41423.54 | -9.024j22.38
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6.3 MODEL REFERENCE ADAPTIVE CONTROLLER USING
APPROXIMATE MODEL

6.3.1 Discrete time transfer function

In Chapter 3, it was pointed out that the shift form of the discrete-time
model bore no resemblance to the continuous-time model. On the other
hand, the coefficients in the delta form are very close to the
corresponding coefficients in the continuous model when a short sampling
time is used. It is relatively easy to check this similarity by considering

Table II for initial operating point of P+jQ=1+j 0.5 p.u and X=0.4 p.u.

Table I

Parameters al a2 a3 b0 b1 b2 c0 c1 02

“Continuous-time

39130 365| O] 125 | 333 O 0 |-722
system

Discrete-time
5.12| 133 358 0.5 126 | 326 -.01} -7.1 | -707

system

Since the coefficient -c; (7.1) in polynomial C(d) is much smaller than -c,

(707), polynomial C(8) can be written as follows;

C(®) =c, (6-25)

Equation (6-25) corresponds to the corresponding polynomial in the

continuous-time model given in Appendix VII. The time response of the

Ad .
open-loop transfer function G.(6) = AV, . to a 1% step change in
re

voltage reference is shown in Figure 6.15 for two different forms of the
polynomial C(8). This figure shows the resemblance between the two

cases. This allows one to draw an approximate MRAC as given in the

following Section.
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operating point: P=1.0 p.u, Q=0.5 p.u,
X=04p.au P

0.01
0.00 =
Paanny )
g
0.01 =
w
q
0.02 -
-0.03 L T | S T
0 1 2 3 4 5
time (sec)

Figure 6.15: Time response of the open-loop system to a 1% step change

in voltage reference

6.3.2 Determination of controller parameters

By considering the adaptive controller scheme given in Figure 6.1, the
polynomials F, G; and G, are selected as:

F) = 8" +1f; 8" + £, 8"+ .. +f,

G1(0)=06(g; 5!+ g M4 L+ 8n)

nf-l

Gy8)=8(g; 8" +g28" +..+gp) (6-26)

The degrees of polynomials F, G; and G, can be calculated by solving the
following equations.

deg A + deg F = deg T 6-27)

3 deg F = 2 deg T - 3

Since there is no polynomial as a common factor in the left hand side of
Equation (6-18) by using this method there is no need to modify the

adaptive controller scheme given in Figure 6.1 and this reduces the
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number of controller parameters to be identified (see Equations (6-20)
and (6-28)).

By considering Equations (5-5), (6-26) and (6-27), the solution of
Equation (6-2) can be found as:

(1 0 0 0 0 0 0 0 OY(f) (1 - a)

a1 000000 0|5 |- a

aa aa 1 ¢ 0 0 0 0 O], L - &

a a a 0 ¢ 0 0 0 Of]g ts

0 a a2 0 O c2 0 0 O 8, = Is

0 0 a3 0 0 0 0 O O]]eg 1s

bh 0 0 0 0 0 ¢, 0 O}]|g n - b

b b 0 0 0 0 0 ¢ 0]|g, r

0 5, 5 0 0 000 cjle) L n ) (629

Equation (6-28) can be written as

ZX=L (6-29)

The solution of Equation (6-29) is

X=7Z'L (6-30)

6.3.3 Estimation of plant transfer functions

The same procedure given in Section 5.4.3.1 is used here to estimate the

closed-loop transfer function G4(s) = 1% Let the identified polynomials
R and T be as

R'®) = by 54 +1') 83 +..4Ty

T'(®) = 8% + 78 + 15 8% + ... + tg 6-31)

By considering Equation (6-28) the parameters of the open-loop system
can be calculated by the following equation.
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(@) (1 0 0 0o oY (4 - fi

as fi 1.0 0 0f |5~ f,

a|=|fa f1 1 0 81 th o~ fs

bl |0 0 0 f3 0 ra

KC'2/ \0 0 f3 0 0/ | t'6 y, (6-32)

As can be seen from Equations (6-23) and (6-32) there is much less
computational burden to be taken for calculating the open-loop system

parameters in the case of approximate MRAC.
6.3.4 Simulation results

The same excitation control system used in Section 5.3.1 is used. Figures
6.16 and 6.17 show the time response of the system to a 1% step change
in load and a 1% step change in voltage reference respectively for two
MRACs. Transient performance of the system to a three phase fault with
a successful reclosure is also tested and the results are shown in Figure
6.18. It is clear from Figures 6.16 to 6.18 that although the system
performance is better in MRAC case, the approximate MRAC still works
satisfactorily with the advantage that there is no need to modify the
adaptive controller scheme given in Figure 6.1.

operating point: P=1.0 p.u, Q=0.5 p.u,

X=0.4pu
1.192
1.190 o
%‘ -
g 1.188
P 4
Ey 1.186 =
< ; —— MRAC
£ 1184
<3 ) = == MRAC (approximate)
1.182 4
1.180 T T L T L4
0 1 2 3
time (sec)

Figure 6.16: Power angle variation following a 1% step change in load
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operating point: P=1.0 p.u, Q=0.5 p.u,
X=0.4p.u P
1.010

1.008 -
g 1,006 -
= ] ——— MRAC
(Y1)
S 1.0044 ==== MRAC (approximate)
4

1.002 -

1.000 - . E—

0 1 2 3
time (sec)

Figure 6.17: The changes in terminal voltage following a 1% step change

in voltage reference

operating point: P=1.0 p.u, Q=0.5 p.u,
X=0.4 p.u

€l
=
o 1.004
&
°
> —— MRAC

0.95 1

= === MRAC (approximate)
0.90 T T T T
0 1 2 3
time (sec)

Figure 6.18: Time response of the system to a 3¢ fault

6.3.5 Stability of feedback controller

The roots of the polynomial F are shown in Table III. The location of

roots show the stability of feedback controller for all cases.
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Table HI

P(; l{? X=0.1pu | X=04pu | X=07pu | X=10pu
0.54j0.0 | -B76154.03 | -14.22447.1 | -14.484j45.88 | -13.824j47.95
-90.55 279.15 18.47 79.75
1.0+{0.5 | -15:684142.84 | -19.63j38.77 | -17.82j43.33 | -11.934j50.72
772 6834 74.19 84.2
1040.5 | “7-56157.6 |-17.824143.33| -22.77437.08| -25£j35.46
-94.87 74.19 -64.05 -59.92

6.4 POLE SHIFTING ADAPTIVE CONTROLLER

A self tuning controller based on Pole Assignment had the advantage of
overcoming the drawbacks of Minimum Variance control and of
incofporating a comparatively simple calculation algorithm. In addition,
it always produces a much smoother control action which is more
acceptable [44]. Based on the PA control technique, a Pole Shifting
controller has been proposed by [32] to simplify the selection of the
closed-loop poles while retaining the basic advantages. In this technique
the closed-loop poles of the system are shifted radially towards the origin
of the unit circle in the z-domain by a preselected constant factor (o) less

than one [32]. This method will now be compared with the new method

presented earlier in this chapter.

6.4.1 Determination of controller parameters

Consider, for example, an open-loop system can be represented by the

transfer function
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B(a-1
Y= aes w (6:33)

where y(k) and u(k) are the sampled output of the system and the
computed control at sample instants respectively, and q-1 is the backward
shift operator. Polynomials A and B are given by

A@)=1+a q'+ a, Qi+ ay, q"a

B@D)=byq" +byq” +..+b, (6-34)

It should be noted that in this section the aim is to compare the same Pole
Shifting controller appeared in the literature with the proposed adaptive
controllers in this work. Therefore, the shift operator is used instead of

the delta operator.

The control is computed from [44]

-1
u®) = By YK (6:35)

where polynomials F and G are given by

FqD=1+fq +fq +..+f, q"f
-1 2
Gl =g;q +gq +..+ En, (6-36)

The closed-loop system is shown in Figure 6.19. From Figure 6.19 the

closed-loop transfer function will be

y(k) _ B(q-1) F(q'1) )
e(k) ~ A(q-!) F(q-1)+G(q'1) B(q'D) (6-37)

By choosing the closed-loop poles as the roots of the polynomial T

T@D=1+4q +5q +..+t, q " (6-38)
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the control parameters fj and gj are computed from

A@q!) F(@') + G(g'}) B(q')) = T(q'}) (6-39)
e(k) Y B( q's y(k)
A(q)
" uk)
G(q)
F(q)

Figure 6.19 The closed-loop system

Although the actual system is of a high order, it is identified as if n,=3

[32]. By using the same method given in Section 5.4.2 it can be seen that
ne= 3. Considering Equations (6-34), (6-36) and (6-38) the solution of

Equation (6-39) takes the form of

(1 0 0 0 0 OY(f) (4 - @)
a1 0 p 0 Off h - &
a2 aa 1 by by O [ s — a
a a2 a 9 b, b||& ts

0 a3 ao 0 0 Bl 18, ts

0 0 g 0 0 0)\g,

\ \ ts

.

(6-40)

The open-loop poles of the system are obtained by solving the

characteristics roots of the polynomial

A(@h)=0 (6-41)

If all roots of Equation (6-40) are within the unit circle in the z-domain,
the system is stable. Obviously, the system is more stable the closer the
poles are to the origin of the unit circle. The function of the Pole
Shifting Self Tuning Regulator is to shift all roots of Equation (6-41)

towards the origin of the unit circle by a factor o such that T becomes
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T(q'))= Alag-D)=1+0a; ¢ +0’a; g 2+, +o" an, q
=1+0a, q'1+oc2a2 q'2+oc3a3 q'3 (6-42)

Considering Equations (6-40) and (6-42) implies that
(10 0 0 0 OY(f) ((@ -1 a)

a 1 0 p 0 Oflf, (o - 1) a
a a ! by by O||Ss (o - 1) a

a a2 ai 9 b, bh||& 0
0 a3 a; 0 0 p,||8& 0
\ O 0 as 0 0 0 ) \g3/ \ 0 Y, (6_43)
Equation (6-43) can be written as
QX=I (6-44)
The solution of Equation (6-44) is
x=Q'1 (6-45)

6.4.2 Estimation of plant transfer function

System identification can be represented by considering the rotor speed

(®) and the control input u as shown in Figure 6.20.

®
Ke — J- generating plant >
1+s To

washout

Ul dentifier  |g——

I § e

controller

Figure 6.20: Proposed scheme for identification and adaptive controller
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A sequence of psedurandom noise is superimposed with the control input

u to perform the identification process.

6.4.3 Simulation results

The same excitation control system used in Section 6.2.5 is used. Figure
6.21 shows the time response of the system to a 1% step change in load

for the Pole Shifting (PS) controller and the PA and MRAC given before.

operating point: P=1.0 p.u, Q=0.5 p.u,
X=1.0p.u
1.87

with fixed PSS
with PA controller

1.66 =

E -
> 1854 /\
) .
g { \/
L 1.84+
(3]
C3 i
2

1.83 4 with PS controller

with MRAC
182 T T L L § T
0 1 2 3
time (sec)

Figure 6.21: Power angle variation following a 1% step change in load

It is clear from Figure 6.21 that both PA controller and MRAC given in
this work have better performance than PS controller.

6.5 MULTIMACHINE CASE

6.5.1 System block diagram

The same linearized model of Figure 2.2 is used here.
6.5.2 A simplified block diagram

For the analysis purposes of this work the block diagram of the linearized

model shown in Figure 2.2 may be reconfigured to a simplified diagram
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as shown in Figure 6.22. This figure shows the effect of disturbances

such as a small change in load (APy) and power swing disturbances

(APg). The denominator of Gp;(s) is the same as the denominator of

Gg;(s). Each transfer function given in Figure 6.22 represents the

individual ith machine. Therefore, the coefficients of all polynomials are
the same as the ones given for a single-machine infinite-bus model in
Appendix VII with the exception that the "Kji" parameters are obtained

from the linearized model of the entire system.

A\fef—b G(s) GE)
G Ai(s)
K6ijAE'qj
= Di(s)_
Keyas, %= A )
(1/K3 ;) AEq;

Figure 6.22: A modified block diagram of Figure 2.2

6.5.3 Fixed gain PSS for design operating point
The same example given in Chapter 4 is used here.
6.5.4 MRAC using approximate model

6.5.4.1 Adaptive controller scheme

By using a decentralised structure each generator is equipped by the
adaptive controller shown in Figure 6.23 where the effect of other

machines on the power system is also included.
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B; (8)
G4(0) =L
LW
Ci(5)
G.(8) =2
i(0) Ai (5)
G2 | : G ()
Fi (9) F; (9)

Figure 6.23: Block diagram of the closed loop of the ith machine

The coefficients of transfer functions Gg; and Gg; for the two-machine

system are given in Table IV (see Equations (5-5)). A delta operator

discrete model has been calculated using a sampling time of 0.01 sec.

Table IV (generator #1)

Parameters a a a b b b C C C
1 2 3 0 1 2 0 1 2

Continuous-time
system

20917311730 | O 159 [ 3087 O 0 [-1902

Discrete-time system | 19.6 | 75.9 | 658 | 0.8 165 |2783] -.03 | -17.4 | -1714

Table IV (generator #2)

Parameters a a a b b b C c C
1 2 3 0 1 2 0 1 2

Continuous-time
system 27.811251 124 | O 43 11771 O 0 -1493

Discrete-time system | 24.4 | 12.5] 109 |0.2| 45 [1028(-.02| -13 [-1303

6.5.4.2 Determination of controller parameters

The same reference model used in Section 6.2.2 is also used here. In
order to design the adaptive controller it is assumed that the excitation

system is given simply by its dc gain. Therefore, the same Equations of
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(6-26) and (6-28) can be used to obtain the controller parameters.
Although this model is assumed in setting up the identification algorithm,

simulation studies have represented the actual excitation system by the
more accurate model [Ke;/(14Tg;s)].

6.5.4.3 Estimation of plant transfer functions

The same procedure given in Section 5.4.3.1 is used to estimate the
transfer function Gg;(6). The open-loop system of ith machine can be
obtained using Equation (6-32). The effect of other machines on the ith

machine due to dynamic interaction will be considered by measuring the
signal APg; and Ad;. The A9, is also affected by the other signals such as

2K5;;A8; and XKg;; AE'q;. However, the latter signals are not necessary

to be measured because they do not have any effect on the identified
transfer function Gg;(3) (see Figure 6.22). The AV ef; is considered to be

zero [45].

6.5.5 Simulation results

Figures 6.24 (a) and (b) show the response of the system to a small step
change in load for approximate MRAC and fixed PSS for generators 1
and 2 respectively. The behaviour of the identified parameters is also
shown in Figures 6.25 (a) and (b). The transient response of the system
is also tested for another operating point (see Appendix VI) where the
designed fixed PSS has been used and shown in Figures 6.26 (a) and (b)

for generators 1 and 2 respectively.



6) MODEL REFERENCE ADAPTIVE CONTROLLER

149

AS (rad)

A8 (rad)

0.03
with fixed PSS
0.02 =
with MRAC (approximate)
0.01
0.00 —4¥——"—7—">v—""7"—"—"T—7r—71>
0 2 4 6 8 10
time(sec)
(a) generator #1
0.06
0‘05_' «€— With fixed PSS
0.04 '
0.03 { with MRAC (approximate)
0.02 -
0.01 "
0.00 = T 7 T T
0 2 4 6 8 10
time (sec)

(b) generator #2

Figure 6.24: Power angle variation following a small change in load
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c'2
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4 6 8 - 10
time(sec)
(a) generator #1
2000
b'2
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1000 '
3’3 a'2
g v il
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& -500 a'l 2
-1000 +
-1500
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(b) generator #2

Figure 6.25: Parameter convergence
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A3 (rad)

AS (rad)

0.04

with fixed PSS

0.03 ~

0.02+ with MRAC (approximate)

0.01

0 2 4 6 8
time (sec)

(a) generator #1

10

with fixed PSS

with MRAC (approximate)
0.02

0.01

time (sec)

(b) generator #2

Figure 6.26: Power angle variation following a small change in load

As can be seen from Figures 6.24 and 6.26 the adaptive controller

performance is superior to the fixed PSS, especially where the operating

point changes.

6.5.6 Stability of feedback controller

The roots of the polynomial F are shown in Table V. The location of

roots show the stability of the feedback controller for two operating

points.
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Table V

Normal operating point

Other operating point

Generator #1

Generator #2

Generator #1

Generator #2

-20.061j16.86
-6.49

-2.3354j26.9
-37.1

-21.94417.82
-5.01

-4.14j24.9
-34.34

6.6 CONCLUSIONS

A new type of Model Reference Adaptive Controller using an explicit
system identification which does not require calculation of the error
between the plant output and that of model has been presented. In this
algorithm the controller parameters have been adjusted so that the poles
and zeros of the closed-loop system are placed at desirable locations. It
has been shown that using the delta operator in discretization allows the
designer to use a more simplified controller with an approximate discrete
model as this needs less computational time. It also simplifies the
controller algorithm based on a continuous-time control strategy by
reducing the number of controller parameters to be identified. The
MRAGC:s given in this chapter have provided desirable performance over a
wide range of operating points. A comparison of the proposed
controllers given in this work with the PS controller appeared in the
literature has been also given. The results confirmed the superiority of
the PA controller and MRAC. The proposed adaptive controller is also

tested for a multimachine case where the results show a better

performance of approximate MRAC than the fixed PSS.
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Chapter 7
CONCLUSIONS

The goal throughout this thesis has been to search for an adaptive

controller which is able to provide a desirable response over a wide range

of operating points.

It was shown that a low order model of the open-loop system including
the generator model and the excitation system could sufficiently represent

the actual system for the design of the adaptive controller.

When adaptive controllers are to be applied to power systems, it is
essential that the continuous-time system be discretized by using a suitable
mathematical model. A comparison between two mathematical models
for discretizing power system transfer functions showed that the shift
model representation was very sensitive to numerical round-off when
short sampling time was used. This had several undesirable results such
as incorrect steady state response, frequency response and difficulties in
- identifying power system parameters. The delta operator was used to
solve these problems. It not only gave more accurate results but had the
added advantage that its transfer function bore a close correspondence to
the continuous-time system by ignoring sampling zeros from
discretization. This advantage allowed to use a more simplified adaptive
controller such that the less controller parameters had to be identified and

this reduced the computational time.

Adaptive controllers based on Pole Assignment and model reference
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adaptive techniques using the delta operator were then proposed. In the
Pole Assignment adaptive controller the controller parameters were so
designed that the poles of the closed-loop system were placed at well-

damped locations.

In all STC techniques the exact desirable response does not always follow
because there is no effort to fix the location of the zeros as well as the
poles. Accordingly, the PA controller was modified by using a new type
of Model Reference Adaptive Controller. This algorithm, in which the
poles and zeros are located at preselected locations using an explicit
system identification, gives the specified desirable response for all
operating points. In this model reference adaptive technique there was no
need to obtain the error between the plant and model outputs. The results
of a SMIB and two-machine power systems showed that the proposed
adaptive controller would provide better damping characteristics than a

fixed PSS, especially where the operating point changed.
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Appendix I: The synchronous generator equations [4]

The synchronous generator equations in per unit form in terms of Park's d-

q axes are:
Pd=w- o

p® = (0o/(2 H)) (Tm - Te - D (@ - o))
pe'q = (1/T'go) (Vg - €'q - (xd-x'd) iq)
Ve=Vg+xdid

€'q=Vq+Xx'did

Vt2 = Vg + Vé

Te=Vq4ig+ Vqig

Vda=xqiq

where p stands for derivative.

The limiter values for excitation system and stabiliser are + 7 and + 0.2,

-0.1 p.u respectively.

Appendix II: Design of simplified and conventional stabilisers [3,4]

The objective of a power system stabiliser (PSS) is to add damping to rotor
oscillations. This is achieved by modulating the voltage regulator set point
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to produce torque variation in phase with speed. Power system stabiliser

transfer function may have two forms of

1- Conventional PSS [3,4]

o [T 1+Tis\ | AU
—> K >
1 +Tws s.l (1 +T2s
hout s
washou phase-lead compensator
k=1or2
2- Simplified PSS [5]
Aw K s AU
82 1+Tas >

gain
phase-lead compensator
and washout

In order to obtain the PSS parameters a general procedure may be outlined
as follows [3,4];

a) The undamped natural frequency of oscillation wp is obtained from the
torque angle characteristic equation derived from mechanical loop as

shown in Figure A.1.

Ki

Aw® W, Ad
S (l'dd)>

Figure A.1

The characteristic equation would then be
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s2+(D/M)s+(K;0,/M)=0 (1)

This gives rise to damped oscillation with frequency w, V1-{2 and
damping ration { where

K
wn=\/—i4% and§=%D/\lK1M0)b ?)

b) The phase lag produced by voltage regulator loop as well as the

reciprocal of its magnitude for the undamped natural frequency w,= K%z

rad/sec is calculated as follows (see Figure A.2);

ATs K3 K, K, .
AUe= < T+K. K3 K+ T K3 s 5= an )

-

It should be noted that since the feedback path through K4 provides a small
positive damping component, it is considered negligible [3].

TATS A® $

K2 PSS G(S)

sy,
z

K3 <
¢ 1+ K3Ty,$ ©

Ks

Figure A.2: Component of torque produced by voltage regulator action

¢) Considering a suitable value for damping ratio { , the damping

coefficient would be
D=2C‘\JK10)bM (4)

From Figure A.2 it can be seen that
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ATg
AUe

laTl=Dlawl=155 00 16O sjoulan | )

Therefore, the gain of G(s) can be calculated as follows;
D
AT
I—A_ljse Is:jmn I G(S) Is:jmn

(6)

Now one example is taken from [3] where the generator parameters are

Xg = 1.6 p.u, xg = 1.55 p.u, x'¢= 0.32 p.u, T'go = 5.0 sec, H = 1.5 and
K4=0.01.

The exciter gain is considered as Ke = 25 [5]. By considering operating

point
P+jQ=1.0+j0.5 p.u and Terminal voltage, Vi = 1.0 p.u

the "K" parameters of linear model of Figure 2.1 would then be K1=1.01,
K2=1.17, K3=0.36, K4=1.47, K5=-0.097, K¢=0.417. Then by using the
procedure explained earlier the PSS parameters for such a system are

obtained as follows;
1- simplified PSS: Ks, =10, Ta = 0.05 sec

2- conventional PSS: Ks; =7.2, Tw =10, T1=1.32, T2 = 0.05, k=1

Transient performance of the power system to a 5% step change in load, a
5% step change in voltage reference and a three phase fault close to
generator bus with a successful reclosure was tested for both kinds of PSSs

and shown in Figures A.3 (a), (b) and A.4 respectively.

Referring to figures A.3 and A.4, it can be seen that the results are almost

the same for both kinds of PSSs.



APPENDICES 160

1.26
1.24
7~~~
=)
P
= 1.2
o .
= simplified PSS
1.20 .
= conventional PSS
1.18 4 T r _—
0 1 2 3 4

time (sec)

Figure A.3 (a): Time response of the system to a 5% step change in load

1.05
? 1.()4J
o,
N’
®
%0 1.03 -
i) simplified PSS
S
'§ 1.02 1 —— conventional PSS
= 1.01
1.00 T T T T Y T

time (sec)

Figure A.3 (b): Time response of the system to a 5% step change voltage

reference



APPENDICES 161

~~

=3

&

o

80

=

=

>

E 0.95 = simplified PSS

E = conventional PSS
= 0.904

0.85 v T v T | Sum— |
0 1 2 3 4

time (sec)

Figure A.4: Time response of the system to a three phase fault close to

generator bus after a successful reclosure

The parameters of the exciter and PSS for the case of high order model

have been obtained as follows;
Ke=25, Te =0.01 [34,49], Ks =8.5, Tw=10,T1=1,T2=0.02, k=1

Appendix III: Derivation of transfer function G4(s) with stabiliser

For low frequency oscillations produced by a disturbance APy, the change

in the power angle Ad can be modelled as follows;

(i) high order model
Ga(s)= %gl _ Bis4+ Bys3 + Bs2 +Bys + Bs )
d(8) 7 s6+ Aysd + Agst+ Ass3+ AgsZ +Ass+ Ag
where
Ag=K3T'go Te M Tw T2

A1=(K3 T'4o TE M (Tw+T2+Kgq Tw T2) + (K3 T'a0+Te) M Ty T2)/Ag

A2=(K3TdoTe M + Ky (T2 + Tyw) + K1 Tw T2) + (K3 Tgo + Te) M
(Tw+T2) + Ka Tw T2) + (1 + K6 Ke K3) M Tw T2) / Ag
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A3=(K3 Tgo Te (Kq + K1 (Tw + T2)) + (K3 T'go + Te) M+Kg (T2 + Tw)
+ K31 Tw T2) + (1 + K¢ Ke K3) (M (T2 + Ty,) + Kg T2 Tw) + K2 K3
(-K4Te To Tw + Ks Ke Tw T1)) /Ag

Ag= (K3 T4o Te K1+ (K3 T'go + Te) Kg + K1 (T2 + Tw)) + (1 + Kg Ke
K3) M+ Kq4 (T2 + Tw) + K1 T2 Tw) + K2 K3 (Ks Ke Tw - K5 Ke T
Tw-Ka (Te (T2+Tw) +T2Tw)) / Ao

As= (K1 (K3 T'go + Te) + (1 + K¢ Ke K3) (Kq + K1 (T2 + Tw)) + K2 K3
(-K4 (T2 + Tw +Te) - Ks Ke (T2 + Tw))) / Ao

Ae= (K1 (1+K¢ Ke K3) + K2 K3 (-K4-K5Ke)) / Ao

B1=(K3 TaoTe T2 Tw)/ Ao

B2 = (K3 T'4o Te (T2 + Tw) + T2 Tw (K3 T'go+Te)) / Ao

B3 = (K3 T'go Te + (K3 T'do + Te) (T2 + Tw) + T2 Tw (1 + K¢ Ke K3)) / Ag
B4=((1 +KgKe K3) (T2 + Tw) + Te + K3 T'4o) / Ag

Bs=(1 + K¢ Ke K3) /Ag

(ii) low order model

2
A8(s) Bis +B2s+B3
=4 3 2
APa(S) ~ y A5 +Ass +Ass+A,

G(s)= ®

where

B1=(K3 T'q0 Ta) / (K3 T'ao TaM)

B,=((1+KcK3K6)Ta + K3T'40) / (K3 Tao TaM)

B3=(1+KeK3Kse) / (K3 T'go TaM)

A1=(K3T'4oM + (14+KK3Ke)T-M + KgK3TaT'g0) / (K3 T'q0 TaM)

Ar=((1+KKaKe)M+KgKa T go+(1+KK3Ke)KgTa+ K1 K3 T, T g0+ KeK3K2K) /
(K3 T'g0 TaM)
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As=((1+KK3Ke)K+K1 K3 T go+(1+KeK3Ke)K To- KoK Ta (K4+KeKs)) /
(K3 T g0 Ta M)

A=((1+KK3K6)K1-KoK3 (K4+KeKs)) / (K3 T'g4o Ta M)

Appendix IV: The condition for significant numerical difficulties of
the shift operator

The discussion in this Appendix closely follows that in Middleton [83].

n
Let p(x) = Y a;xi denote a polynomial in a complex variable x. Assume
i=0

that each coefficient has similar relative accuracy as would occur when the
numbers are represented in a computer in floating point format. Individual
terms may be positive or negative and the relative accuracy will be worse
when the polynomial consists of large terms which almost cancel.
Following this concept, reference [83] defines the "numerical
condmomng associated with the polynormal as:

1
Zlalx |

2.(absolute terms) i=0
v(x)= : ©)
2.(signed terms) :
Zaixl

A large value of Equation (9) suggests that the polynomial will be sensitive
to numerical round-off. The relative robustness of the 6 and q

representations can be compared by examining the ratio

characteristic equations, i.e. the denommator of the transfer functions.

These are taken to be py(d) = 8" +a, 18" o+ a,, for the delta model

1 .
and Py @ = q + b1 q + ...+ by for the shift model. These coefficients

are related to the sums of the products of roots. For example, if the roots

of Pq(CI) are qi;, ..., 4i, then
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ol= Y lgj.q | (10)
i # i,
joh -1 .
Using & = andq= " one can show:

S h™™* a (2 - 2 Cos (wh)) 2

V() k=0
V@) n (1)
3 1o
k=0
where by has been given above and
B 1=0"F Y 150, |
11# Ip#...0nx
k qil- I Qipy - 1
=h" I—h—llnh—l
i1# I#. . dnk
= 2 Iqi1 - 1I...Iqin_k - 1 (12)
2 iy dpy

Let suppose the system is at least a fourth order system with four poles as

is reasonable for a power system transfer function. Considering ®s =50 @

implies that

(2-2Cos (@h) 2 << 1 (13)

fork>1 and

(2-2 Cos (@h) %=1 (14)
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when k = 0. For the 6 form to be more robust:

V(W) << vq((o) (15)

To satisfy Equation (15), the following Equation has to be satisfied when
k=0:

X i
" lay << 1 by | or B lay 1<0.11by | (16)

For a system having four poles Equation (16) can be written as follows:

| qil -111 qi2 -111 qi3 -111 qi4 -11<0.11 qil qiz CIi3CIi4 | an
It is assumed that all poles are in the right hand side of the unit circle and
therefore have the same sign. Considering the pole with smallest

magnitude (qx) and Equation (17) implies that

1
qu-lI<(0.1)1/4qu|orlqk-1|<§qul (18)

For the other terms in numerator and denominator of Equation (11) (i.e.,
k>1), by considering Equations (13) and (18), Equation (15) will be seen to
be satisfied.

Appendix V: Australian power system

The generator parameters using 100 MVA base are

H=16.5sec,xyj=Xq= 0.476 p.u, x'y=0.05 p.u, T'do = 5.3 sec and

the operating points for two different cases are
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1993 high load 1993 medium load

P 8.7 4.4

Q 1.206 0.326

Vit 0.9789 +0.2045 10.9803 +10.1977

Vo 0.9962 -10.0872 {1.0288 - j 0.0503

Z 0.0024+ i 0.03539 | 0.00401+j0.04941

Y 0.208 - 1.939 -0.682 - j 0.709

All parameters have been given in p.u. on 100 MVA base.

The parameters of the Hydro system taken from [3] are as follows:

H =35.0 sec, xq = 1.14, Xq = 0.66 p.u, x'q = 0.24 p.u, T'qo = 12 sec and the

operating point is P+jQ=1.0+j0.5 p.u and V,=1.0 p.u.

Appendix VI: Multimachine system

The generator parameters are as follows;

Frequency=60 Hz, MV A base=3000

Generator #1 Generator #2
MVA base 700 2600
P(MW) 600 2400
QMVAIr) 103.45 1335.9
Tdo 7.6 7.6
Xd 0.9 0.9
x'd 0.3 0.3
Xq 0.68 0.68
H 5.07 5.07
Vi 1.0 1.05
angle 0.0 38.89
D 1 5

V3=0.986 = -11.7, Pjpad=3000 MW, Qioad = 1000 MVAr, X¢ = -j1.48,

and reactance lines are both j1 p.u. All parameters have been given in p.u



APPENDICES 167

except machine inertia H and time constants which are in seconds. The

exciter gain and its time constant are 250 and 0.01 sec respectively for each

generator.

The linearized equations are obtained as follows [4];

[-0.42265 -0.11204 -0.15337 0 0 0.10781  —0.00831 0
377 0 0 0 0 0 0 0
0 -0.05722 -0.25589 0.13158 0 0.05722  0.07274 0
A= 0 -1111 -14528  -100 0 1111 —8195.25 0
0 0.00148 -0.03587 0 —0.56896 -0.00159 —0.12043 0
0 0 0 0 377 0 0 0
0 0.01688 —0.0036 0 0 -0.01688 —0.18085 0.13158
| 0 -1773.5  -1269 0 0 1773.5 -20720.25 -100 |

T
B- 0 0 0 25000 0 0 O O
000 O 00 0 25000

The eigenvalue analysis of the above equations shows that the lightly
damped mode is -0.16241j6.6626. A participation factor analysis given in
[28] shows that both generators are effective in this mode. Therefore, the
PSSs are so designed that the phase lag produced by this mode in each
excitation system is compensated by using the same method given in

Appendix II [4,102]. The PSS parametrs are obtained as follows;

2s 1+0.1s
Generator #1: 10 7795 1+002s

2s 1+0.06s
Generator #2: 371+2s 1+002s

The other operating point is given as follows;

V1=0.95 < 2, V3=1.02 £ -20, P16ag=3800 MW, Qload = 190 MVAr. It
is assumed that the terminal voltage of the second generator with a higher

inertia remains constant.
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Appendix VII: Derivation of transfer function Gy(s) and G_(s) with no
stabiliser

For the power system without PSS G4(s) and G_(s) can be modelled as

follows;

AS(S) IE]S-+:E&

=3 2
ZSIﬂm(S) s +Fi1s +F s+ F3

Gy(s)=

Ad(s) G

- —_ 2
AVrer(s) s3 +Fis +Fs+F;

Ge(s)

Gi(s)=5—! (19)

2
s +F1s +F,s+F;

where

E1=(K3 T'g0) / (K3 T'qo M)

E>=(1+K:K3K5s) / (K3 T'go M)

F1=((1+KK3Ke) M + KgK3T g0) / (K3 T'g0 M)
Fo=((1+KK3K6)Kg+K1K3T'40) / (K3 T'990 M)
A4=((1+KK3K6)K;-K2K3 (K4+KeKs)) / (K3 T'go M)
G1=-(KK3 K2) / (K3 T'g0 M)

Hi=-(K3 K2) / (K3 T'ao M)
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