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ABSTRACT 

Market segmentation studies have become very common in tourism research. While the 
majority of studies follow an a priori segmentation approach by profiling certain subgroups of the 
tourism market that are defined in advance, the popularity of post-hoc, a posteriori or data-driven 
segmentation approaches has increased dramatically since its introduction into tourism research in 
the early Eighties. This paper aims at reviewing data-driven segmentation studies conducted in 
tourism research with respect to the constructs under study and the methodology used, investigating 
developments over the past 24 years since the introduction of data-driven segmentation into tourism 
and providing an outlook on directions of further development.   

 
INTRODUCTION -  
MARKET SEGMENTATION IN TOURISM RESEARCH 

Market segmentation research has a long history in tourism research. Both a priori 
(Mazanec, 2000) or commonsense (Dolnicar, 2004) and post-hoc (Meyers & Tauber, 1977) or a 
posteriori (Mazanec, 2000) or data-driven (Dolnicar, 2004) segmentation studies have frequently 
been undertaken to gain an in-depth understanding of parts of the tourism market in order to 
improve the possibilities of targeting marketing activities towards attractive sub-markets. The basic 
idea underlying market segmentation is to identify or define groups of tourists who are similar with 
respect to the construct of primary interest, for instance, travel behaviour, travel motives, patterns of 
expenditure. 

Data-driven segmentation studies are exploratory in nature and consist of a number of 
steps that are crucial to the quality of the solution derived (Bailey, 1994; Aldenderfer & Blashfield, 
1984; Arabie & Hubert, 1994; Wedel & Kamakura, 1998).  

These steps include (1) the data collection stage, (2) the data pre-processing stage (if 
needed), (3) the segmentation stage, and finally (4) the validation stage. Within each of these stages 
a number of alternative options exist and it is the researcher’s responsibility to evaluate the 
appropriateness of these options for the problem at hand and choose the optimal way to proceed. 
For instance, during the segmentation stage the researcher needs to decide which distance measure 
to use, which the most appropriate algorithm is (especially given that algorithms are known not only 
to reveal structure, but also impose it on the data), how to determine which number of segments 
best represents the market situation, and finally, which of the many possible solutions (even within 
the same number of segments) to select, and whether to inform tourism industry that the segments 
derived are naturally occurring distinct groups of tourists or artificially constructed by the 



researcher for the purpose of more efficient target marketing, both of which are legitimate 
approaches to data-driven market segmentation.      

The aim of this study is (1) to review data-driven segmentation studies undertaken in the 
field of tourism research with respect to the constructs that are typically investigated and the 
methodologies typically applied, (2) to study whether changes of focus or methodologies have taken 
place over the past 24 years since the introduction of data-driven segmentation into the area of 
tourism research, and (3) to derive development opportunities for the future from this systematic 
literature review. As such, this study extends the work undertaken by Frochot and Morrison (2000), 
who comprehensively reviewed benefit segmentation studies in tourism and by Dolnicar (2002), 
who reviewed data-driven segmentation studies in tourism that use different constructs as 
segmentation base. 

Improving market segmentation solutions for the benefit of tourism industry thus requires 
strong segmentation bases rather than random information easily accessible as well as an unflawed 
methodological approach. While this article focused on methodological aspects of data-driven 
market segmentation, it should be clarified that the foundation of any segmentation solution is the 
quality of the information that is used to group tourists. A number of experimental studies have 
demonstrated that the inclusion of only one or two irrelevant pieces of information has major 
negative impacts on the ability to detect the true segments. It is not more difficult to collect the data 
for a data-driven market segmentation study than it is to conduct any other survey: the constructs 
used to segment have to be well operationalised, should not be redundant and should be expected to 
discriminate between segments.   

The paper is structured as follows: first, details on the method are provided. Next, study 
results are presented in two sections, one profiling data-driven segmentation studies in tourism, the 
second one providing results on the comparison of studies conducted before and after 2000. Finally, 
the findings are discussed, and conclusions are drawn.  
 
METHODS 

In order to investigate the nature of data-driven segmentation studies typically 
undertaken in tourism research and changes that might have taken place since the pioneering 
work of data-driven segmentation in tourism in the early Eighties, a structured literature review 
approach was chosen. Only studies investigating market segments among tourists (as opposed 
to residents, or tourism businesses) that were published in academic journals were included. In 
sum, 75 manuscripts were reviewed and coded into a data set. Most of the studies were 
published in the Journal of Travel Research, Tourism Management and the Journal of Travel & 
Tourism Marketing. Papers from 1981 until 2005 were included, thus covering more than two 
decades of data-driven segmentation research in tourism.    

Sixteen criteria were coded which reflect the basic structure of a data-driven 
segmentation study as described above: author, journal, publication year, sample size, number 
of variables in the segmentation base, format of the data used, whether data structure was 
studied before segmenting the data, of which nature the segmentation base was, whether or not 
data had been pre-processed before segmenting, if factor analysis was used for pre-processing: 
how many factors emerged, the clustering algorithms used, the distance measure used, the 
method used to determine how many clusters to extract, the number of clusters extracted from 



the data, whether or not validity test were undertaken and in which way and whether or not 
stability tests were undertaken.    

Frequency analysis of this data will allow conclusions to be drawn with regard to 
research question (1), a comparison across years will allow to investigate whether changes have 
taken place over the past decades (research question (2)) and development opportunities 
(research question (3)) will be derived by comparing methodological recommendations 
regarding segmentation procedures with the approaches typically taken in tourism research.  

RESULTS 
Data-driven segmentation studies in tourism 
It is interesting to see that data-driven segmentation studies are essentially limited to 

behavioural (21 percent of studies) and psychographic segmentation bases, with psychographic 
constructs being used as grouping criterion in three quarters of all studies. Psychographic constructs 
typically include segmentation bases such as benefits, motivations, and preferences. Table 1 
provides the detailed figures for all nominal criteria that were used to code the data. As can be seen 
only 3 percent did not use either behavioural or psychographic criteria, instead choosing a mixed 
approach including variables of different nature.   

With respect to the segmentation base1 that is typically used, the ordinal format dominates 
the field (see Table 1 for details): 68 percent of all authors collect data in ordinal format, such as 
Likert scales, or use data that is available in ordinal format. About one fifth of the authors use 
binary (yes-no) responses and only few studies apply metric data or variables with mixed formats. 
The studies that chose to use metric data usually do so because of the nature of the construct under 
study. For instance, most of the metric studies segment tourist on the basis of spending behaviour, 
which naturally suggest a metric monetary unit.  Typically, 23 variables form the starting point of a 
segmentation study (Table 2); the average sample size amounts to 1179 (Table 2) with an 
impressive maximum of 11600 respondents and a minimum of 46. Given the methodological 
problems associated with ordinal data, the dominance of this answer format is surprising. 
Researchers could broaden their range of answer formats used in survey research to binary of metric 
formats. By doing so some of the problematic characteristics of ordinal scales (susceptibility to 
response styles, lack of metric scale property, danger of inter-individual differences in interpreting 
verbalised answer options etc.) would be avoided.   

The structure of data is practically not investigated (99 percent of studies do not discuss 
the issue, see Table 1) and the concept of segmentation underling the study is consequently not 
entirely clear. For instance, if there were cluster structure in the data, the researcher’s aim would be 
to identify existing groups. If, however, there were no cluster structure in the data, the researcher’s 
aim would be to construct the segmentation solution that would be most helpful for management. 
Both approaches are perfectly legitimate and have been suggested by various authors in the past; it 
is important, however, to enable the user or reader of a study to know how to correctly interpret the 
resulting segments. The more explicit the author is in describing the actual data structure, the easier 
it is for the reader or user of the segmentation study to understand the strength of the segmentation 

 
1 Following the terminology introduced by Wedel and Kamakura (1998) the term “segmentation 

base” is used to describe the variables chosen to perform the grouping of respondents.  



foundation for marketing action, where stable segments based on structure in the data would be 
preferable to instable ones, while artificially constructed instable segments would still be likely to 
be preferable to management than no segments at all, in which case a mass marketing strategy 
would practically be imposed on them.      

 
Table 1 

Nominal characteristics of data-driven segmentation studies in tourism 
 Frequency %
Construct of segmentation base Behavioural 16 21 

Psychographic 56 75 
Mix 3 4 

Data format of segmentation base Binary 14 19 
Ordinal 49 67 
Metric 3 4 
Mix 4 5 
Not stated 3 4 

Has data structure been investigated before clustering No 74 99 
Yes 1 1 

Method of pre-processing No pre-processing 29 39 
Factor analysis 38 51 
Standardisation 3 4 
Other 5 7 

Clustering algorithm chosen Not stated 1 1 
k-means 29 41 
Ward's 12 17 
Undefined hierarchical 1 1 
Other hierarchical 13 19 
Neural Networks 3 4 
CHAID 2 3 
Others 9 13 

Distance measure used Not stated 58 77 
Stated 17 23 

Method for determining the number of clusters Not stated 28 37 
Personal judgment 11 15 
Heuristic procedure 23 31 
Dendrogram form hierarch. step 9 12 

Evaluation of validity No 24 32 
Discriminant analysis 10 13 
Chi2 5 7
ANOVA 15 21 
ANOVA and Chi2 12 16 
MANOVA 1 1 
Mix 3 4 
Other testing 1 1 
Comparison with external variables 3 4

Evaluation of stability None 63 84 



Yes 12 16 

Half of the data-driven segmentation studies factor analyse their data before clustering it 
(Table 1), thus reducing the segmentation base from the original set of variables to six factors on 
average (Table 2). The number of factors ranges from a minimum of three to a maximum of 19. 
Using factor analysis before clustering is a questionable procedure given that not only a substantial 
amount of the originally collected data is removed, but the resulting segments are in fact revealed in 
transformed, component space rather than original item space. Generally, any pre-processing of 
data is not recommended in clustering.  

The single most popular algorithm for the segmentation step itself is the k-means 
partitioning algorithm (Table 1). Hierarchical cluster analyses are very popular as well, however, 
the underlying linkage algorithm differs across studies, with the Ward’s approach being most 
popular. The distance measures used to compute dis/similarities between respondents are typically 
not stated explicitly (Table 1).  

 
Table 2 

Metric characteristics of data-driven segmentation studies in tourism 
 N Min Max Mean Std. Dev. 
Sample size 75 46 11600 1179 1987 
Number of variables in original segmentation base 73 3 58 23 12 
Number of factors scores or reduced set  
of variables used for clustering 33 3 19 6 3 
Number of clusters selected 75 2 7 4 1

A vast variety of approaches have been taken to determine the optimal number of clusters 
by tourism researchers in the past: heuristic procedures are most popular, followed by personal 
judgement and dendrograms emerging from a first hierarchical step of cluster analysis (Table 1). 
Interestingly the range of the number of segments selected for the final solution is very low given 
the diversity of the data-driven segmentation studies included: between two and seven segments are 
chosen to represent the data best in all the 75 reviewed studies. On average, four segments are 
derived from the data (Table 2). The number of clusters problem still remains one of the most 
crucial in market segmentation studies. No single best criterion to determine the number of clusters 
exists. One way to determine which might be the most suitable is to compute multiple replications 
of segmentation solutions with different numbers of clusters and evaluate the stability of 
replications for each number of clusters. This stability-based segmentation approach that makes use 
of the data structure to make these crucial decisions throughout the segmentation procedure forms 
the basis of bagged clustering which was introduced into tourism research by Dolnicar and Leisch 
(2003).      

With regard to the evaluation of validity, the variety of options chosen by tourism 
researchers is wide (Table 1). Analyses of variance and chi-squared tests computed separately or in 
combination are the most frequently chosen option, followed my discriminant analysis. Only on 
third of the data-driven segmentation studies to not investigate validity. Evaluation of validity is 
essential to any data-driven segmentation study. Validity cannot be evaluated by testing how well 
those items that are used for segmenting discriminate between segments, an approach frequently 



seen in empirical studies. Instead, external variables have to be used to evaluate the validity and 
managerial usefulness of a solution. Such external variables can be additional information available 
from the respondents or external information from entirely different sources.  

The criterion of stability, however, does not appear to have been of major concern to 
tourism researchers so far: 84 percent do not investigate whether or not the data-driven 
segmentation solution chosen is stable or not (Table 1), only 16 percent do. Stability is essential as 
every clustering solution is different. Only if one solution can be repeatedly found, this gives the 
researcher the security to postulate the existence of segments. Otherwise one runs the risk of 
reporting on random results.  

 
Changes in data-driven segmentation studies over the past 24 years 
In order to investigate whether the nature of data-driven segmentation studies has changed 

since its introduction into tourism research, studies published before 2000 were compared to studies 
that were published after 2000 with respect to the same criteria that have been discussed above. 
Chi-squared tests were computed for nominal and ordinal variables and analyses of variance were 
conducted for metric variables.  

In general, it appears that the way in which data-driven segmentation studies have been 
conducted over the past decades have not changed dramatically. Only a few differences are 
statistically significant at the 5% level: binary data format was used more frequently and metric 
format less frequently in earlier studies (p-value 0.02); the methods for determining the number of 
clusters have been investigated using heuristic procedures of different nature more frequently in 
earlier studies, whereas the use of dendrograms from a first stage hierarchical cluster analysis has 
increased in popularity later (p-value 0.02); and the validity of studies is investigated more 
frequently in recent studies than this was the case earlier, with the combined use of analyses of 
variance and chi-square tests rising in popularity (p-value 0.00).     

The precise frequencies are provided in Table 3 separately for decades. Tests for 
significance of change were not conducted on the basis of this table because of the low sample size 
available before 1990.  

 



Table 3
Comparison of data-driven segmentation characteristics across decades

decade of publication 1980-1989 1990-1999 2000-2005 Total
Mean N std dev Mean N std dev Mean N std dev Mean N std dev

sample size 532 8 440 1023 32 1560 1469 35 2476 1179 75 1987
# variables 18 8 6 22 31 12 25 34 14 23 73 12
# factors scores used 6 2 1 6 18 4 6 13 2 6 33 3
# clusters selected 4 8 1 4 32 1 4 35 1 4 75 1

Data format of segmentation base binary Count 1 9 4 14
% within decade 13 30 11 19

ordinal Count 7 20 22 49
% within decade 88 67 63 67

metric Count 0 0 3 3
% within decade 0 0 9 4

mix Count 0 1 3 4
% within decade 0 3 9 5

not stated Count 0 0 3 3
% within decade 0 0 9 4

Data structure investigation no Count 8 31 35 74
% within decade 100 97 100 99

yes Count 0 1 0 1
% within decade 0 3 0 1

Construct of segmentation base behavioural Count 0 9 7 16
% within decade 0 28 20 21

psychographic Count 8 23 25 56
% within decade 100 72 71 75

mix Count 0 0 3 3
% within decade 0 0 9 4

Method of pre-processing no pre-processing Count 4 11 14 29
% within decade 50 34 40 39

factor analysis Count 2 17 19 38
% within decade 25 53 54 51

standardisation Count 0 1 2 3
% within decade 0 3 6 4

other Count 2 3 0 5
% within decade 25 9 0 7

Clustering algorithm chosen not stated Count 0 0 1 1
% within decade 0 0 3 1

k means Count 3 12 14 29



% within decade 43 43 40 41
Ward's Count 1 4 7 12

% within decade 14 14 20 17
undefined hierachical Count 0 0 1 1

% within decade 0 0 3 1
other hierarchical Count 1 8 4 13

% within decade 14 29 11 19
NN Count 0 1 2 3

% within decade 0 4 6 4
CHAID Count 0 0 2 2

% within decade 0 0 6 3
others Count 2 3 4 9

% within decade 29 11 11 13
Distance measure used stated Count 6 28 24 58

% within decade 75 88 69 77
stated Count 2 4 11 17

% within decade 25 13 31 23
Method for determining # clusters not stated Count 3 12 13 28

% within decade 38 41 38 39
personal judgment Count 0 4 7 11

% within decade 0 14 21 15
heuristic procedure Count 5 12 6 23

% within decade 63 41 18 32
dendrogramm form
hierarch. step

Count 0 1 8 9

% within decade 0 3 24 13
Evaluation of validity no Count 5 11 8 24

% within decade 63 35 23 32
discriminant analysis Count 1 6 3 10

% within decade 13 19 9 14
analysis of variance Count 0 0 1 1

% within decade 0 0 3 1
chi 2 Count 0 0 5 5

% within decade 0 0 14 7
ANOVA Count 1 8 5 14

% within decade 13 26 14 19
ANOVA and chi2 Count 0 0 12 12

% within decade 0 0 34 16
MANOVA Count 0 0 1 1

% within decade 0 0 3 1
mix Count 0 3 0 3

% within decade 0 10 0 4
other testing Count 0 1 0 1

% within decade 0 3 0 1



comparison with
external variables

Count 1 2 0 3

% within decade 13 6 0 4
Evaluation of stability none Count 6 26 31 63

% within decade 75 81 89 84
yes Count 2 6 4 12

% within decade 25 19 11 16



DISCUSSION, CONCLUSIONS AND IMPLICATIONS 
The review of data-driven segmentation studies undertaken in the past 24 years 

demonstrates strong preferences among tourism researchers for using ordinal data as the 
segmentation base (typically with five or seven scale points), pre-processing data before clustering 
(especially by using factor analysis), choosing certain algorithms (k-means and Ward’s clustering in 
particular), and validating solutions by investigating differences between segments with respect to 
characteristics which were not included in the segmentation base (mainly by means of analysis of 
variance).   

Given that data-driven segmentation is such a broad field with so many different possible 
ways of approaching the problem, most of the techniques predominantly used in the field of tourism 
have been debated in the past and/or have not been resolved as yet. For instance, the discussion 
about optimal answer formats is ongoing. For an excellent discussion of the problems associated 
with ordinal scales see the publication by Kampen and Swyngedouw (2000). With respect to the 
algorithm used there also seems to be a wide variety of different opinions as to what the optimal 
approach might be, with options including latent class analysis (Formann, 1984), finite mixture 
models (Wedel & Kamakura, 1998) and neural networks (Mazanec, 1992). The question about how 
to select the optimal number of clusters essentially still remains unsolved. A number of different 
heuristic procedures have been proposed in the past for clustering procedures (typically based on 
repetitions across or within number of clusters or both) and model-based approaches compare 
model likelihood values to make this selection. Yet none of these approaches provide clear and 
unambiguous answers. Pre-processing of data is another extensively debated issue. It appears that 
most of the authors of methodological books on cluster analysis tend to recommend that data not be 
pre-processed if it is not necessary in order not to transform the original information. Necessity to 
do so may, however, arise from the fact that variables of different format may be part of the 
segmentation base thus potentially leading to implicit weighting effects of variables with a larger 
range of values if left untransformed.   

The investigation of differences between earlier and later studies leads to some 
encouraging findings, particularly with respect to the increased investigation of validity of 
segmentation results among tourism researchers. The broadening of data formats to metric data also 
represents a positive development as metric data solves the problems associated with assumptions 
of ordinal scales (that the distance between adjacent answer options is the same and that all 
respondents have the same interpretation of each scale point). The number of clusters investigation 
appears to have mainly shifted in nature, from heuristics to dendrograms.     

Two main directions of future development become apparent from the review: the 
investigation of data structure before any kind of analysis is undertaken in order to assure 
transparency of the segmentation concept underlying the study (identifying naturally occurring 
segments or constructing artificial ones) and the investigation of stability. While stability is difficult 
to evaluate over time in tourism given that longitudinal samples of tourists are rare and very 
difficult to obtain, stability investigation of analyses of the same data set would provide increased 
levels of confidence that the derived solution is not random and thus strengthen the results of data-
driven segmentation solutions significantly.   

 
REFERENCES 
Aldenderfer, M. S., & Blashfield, R. K. (1984). Cluster analysis. Beverly Hills: Sage Publications. 



Arabie, P., & Hubert, L. (1994). Cluster Analysis in Marketing Research. In: R. Bagozzi (Ed.), 
Advanced Methods of Marketing Research (pp. 160-189). Cambridge: Blackwell. 

Bailey, K. D. (1994). Typologies and Taxonomies: An Introduction to Classification Techniques.
Thousand Oaks: Sage. 

Dolnicar, S. (2002). Review of Data-Driven Market Segmentation in Tourism. Journal of Travel & 
Tourism Marketing, 12(1), 1-22. 

Dolničar, S. & Leisch, F. (2003). Winter Tourist Segments in Austria – Identifying Stable Vacation 
Styles for Target Marketing Action. Journal of Travel Research, 41(3), 281-193. 

Dolnicar, S. (2004). Beyond “Commonsense Segmentation” – a Systematics of Segmentation 
Approaches in Tourism. Journal of Travel Research, 42(3), 244-250. 

Formann, A. K. (1984). Die Latent-Class-Analyse: Einführung in die Theorie und Anwendung. 
Weinheim: Beltz. 

Frochot, I., & Morrison, A. M. (2000). Benefit segmentation: A review of its application to travel 
and tourism research. Journal of Travel & Tourism Marketing, 9(4), 21-45. 

Kampen, J., & Swyngedouw, M. (2000). The Ordinal Controversy Revisited. Quality & Quantity 
34(1), 87-102. 

Mazanec, J. A. (1992). Classifying Tourists into Market Segments: A Neural Network Approach. 
Journal of Travel & Tourism Marketing, 1(1), 39-59. 

Mazanec, J. A. (2000). Market Segmentation. In: J. Jafari (Ed.), Encyclopaedia of Tourism.
London: Routledge. 

Wedel, M., & Kamakura, W. A. (1998). Market Segmentation - Conceptual and Methodological 
Foundations. Boston: Kluwer Academic Publishers. 

 
APPENDIX: STUDIES INCLUDED IN THE REVIEW 
Ahmed, S. A., Barber, M. & A. d’Astous (1998). Segmentation of the Nordic Winter Sun Seekers Market.  Journal of 

Travel & Tourism Marketing, 7: 39-63. 
Anderson, V., Prentice, R., & Watanabe, K. (2000). Journeys for experiences: Japanese independent travelers in Scotland. 

Journal of Travel and Tourism Marketing, 9(1/2), 129-151. 
Arimond, G., & Elfessi, A. (2001). A clustering method for categorical data in tourism market segmentation research. 

Journal of Travel Research, 39(4), 391-397. 
Becken, S., & Gnoth, J. (2004). Tourist consumption systems among overseas visitors: Reporting on American, German, 

and Australian visitors to New Zealand. Tourism Management, 25(3), 375-385. 
Becken, S., Simmons, D., & Frampton, C. (2003). Segmenting tourists by their travel pattern for insights into achieving 

energy efficiency. Journal of Travel Research, 42(1), 48-56. 
Bieger, T., & Laesser, C. (2002). Market segmentation by motivation: The case of Switzerland. Journal of Travel 

Research, 41(1), 68-76. 
Bigne, J., & Andreu, L. (2004). Emotions in segmentation:  An empirical study. Annals of Tourism Research, 31(3), 682-

696. 
Bloom, J. (2005). Market segmentation:  A neural network application. Annals of Tourism Research, 32(1), 93-111. 
Calantone, R. J. & J.S. Johar (1984). Seasonal Segmentation of the Tourism Market Using a Benefit Segmentation 

Framework. Journal of Travel Research, 23: 14-24. 
Cha, S., McCleary, K. W. & M. Uysal (1995). Travel Motivations of Japanese Overseas Travelers: A Factor-Cluster 

Segmentation Approach. Journal of Travel Research, 34: 33-39. 
Chen, J. (2000). Norwegians' preferences for us lodging facilities: Market segmentation approach. Journal of Travel and 

Tourism Marketing, 9(4), 69-82. 
Chen, J. (2003). Market segmentation by tourists' sentiments. Annals of Tourism Research, 30(1), 178-193. 
Cho, Bae-Haeng (1998). Segmenting the Younger Korean Tourism Market: The Attractiveness of Australia as a Holiday 

Destination.  Journal of Travel & Tourism Marketing, 7: 1-20. 
Choi, W. M. & C.K. Ling Tsang (1999). Activity Based Segmentation on Pleasure Travel Market of Hong Kong Private 

Housing Residents.  Journal of Travel & Tourism Marketing, 8: 75-98. 
Chung, K. Y., Oh, S. Y., Kim, S. S., & Han, S. Y. S. Y. (2004). Three representative market segmentation methodologies 

for hotel guest room customers. Tourism Management, 25(4), 429-441. 



Crask, M. R. (1981). Segmenting the Vacationer Market: Identifying the Vacation Preferences, Demographics and 
Magazine Readership of Each Group. Journal of Travel Research,  20: 29-34. 

Davis, B. D. & B. Sternquist (1987). Appealing to the Elusive Tourist: An Attribute Cluster Strategy. Journal of Travel 
Research, 25: 25-30. 

Davis, D., Allen, J. & R.M. Cosenza (1988). Segmenting Local Residents by their Attidudes, Interests and Opinions 
toward Tourism. Journal of Travel Research, 27: 2-8. 

Dimanche, F., Havitz, M. E. & D.R. Howard (1993). Consumer Involvement Profiles as a Tourism Segmentation Tool. 
Journal of Travel & Tourism Marketing, 1: 33-52. 

Dolnicar, S. (1997). Psychographische Segmentierung von Sommerurlaubern in Österreich. Tourism and Hospitality 
Management, 3: 17-32. 

Dolničar, S. & F. Leisch (2003). Winter Tourist Segments in Austria – Identifying Stable Vacation Styles for Target 
Marketing Action. Journal of Travel Research, 41(3): 281-193. 

Floyd, M. F. & J.H. Gramann (1997). Experience-Based Setting Management: Implications for Market Segmentation of 
Hunters. Leisure Sciences,19: 113-127. 

Fodness, D. (1990). Consumer Perceptions of Tourist Attractions. Journal of Travel Research, 28: 3-9. 
Fodness, D. & B. Murray (1998). A Typology of Tourist Information Search Strategies. Journal of Travel Research, 37: 

108-119. 
Fodness, D. D. & L.M. Milner (1992). A Perceptual Mapping Approach to Theme Park Visitor Segmentation. Tourism 

Management, 13: 95-101. 
Formica, S. & M. Uysal (1998). Market Segmentation of an International Cultural-Historical Event in Italy. Journal of 

Travel Research, 36: 16-24. 
Frochot, I. (2005). A benefit segmentation of tourists in rural areas: A Scottish perspective. Tourism Management, 26(3), 

335-346. 
Galloway, G. (2002). Psychographic segmentation of park visitor markets: Evidence for the utility of sensation seeking. 

Tourism Management, 23(6), 581-596. 
Geuens, M., Vantomme, D., & Brengman, M. (2004). Developing a typology of airport shoppers. Tourism Management, 

25, 615-622. 
Gladwell, N. J. (1990). A Psychographic and Sociodemographic Analysis of State Park Inn Users. Journal of Travel 

Research, 28: 15-20. 
Hsieh, S. & J.T. O’Leary (1993). Communication Channels to Segment Pleasure Travelers. .  Journal of Travel & 

Tourism Marketing, 2: 57-75 
Hsieh, S., O’Leary, J. T. & A.M. Morrison (1992). Segmenting the International Travel Market by Activity. Tourism 

Management, 13: 57-75. 
Hsu, C. H. C., & Lee, E.-J. (2002). Segmentation of senior motorcoach travelers. Journal of Travel Research, 40(4), 364-

374. 
Jang, S. C., Morrison, A. M., & O'Leary, J. T. (2002). Benefit segmentation of Japanese pleasure travelers to the USA and 

Canada: Selecting target markets based on the profitability and risk of individual market segments. Tourism 
Management, 23(4), 367-378. 

Jang, S. C., Morrison, A., & O'Leary, J. T. (2004b). The tourism efficient frontier: An approach to selecting the most 
efficient travel segment mixes. Journal of Travel and Tourism Marketing, 16(4), 33-46. 

Jang, S., Morrison, A., & O'Leary, J. (2004a). A procedure for target market selection in tourism. Journal of Travel and 
Tourism Marketing, 16(1), 19-33. 

Johns, N., & Gyimothy, S. (2002). Market segmentation and the prediction of tourist behavior: The case of Bornholm, 
Denmark. Journal of Travel Research, 40(3), 316-327. 

Jurowski, C. & A.Z. Reich (2000). An Explanation and Illustration of Cluster Analysis for Identifying Hospitality Market 
Segments.  Journal of Hospitality & Tourism Research, 24: 67-91. 

Jurowski, C., Uysal, M. & F.P. Noe (1993). U.S. Virgin Islands National Park: A Factor-Cluster Segmentation Study.  
Journal of Travel & Tourism Marketing,1: 3-32. 

Keng, K. A. & J.L. Li Cheng (1999). Determining Tourist Role Typologies: An Exploratory Study of Singapore 
Vacationers. Journal of Travel Research, 37: 382-390. 

Kim, J., Wei, S., & Ruys, H. (2003). Segmenting the market of West Australian senior tourists using an artificial neural 
network. Tourism Management, 24(1), 25-34. 

Lang, C.-T., O’Leary, J. T. & A.M. Morrison (1993). Activity Segmentation of Japanese Female Overseas Travelers. 
Journal of Travel & Tourism Marketing, 2: 1-22. 

Lee, Choong-Ki, Yong-Ki Lee, & Bruce E. Wicks (2004). Segmentation of festival motivation by nationality and 
satisfaction. Tourism Management, 25: 61-70. 

Loker, L. E. & R.R. Perdue (1992). A Benefit-based Segmentation of a Nonresident Summer Travel Market. Journal of 
Travel Research, 31: 30-36. 

Loker-Murphy, L. (1996). Backpackers in Australia: A Motivation-Based Segmentation Study.  Journal of Travel & 
Tourism Marketing, 5: 23-46. 



Madrigal, R. & L.R. Kahle (1994). Predicting Vacation Activity Preferences on the Basis of Value-System Segmentation. 
Journal of Travel Research, 32: 22-28. 

May, J. A., Bastian, C. T., Taylor, D. T., & Whipple, G. D. (2001). Market segmentation of Wyoming snowmobilers. 
Journal of Travel Research, 39(3), 292-299. 

Mazanec, J. A. (1984). How to Detect Travel Market Segments: A Clustering Approach. Journal of Travel Research, 23: 
17-21. 

Meffert, H. & J. Perrey (1997). Nutzensegmentierung im Verkehrsdienstleistungensbereich – theoretische Grundlagen und 
empirische Erkenntnisse am Beispiel des Schienenpersonnenverkehrs. Tourismus Journal, 1: 13-40. 

Meidan, A. & B. Lee (1983). Marketing Strategies for Hotels: A Cluster Analysis Approach. Journal of Travel Research, 
21: 17-22. 

Mo, C.-M., Havitz, M. E. & D.R. Howard (1994). Segmenting Travel Markets with the International Tourism Role (ITR) 
Scale. Journal of Travel Research, 33: 24-31. 

Moscardo, G., Pearce, P., & Morrison, A. (2001). Evaluating different bases for market segmentation: A comparison of 
geographic origin versus activity participation for generating tourist market segments. Journal of Travel and Tourism 
Marketing, 10(1), 29-49. 

Moscardo, G., Pearce, P., Morrison, A., Green, D. & J.T. O‘Leary (2000). Developing a Typology for Understanding 
Visiting Friends and Relatives Markets. Journal of Travel Research, 38: 251-259. 

Moscardo, G., Pearce, P., Morrison, A., Green, D., & O'Leary, J. T. (2000). Developing a typology for understanding 
visiting friends and relatives markets. Journal of Travel Research, 38(3), 251-259. 

Mühlbacher, H. & G. Botschen (1988). The Use of Trade-Off Analysis for the Design of Holiday Travel Packages. 
Journal of Business Research, 17: 117-131. 

Palacio, V. & S.F. McCool (1997). Identifying Ecotourists in Belize Through Benefit Segmentation: A Preliminary 
Analysis. Journal of Sustainable Tourism, 5: 234-243. 

Park, M., Yang, X., Lee, B., Jang, H.-C., & Stokowski, P. A. (2002). Segmenting casino gamblers by involvement 
profiles: A colorado example. Tourism Management, 23(1), 55-65. 

Pritchard, M. P. & D.R. Howard (1997). The Loyal Traveler: Examining a Typology of Service Patronage. Journal of 
Travel Research, 35: 2-10. 

Roehl, W. S. & D.R. Fesenmaier (1992). Risk Perceptions and Pleasure Travel: An Exploratory Analysis. Journal of 
Travel Research, 30: 17-26. 

Sarigollu, E., & Huang, R. (2005). Benefits segmentation of visitors to Latin America. Journal of Travel Research, 43(3), 
277-293. 

Shoemaker, S. (1989). Segmentation of the Senior Pleasure Travel Market. Journal of Travel Research, 27: 14-21. 
Shoemaker, S. (1994). Segmenting the U.S. Travel Market According to Benefits Realized. Journal of Travel Research, 

32: 8-21. 
Shoemaker, S. (2000). Segmenting the mature market: 10 years later. Journal of Travel Research, 39(1), 11-26. 
Silverberg, K. E., Backman, S. J. & K.F. Backman (1996). A Preliminary Investigation into the Psychographics of Nature-

Based Travelers to the Southeastern United Stated. Journal of Travel Research 35: 19-28. 
Sirakaya, E., Uysal, M., & Yoshioka, C. F. (2003). Segmenting the Japanese tour market to turkey. Journal of Travel 

Research, 41(3), 293-304. 
Spotts, D. M. & E.M. Mahoney (1993). Understanding the Fall Tourism Market. Journal of Travel Research, 32: 3-15. 
Stemerding, M. P., Oppewal, H., Beckers, T.A.M. & H.J.P. Timmermans (1996). Leisure Market Segmentation: An 

Integrated Preferences/Constraints-Based Approach.  Journal of Travel & Tourism Marketing, 5: 161-185. 
Sung, H. H. (2004). Classification of adventure travelers: behavior, decision making, and target markets. Journal of 

Travel Research, 42(4), 343. 
Tian, S., Crompton, J. L. & P.A. Witt (1996). Integrating Constraints and Benefits to Identify Responsive Target Markets 

for Museum Attractions. Journal of Travel Research, 35: 34-45.  
Weaver, D. B., & Lawton, L. J. (2002a). Overnight ecotourist market segmentation in the gold coast hinterland of 

Australia. Journal of Travel Research, 40(3), 270-280. 
Weaver, P. A., McCleary, K. W. & Z. Jinlin (1993). Segmenting the Business Traveler Market.  Journal of Travel & 

Tourism Marketing, 1: 53-76. 
Williams, P., & Dossa, K. (2003). Non-resident wine tourist markets: Implications for British Columbia's emerging wine 

tourism industry. Journal of Travel and Tourism Marketing, 14(3/4), 1-34. 
Wong, K., & Chi-yung, L. (2001). Predicting hotel choice decisions and segmenting hotel consumers: A comparative 

assessment of a recent consumer based approach. Journal of Travel and Tourism Marketing, 11(1), 17-33. 
Yannopoulos, P. & R. Rotenberg (1999). Benefit Segmentation of the Near-Home Tourism Market: The Case of Upper 

New York State.  Journal of Travel & Tourism Marketing, 8: 41-56.  
Yuksel, A. (2003). Market segmentation based on customers' post-purchase performance evaluation: A case of tourist 

diners. Journal of Travel and Tourism Marketing, 15(1), 1-17. 
 


	University of Wollongong
	Research Online
	2006

	Data-driven Market Segmentation in Tourism – Approaches, Changes Over Two Decades and Development Potential
	Sara Dolnicar
	Publication Details

	Data-driven Market Segmentation in Tourism – Approaches, Changes Over Two Decades and Development Potential
	Abstract
	Disciplines
	Publication Details



